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Abstract

Security analysts tend to bias stock recommendations upward, particularly if they are affiliated
with the underwriter. We analyze how investors account for such distortions. Using the NYSE Trades and
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sure following hold recommendations. This “discounting” is even more pronounced when the analyst has
an underwriter affiliation. Small traders, instead, follow recommendations literally. They exert positive
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tion costs and investor naiveté.
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1. Introduction

Stock recommendations of security analysts exhibit a strong upward bias. While the scale of
recommendations ranges from “strong sell” and “sell” to “hold,” “buy,” and “strong buy,” only
4.5% of all recommendations recorded in the IBES data set through December 2002 are in the
strong sell and sell categories. Analysts’ true scale appears to be shifted upward. The upward
bias is even more pronounced for analysts who are affiliated with the underwriter of the recom-
mended stock.

In this paper, we document the trade reaction of investors to recommendations. Using the
NYSE Trades and Quotations database, we investigate how large and small traders respond to
recommendations issued by affiliated and unaffiliated analysts.

We find three main results. First, both large and small traders display significant trade reac-
tions. But only large traders adjust their trading response to the upward distortion. They exhibit a
positive abnormal trade reaction to strong buy recommendations, no reaction to buy recommen-
dations, and significant selling pressure after holds. Small traders, by contrast, follow recom-
mendations literally. They exhibit a positive abnormal reaction to both buy and strong buy rec-
ommendations and no reaction to holds. Second, large traders react significantly less positively
to buy and strong buy recommendations if the analyst is affiliated (their overall reaction is insig-
nificantly negative). Small traders, instead, do not respond differently to affiliated recommenda-
tions. Third, small investors appear to take less account of the informational content of a recom-
mendation change (or the lack thereof). For example, small investors respond positively to mere
reiterations of buy and strong buy (unaffiliated) recommendations, while large investors do not

display any significant reaction. The results are robust to alternative econometric specifications,



including alternative investor and analyst classifications, controls for analyst and brokerage het-
erogeneity, and tests for front running of large traders.

Our results reveal systematic and robust differences in how small and large investors react to
analyst reports. It is harder to pin down the explanation for those differences. One possibility is
that information about analyst distortions is more costly for small investors — the costs of adjust-
ing their trading behavior outweigh the benefits. In fact, the benefits could be small or even zero
due to the arbitrage of large investors. Alternatively, small investors might not seek (or internal-
ize) information about analyst distortions even if the costs of obtaining such information are low.
They take recommendations at face value and trust analysts too much, in line with experimental
results on advice-giving and the literature on investors’ reaction to firms’ accounting choices and
security issuance decisions (Schotter, 2003; Daniel, Hirshleifer, and Teoh, 2002).

To differentiate between these explanations would require estimates of the costs of and returns
to information about analyst distortions. However, informational costs are hard to measure objec-
tively. The returns are, in principle, easier to calculate, but the NYSE Trades and Quotations da-
tabase does not allow such calculations since it does not reveal investors’ portfolio strategies
(only aggregate trade imbalances).

As a second-best approach, we analyze the relation between abnormal returns and trade imbal-
ance. Using an event-study methodology, we find that small investors’ net (buy minus sell) trade
reaction predicts significantly lower abnormal returns than large investors’ net trade reaction
over six and twelve months. The difference is insignificant if we assume a three-month holding
period. We also calculate the portfolio returns to a trading strategy that takes recommendations
literally, i.e., buys after buy and strong buy recommendations and sells after sell and strong sell
recommendations. Using the Fama-French four-factor portfolio method, we find mostly insig-

nificant abnormal returns.



Two additional results shed some light on the underlying motives of small investors. First, in-
vestors face 94.5% positive and neutral recommendations, revealing the general distortion at no
(additional) cost to those who trade in response to recommendations. Thus, rational small inves-
tors should be aware of the general upward shift of recommendations by all analysts. Neverthe-
less, they fail to account for it. Second, while it might be costly to distinguish affiliated and unaf-
filiated analysts and to identify the additional distortion of affiliated analysts, small investors can
minimize the cost by focusing on analysts who are most easily identified as “independent”: ana-
lysts whose financial institutions are never involved in underwriting. However, we find that

small investors display less abnormal trade reaction to such analyst recommendations.

Our paper builds on a large literature on the informational distortions of analysts (Francis,
Hanna, and Philbrick, 1997; Lin, McNichols, and O’Brien, 2003, among many others). Several
papers document that the recommendations of affiliated analysts are more favorable than those
of unaffiliated analysts (see, e.g., Dugar and Nathan, 1995; Lin and McNichols, 1998; and
Michaely and Womack, 1999). The high ratio of buy over sell recommendations indicates that
even unaffiliated analysts do not provide a balanced view (Michaely and Womack, 2005).!

Previous analyses of investor reaction to recommendations have been largely based on return
patterns. Womack (1996) finds significant three-day event returns to recommendation changes in
the direction of the change. The evidence on return differences if analysts are affiliated is mixed.
For initial public offering (IPO) underwriting affiliation, Michaely and Womack (1999) show
that both the initial positive reaction to upgrades and the post-recommendation drift are stronger

if the analyst is unaffiliated. For secondary equity offering (SEO) underwriting affiliation, Lin

! Optimism in forecasts, price targets, and long-term growth forecasts, even among unaffiliated analysts, point in
the same direction. See, for example, Rajan and Servaes (1997), Dechow, Hutton, and Sloan (1999), Chan, Karceski,
and Lakonishok (2002), Brav, Lehavy, and Michaely (2003), and Brav and Lehavy (2003). Malmendier and Shan-
thikumar (2004) suggest, however, that distortion in recommendations does not necessarily correlate with distortion
in earnings forecasts.



and McNichols (1998) find that the market reacts significantly more negatively to affiliated than
to unaffiliated hold recommendations, but they do not find significant differences in longer run.
Iskoz (2002) shows that institutions account for analyst bias, as far as one can deduce from quar-
terly institutional ownership data. Mikhail et al. (2006) also analyze the reaction of small and
large investors to recommendations, but use dollar trading volume. Their general results are con-
sistent with our findings, though they do not find significant results for affiliated recommenda-
tions, possibly due to the skewness of the dollar measure for large trades.

We complement the previous findings in three ways. First, we document the trading response
to affiliated and unaffiliated recommendations using measures of buyer and seller initiation as in
Odders-White (2000). Second, we distinguish between small and large investors, using the trade-
size algorithm developed in Lee and Radhakrishna (2000). We show that large investors — a
group dominated by firms and their associated professionals — account for analyst distortions,
but small investors do not. Third, we investigate the costs of and returns to adjusting for analyst
distortions and relate them to different explanations for the observed trade reaction.

In the remainder of the paper, we first provide details on the various data sources (Section 2),
including the classification of investor types and evidence of analyst distortions. Section 3 pre-
sents our core result, documenting the trade reaction of small and large investors to analyst rec-
ommendations. In Section 4, we discuss several potential explanations and provide a partial

analysis of the costs of and the returns to informed trading. Section 5 concludes.

2. Data
2.1. Data sources

We examine data on securities trading, analyst recommendations, and underwriting. The raw
trading data are from the New York Stock Exchange Trades and Quotations database (TAQ),

which reports every quote and round-lot trade since January 1, 1993 on NYSE, AMEX, and



NASDAQ. We examine ordinary common shares of U.S. firms traded on NYSE. We exclude
AMEX and NASDAQ data both since the Lee-Ready algorithm, used to measure trade re-
sponses, is error-prone if multiple market makers produce quotes and since the trade-size inves-

tor classification is based on NYSE data (Lee and Radhakrishna, 2000; Odders-White, 2000).

We obtain sell-side analyst recommendations and brokerage information since October 29,
1993 from IBES. IBES converts recommendations into a uniform numerical format. We reverse
the original IBES coding to 5 = strong buy, 4 = buy, 3 = hold, 2 = sell, and 1 = strong sell. Thus,
an “upgrade” translates into a positive change in the numerical value.

We identify upgrades, downgrades, and reiterations relative to the previous recommendation
on the same stock by the same brokerage. An initiation is the first recommendation of a broker-
age for a stock or, if the brokerage had previously stopped coverage of the stock, a new recom-
mendation. As a robustness check, we use analyst identifiers (rather than brokerage firm identifi-
ers) to classify recommendations. Both methods are largely identical because brokerage firms
generally only have one outstanding recommendation on a stock. The analyst-based method for-
goes “anonymous” recommendations (with default analyst code 0).

In order to account for left-censoring of the data, which prevents the classification of recom-
mendations at the beginning of our sample period, we drop the first 179 days of the IBES sample
period (corresponding to the median time between recommendation updates) when splitting the
sample into initiations and other types of recommendations. Any recommendation after 179 days
(April 26, 1994) with no preceding recommendation for the same stock by the same brokerage is
classified as an inititiation. Alternatively, we drop only those recommendations within the first
179 days that cannot be classified, giving more weight to recommendations that are updated

more frequently. All results (see the lower half of Table IV) remain virtually identical.



The IBES data contain an unusually high number of recommendations during the first three
months, raising concerns about the consistency of the early data.? To account for these reporting
anomalies and also to exclude the “scandal effects” of 2001 and 2002 as well as the effects of
NASD Rule 2711 on the distribution of recommendations (Barber, Lehavy, McNichols, and
Trueman, 2004), we focus on the period February 1994 through July 2001, containing 2,252 se-
curities and 2,229 firms, but we have checked the robustness of the results to using the entire

IBES sample period (October 29, 1993 through December 31, 2002).

We classify analysts (or brokerages) as “affiliated” if they belong to a bank that has an under-
writing relationship with the firms they are reporting on. As in previous literature (Lin and
McNichols, 1998; Michaely and Womack, 1999), we require that the bank was the lead under-
writer in an IPO in the past five years or an SEO in the past two years, or a co-underwriter over
the same periods. We aiso examine two sources of underwriting bias that have not been explored
previously: SEO underwriting in the next one or two years, and lead underwriting of bonds in the
past year. Future underwriters might issue higher recommendations to gain business, to increase
future offer prices, or due to winner’s curse. For bond underwriters, positive coverage could be
part of an implicit agreement with the issuer, as it is for equity issues. Our analysis focuses on
the traditional affiliation measures, both to conform to previous literature and to minimize infor-
mational asymmetries between large and small investors, e.g., about future underwriting.

We obtain underwriting data for 1987-2002 from the Securities Data Corporation (SDC) New

Issues database and link it to IBES brokerage firms by company name (from the IBES recom-

* While the number of recommendations per year (and per month) is fairly uniform from 2/1994-12/2001, the
first two months and three days contain substantially more observations. This could reflect large layoffs in the secu-
rities industry: The number of analysts and stocks covered declines sharply, from 626 analysts and 1,166 stocks in
11/1993 to 435 analysts and 591 stocks in 2/1994. However, monthly data from U.S. Dept. of Labor Statistics
(DOLS) indicate that the drop in employment is not as sharp as the IBES data suggest. That may be because the
DOLS data includes all employees in the securities industry, and equity analysts might have been laid off dispropor-
tionately. But it also leaves room for concerns about data consistency within the IBES sample.



mendation broker identification file). We improve the match using company websites and news
articles, in particular to determine subsidiary relationships and corporate name changes, and us-
ing the mapping of Kolasinski and Kothari (2004).2

We obtain security prices, returns, and shares outstanding from the Center for Research in Se-
curity Prices (CRSP), and company variables from COMPUSTAT. The merged data set extends
from October 29, 1993 to December 31, 2002 (with underwriting data since 1987), and contains
173,950 recommendations with linked trading data, for 2,424 securities of 2,397 firms. Only
12% of firms lack recommendations, so that our final sample contains almost the entire set of
domestic NYSE firms with common stock. We refine the return data by setting returns equal to
zero in cases where CRSP codes returns as missing because they are missing on a given day or
the last valid price is more than ten days old. From a holding-period perspective, the effective re-

turns are zero in both cases.

2.2. Investor classification

We consider separately the trading behavior of large and small investors. Large traders are
likely to be institutional investors, such as pension funds; small traders are more likely to be in-
dividual investors. While the composition of the two groups of traders is not crucial for our
analysis, it suggests a number of reasons why large traders, but not small traders adjust for ana-
lyst distortions, as documented in the literature Behavioral Industrial Organization (Ellison,
2006; DellaVigna and Malmendier, 2004). First, professional investment managers spend their
full working time on investment decisions. Repetition, more frequent feedback, and specializa-
tion facilitate learning about analyst incentives. Second, finance professionals have a better fi-

nancial education and better investment skills than the average individual, as illustrated by the

3 We are grateful to Adam Kolasinski and S.P. Kothari for providing us with their mapping, which refines the
matches using corporate websites, LexisNexis, Hoover’s Online, and the Directory of Corporate Affiliations.



anomalous trade reaction of small traders to earnings news (see, ¢.g., Lee, 1992; Bhattacharya,
2001; and Shanthikumar, 2003). Finally, when individuals follow bad investment recommenda-
tions they forgo returns but will continue to manage their personal funds. Institutions, instead,
lose investors and are driven out of the market. Though institutions might not invest optimally,
due to misaligned incentives and managerial entrenchment (Lakonishok, Shleifer, and Vishny,
1992), they are more likely to overcome the informational distortions in recommendations.

We distinguish small and large investors by trade size. Lee and Radhakrishna (2000) propose
dollar cutoffs based on the three-month Transaction Order and Quote (TORQ) sample from
1990-1991, which reveals the identity of traders and thus allows verifying the accuracy of the
classification as individual or institutional investors. Lee and Radhakrishna remove medium-size
trades to minimize noise. We follow their suggestion and use $20,000 and $50,000 cutoffs. Our
results are robust to variations in cutoffs and using share-based rather than dollar-based cutoffs.

We take additional steps to examine the reliability of the trade-size classification, especially
given recent changes in trade sizes documented by Kaniel, Saar, and Titman (2005). We obtain
data on the portfolio size of individual investors from 1992 until 1998 from the Federal Reserve
Bank’s Survey of Consumer Finances and until 2002 from the Equity Ownership in America
study of the Securities Industry Association and the Investment Company Institute. In each year,
we find that 60-75% of the portfolios of individuals are smaller than $50,000. Thus, individual
trades above $50,000 are unlikely. A third source, the NYSE Fact Book, documents trade sizes
directly. From 1991 to 2001, the categories of small (up to 2,099 shares), medium (2,100-4,999
shares), and large (5,000 shares and above) trades had very stable market shares of 20%, 10%,
and 70% respectively. After 2001, the shares of large and small trades converged to about 45%
each. The stability until 2001 confirms that the Lee-Radhakrishna investor classification applies

to our sample period — but changes shortly afterwards.



As a last empirical check, we analyze a large non-public dataset of individual accounts at a
large discount brokerage firm over the period 1991-1996.* The vast majority of individual trad-
ing lies below $20,000. The mean (median) trade size is $12,300 ($5,256) for common stock.
The 90" percentile lies below $30,000, and even the 95™ percentile is below the $50,000 cutoff.
Thus, the data corroborates our categorization of small traders for the subset of retail investors.

We conclude that the Lee-Radhakrishna classification is likely to perform properly in the

1990s and worse thereafter.’ To test for time trends, we repeat our core analysis year by year.

2.3. Distortions of analyst recommendations

Sell-side analysts face a well-known conflict of interest when providing investment advice. On
the one hand, reliable recommendations attract customers and enhance the analyst’s reputation.
On the other hand, buy recommendations are more likely to generate trading business than sell
recommendations, given short-selling constraints. Moreover, management tends to complain
about low ratings and to “freeze out” the issuing analysts, and buy-side clients push for positive
recommendations on stocks that they hold.® Analysts face additional pressures if their brokerage
is affiliated. Favorable recommendations are generally viewed as an implicit condition of under-
writing contracts (Michaely and Womack, 1999; Lin, McNichols, and O’Brien, 2003; Bradley,
Jordan, and Ritter, 2003; Conrad, Cornell, Landsman, and Rountree, 2004). Directly or indi-
rectly, analyst compensation depends on the “support” in generating corporate finance profits

(Hong and Kubik, 2003; Chan et al., 2003). Sorting can enhance the distortion. Analysts might

* We thank Terry Odean and Itamar Simonson for the data.

* Increasing internalization and trade-shredding are among the reasons for the changes after the 1990s. See, for
example, Wall Street & Technology, “The Market Makers’ Makeover — Decimal pricing and razor-thin profit mar-
gins are pushing wholesale market makers to overhaul their trading operations,” 7/1/2003, and the Wall Street Jour-
nal, “SEC Urges U.S. Stock Markets To Help Stop Splitting of Trades,” 1/25/2005.

¢ See Lin and McNichols (1998); Francis, Hanna, and Philbrick (1997); and International Organization of Securi-
ties Commissions (2003). Boni and Womack (2002) cite several press reports and the testimony of the (then) acting
SEC chairman Laura Unger to the House Subcommittee on July 31, 2001.



choose to cover companies they judge favorably, hoping that those are of most interest to their
clients. If they do not account for winner’s curse, their recommendations will be too positive.

Previous literature has shown that analyst recommendations are, indeed, systematically shifted
upward. We confirm this pattern in our data. Table I displays the sample statistics of affiliated
and unaffiliated recommendations for the entire sample period (October 1993 through December
2002), containing 121,130 recommendations. There are 8,466 (7%) affiliated recommendations.
Affiliated analysts issue more positive recommendations than unaffiliated analysts. The average
recommendation level for any type of affiliated analyst lies around 4, i.e., is at least a “buy.” For
unaffiliated analysts, the average is statistically significantly lower, at 3.76. Likewise, the mode
is “buy” for affiliated analysts but “hold” for unaffiliated analysts.

Analysts make very few sell and strong sell recommendations (4.58%), regardless of their af-
filiation, but affiliated analysts make even fewer. For example, analysts with IPO and SEO lead
and co-underwriter affiliations issue a total of only 154 sell and strong sell recommendations.
Affiliated recommendations are significantly higher than unaffiliated ones over the entire sam-
ple, but the difference is even stronger before 2002. These differences do not arise from quicker
reaction to news. As shown in Malmendier and Shanthikumar (2004), affiliated analysts update
their recommendations more slowly (every 357 days) than unaffiliated analysts (every 308 days).
While affiliated analysts update negative and hold recommendations faster, they preserve posi-
tive recommendations about 70 days longer than unaffiliated analysts.

We also consider separately independent brokerage firms, which do not underwrite any securi-
ties, starting five years before our sample period (1987-2002). Such “never-affiliated” broker-
ages have no corporate finance department and are easily identifiable, even by small investors.
Using this definition, 5.3% of the recommendations (6,418) in our sample are independent. Inde-

pendent analysts make the most sell and strong sell recommendations. Their average recommen-
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dation is significantly lower than for unaffiliated analysts (by —0.0622, with a standard error of
0.0119) or any other group of affiliated analysts (the difference to all affiliated analysts is —
0.3102, with a standard error of 0.0157). As a robustness check, we classify analysts as inde-
pendent if they have no underwriting affiliation during the five years prior to a recommendation,
which applies to 15.3% of recommendations (18,486). This definition has the advantage of in-
cluding information only up to the recommendation date and the disadvantages of failing to cap-
ture “true independence” (the additional 10% have a corporate finance department) and being
harder to identify by small investors. We replicate all results using the alternative measure.

Finally, we test whether the more positive recommendations of affiliated analysts reflect dif-
ferences in the firms they cover. Companies that have recently issued securities might be better
investments, as evidenced by their access to capital markets. In Panel B of Table I, we restrict the
sample to firms that have recently issued stocks or bonds. The statistics are virtually identical. In
addition, a detailed comparison of the distribution of covered stocks across the National Associa-
tion of Investors Corporation (NAIC) industries reveals very close similarities. The portion of af-
filiated and unaffiliated recommendations falling into any of the NAIC industry groups differs by
less than one percentage point for all but three industries.

In summary, recommendations display two types of bias. First, more than 95% are positive or

neutral. Second, recommendations are even more positive if the analyst is affiliated.

3. Trade reaction
How do investors react to recommendations? We distinguish between large and small inves-

tors and ask how they account for the two types of distortions.

3.1. Measuring trade reaction
We measure the trade reaction to recommendations with the directional trade-initiation meas-

ures of Lee and Ready (1991). “Buyer (seller) initiated” means that the buyer (seller) demands
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immediate execution, generally representing a market order, which is to be executed immediately
at the current market price. Thus trade initiations capture buy and sell pressure.

We use the modified version of the Lee-Ready algorithm developed by Odders-White (2000).
The algorithm matches a trade to the most recent quote that precedes the trade by at least five
seconds. If a price is nearer the ask price it is classified as buyer-initiated; if it is nearer the bid
price, it is classified as seller-initiated. If a trade is at the midpoint of the bid-ask spread, it is
classified based on a “tick test.” The tick test categorizes a trade as buyer-initiated (seller-
iniated) if the trade occurs at a price higher (lower) than the price of the previous trade, i.e., on
an uptick (downtick). We drop trades at the bid-ask midpoint, which is also the same price as in
preceding trades.

As a proxy for net buy pressure, we consider three measures. The net number of buyer-
initiated trades for firm /, investor type x, and date ¢ is defined as

NB, ., =bwys; ,, —sells, ,, (1)
The raw trade imbalance measure for firm i, investor type x, and date ¢ is calculated as

- sells,
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We normalize this measure by subtracting the firm-year mean and dividing by the firm-year
standard deviation, separately for each investor type, as in Shanthikumar (2003):
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The adjustments are made by year to account for changes in trading behavior over time and by
firm to account for differences in small and large trading behavior for different stocks. These
normalizations allow us to compare trading behavior over time and among firms and replace

year- and firm-fixed effects in the regression framework.
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As a robustness check, we also replicate our analysis using the number of shares or the dollar

amount of trades rather than the number of trades.

3.1.1. Ownership

Trade initiation is different from “making a trade.” It captures how urgently investors want to
trade. While investors place limit orders for reasons such as liquidity trading, trade initiation in-
dicates that an investor has a strong belief about future stock price movements.

The algorithm for trade initiation does not identify the other side of the trade. A buyer-initiated
large trade, for example, could be filled with a large non-initiated sell order, with several small
trades that are pulled together, or by the market maker. Thus, trade imbalances do not necessarily
lead to ownership changes between different investor groups.

In order to test whether or not trade imbalances predict ownership changes in our data, we
compare them to changes in institutional ownership in the CDA/Spectrum Institutional Holdings
data (13f SEC filings). Since the data are quarterly, we aggregate the trade measures over the
corresponding quarters. Table II displays correlations with ownership change. We find that large-
trader buy pressure is significantly correlated with an increase in institutional ownership, and
small-trader buy pressure with a decrease. The results are even stronger if we adjust for time
trends in institutional ownership by removing the average ownership change in a given quarter.
We also find consistent results when measuring the correlations for each quarter separately. De-
spite the loss of power, the correlation of the sum of daily trade imbalances and institutional
ownership is significant at the 10% level in 21 of the 36 quarters, in the expected directions.

To gauge the economic significance of these correlations, we regress the quarterly changes in
institutional ownership on the quarterly sum of large-investor trade imbalances and a constant.
We find that an increase of one standard deviation in the summed large trade imbalances more

than doubles the average increase in institutional ownership, from 0.4% to 0.86%. Thus, trade
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imbalance corresponds to statistically and economically significant changes in ownership com-

position, as far as we can infer from the quarterly institutional ownership data.

3.2. Trade reaction of small and large investors

To analyze trade reactions to recommendations, we distinguish trading on the first two days at
or after recommendation issuance (event days 0 and 1) from the remaining sample period.

Table IIT presents summary statistics. Panel A shows that, over the full sample period, small
investors execute 8.49 more buyer-initiated trades and 8.73 more seller-initiated trades per day
than large investors. The average differences between buyer- and seller-initiated trades are very
similar, 3.18 for small trades and 3.43 for large trades. The median difference is zero for both
small and large trades. During the two event days, the differences between buys and sells are
considerably higher, 19.26 for small trades and 18.92 for large trades (Panel B). Thus, recom-
mendations induce systematic buy-pressure among all investors — a first indication that they
have informational value even for large investors, consistent with Barber et al. (2001) and
Jegadeesh et al. (2004). The normalized trade imbalance for large traders is slightly negative (un-
normalized it is slightly positive, 0.058), indicating that large portion of trades initiated by large
traders on event days are for firms with high average trade imbalances.

In Table IV, we regress the normalized abnormal trade reaction on dummies for each recom-
mendation level and interactions with an affiliation dummy, separately for large and small trad-
ers. The coefficients of the five level effects show the reaction to unaffiliated recommendations,
and the five interactions show the differential reaction if the analyst is affiliated. In a third col-
umn, we report the difference between large and small investors’ trade reaction. All standard er-
rors are adjusted for heteroskedasticity and arbitrary within-event-date correlation.

The first four panels (upper half of Table IV) show the regression results for the full set of all

recommendations during our main sample period (February 1994 through July 2001) and three
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subsamples: 1) excluding three-day windows around earnings announcements; 2) excludihg reit-
erations; and 3) excluding both earnings announcements and reiterations. Subsample 1 allows us
to distinguish the effect of recommendations from the effect of simultaneous earnings an-
nouncements. We consider a plus-or-minus one-day window around the announcement date,
since the reaction of small traders is strongest on days 0 and 1 after the announcement (Battalio
and Mendenhall, 2005; Shanthikumar, 2003). Using the IBES data on earnings announcements
to identify the overlapping dates,” we find that 12% of recommendations occur during the three
trading days around earnings announcements, similar to the joint distribution of recommenda-
tions and earnings announcement in Womack (1996). Subsample 2 separates out reiterations,
which should have little or no informational content and thus no impact on trades. When identi-
fying reiterations we account for the left-censoring of the data by dropping the first 179 days of
the IBES sample period (i.e., before April 26, 1994), as described in Section 2.1. Subsample 3
combines the restrictions of Subsamples 1 and 2.

In the full sample (first three columns), large investors’ reaction to unaffiliated recommenda-
tions is significantly positive for strong buy recommendations, insignificantly positive for buy
recommendations, and significantly negative for hold, sell, and strong sell recommendations.
Small investors, instead, display significantly positive reaction to both buy and strong buy rec-
ommendations and zero trade reaction to hold recommendations. They display negative abnor-
mal trading responses only to sell and strong sell recommendations.

The implications of these baseline results are two-fold. First, recommendations have a signifi-

cant impact on the trading behavior of both large and small investors. Second, large traders ac-

" The quality of matches between recommendations and earnings announcements is high: 99.35% of the recom-
mendations have a matched earnings announcement date within +/— 80 days. Alternatively, we used the
COMPUSTAT data to identify earnings announcement dates. The resulting fraction of matches within the same +/—
80-day window is lower (93.69%), plausibly due to the lower-quality matching mechanism (six-digit CUSIP rather
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count for the upward bias in analyst recommendations by shifting their reaction down by one
level (e.g., they hold in response to buy recommendations and sell in response to hold recom-
mendations). Small traders do not adjust their trades but take analyst recommendations literally.
The upper part of Fig. 1 (“Unaffiliated Analysts”) summarizes schematically the differences in
behavior between traders who adjust for the upward distortion (Column 1) and traders who do
not adjust (Column 2).

The interaction coefficients in the next five rows show that large investors react significantly
less positively to strong buy or buy recommendations if the analyst is affiliated. Their overall re-
action is zero (insignificantly negative). The differential reaction to hold, sell, and strong sell
recommendations is insignificant. Thus, as with unaffiliated recommendations, they react nega-
tively to neutral and negative recommendations. Small investors, instead, do not display any sig-
nificant difference in their reaction to positive recommendations if the analyst is affiliated. They
redct more negatively to affiliated strong sell recommendations.

The results indicate that large traders apply an additional downward adjustment to positive
recommendations if the analyst is affiliated. Small investors, instead, do not differentiate be-
tween affiliated and unaffiliated recommendations. They take both types of recommendations lit-
erally. The lower part of Fig. 1 (“Affiliated Analysts™) summarizes these differences in behavior,
displaying the net trade reaction (rather than the differential as in Table V).

Note that the schematic reaction “without adjustment” (Column 2 of Fig. 1) does not predict

that the coefficient of small investors trade reaction is more negative for affiliated than for unaf-

than IBES ticker). We also repeated our anaysis for the subsample of recommendations that have a matched (IBES)
earnings announcement dates. The results are virtually identical.
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filiated strong sells (-0.838 versus -0.105 in Table IV). This result is due to an IBES coding im-
precision8 and is identified out of an extremely small sample (27).

As in all empirical work on trade reactions, the coefficient of determination is rather low,
around 1%, revealing large cross-sectional heterogeneity. Since the focus of the analysis is not to
forecast trade volume but to contrast small and large investors’ reaction to recommendations, the
goodness of fit has a very limited role.

The normalization of our trade imbalance measure also allows us to compare the magnitude
across investor groups. The coefficients indicate that small traders react more strongly than large
traders to positive recommendations. Their reaction to unaffiliated strong buy recommendations
is about two times as large as that of large investors, and their reaction to buy recommendations
is about ten times as large. The reactions to negative recommendations are similar in magnitude
for both types of investors (except the affiliated strong sell anomaly discussed above). The
weaker reaction of large investors could reflect earlier access to information, including front run-
ning as discussed below, or additional discounting for the upward distortions.

It is harder to interpret the economic significance of the coefficients. Since the standard devia-
tion of abnormal trade imbalance is normalized to 1, we can interpret the coefficients*100 as a
percentage of the standard deviation. For example, an unaffiliated strong buy recommendation
triggers an increase of 11% of one standard deviation of abnormal trade imbalance among large

traders, but 24% among small traders.

The next three panels (next nine columns in the upper half of Table IV) reveal that the results

are not driven by earnings announcements or reiterations. After removing recommendations

® Some analysts use four instead of five recommendation levels, only one of which is negative. IBES codes the
negative level as strong sell. Four categories turn out to be particularly common among affiliated analysts: 30% of
the 27 affiliated recommendations coded as strong sell represent a general sel! category. This affects the dynamics of
the negative trade reaction. Since analysts most often downgrade in stages, strong sells are typically preceded by
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within three days around earnings announcements for the same stock, we estimate very similar
coefficients. All coefficients follow the exact same pattern of being significantly positive, sig-
nificantly negative, or insignificant. The coefficients of the large hold-affiliation interaction and
of the small hold dummy switch sign but remain insignificant. For example, while large traders
display a significantly negative reaction to unaffiliated holds both in the full sample and in the
sample without earnings announcement days (-0.091 with a standard error of 0.011, and -0.095
with a standard error of 0.012, respectively), the small traders’ reaction changes from small and
insignificantly positive (0.007, standard error 0.014) to small and insignificantly negative (-
0.015, standard error 0.014). In both samples, the small-trader coefficient is much smaller in ab-
solute magnitude than the large-trader coefficient. And both differences between the large-trader
reaction and the small-trader reaction are highly significant.

The same is true for Subsample 2. After removing reiterations, all 20 estimated coefficients
are again of the same direction (or remain insignificant) and of very similar magnitude. Large
traders’ reaction to buy recommendations is now closer to significant (0.018, standard error
0.012) though still an order of magnitude smaller than the small-trader reaction (0.141, standard
error 0.014). In Subsample 3, where we remove both recommendations around earnings an-
nouncements and reiterations, all 20 coefficients have again the same pattern of significantly
positive, significantly negative, and insignificant. As with Subsamples 1 and 2, a few coefficients
switch sign (large-trader hold and small-trader hold, hold interaction, and strong-buy interac-
tion); but as before, these coefficients are insignificant and small in absolute magnitude. Thus,
neither simultaneous information in earnings announcements nor uninformative reiterations ap-
pear to be driving our results.

3.2.1. Initiations, reiterations, upgrades, and downgrades

sells. Small investors who normally sell “already” in response to the earlier sells rather than the (subsequent) strong
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Prior recommendations affect the informational content of recommendations. For example,
upgrades to buy convey more positive information than buy reiterations. To test which types of
recommendations are driving our full-sample results, we split the sample into initiations, reitera-
tions, upgrades, and downgrades. As with Subsample 3, we remove the first 179 days of the
IBES sample and exclude recommendations within three days around same-stock earnings an-
nouncements. The majority of recommendations (43%) are initiations. Only 5% are reiterations.
The remainder is roughly equally split between upgrades (24%) and downgrades (28%). The
relative portions of initiations, upgrades, and downgrades are similar to previous studies, e.g.,
Barber, Lehavy, McNichols, and Trueman (2001). The percentage of reiterations is lower in
IBES than in previously used data.

The lower half of Table IV shows the regression results for each subsample. The categories of
affiliated sell and strong sell reiterations and affiliated sell upgrades disappear due to lack of
data. The category of affiliated sell initiations remains but contains only one recommendation.

We find that the positive reaction to strong buy recommendations, which we estimated for
both large and small investors in the full sample, is fairly consistent among all three relevant
subsamples. The exception is large traders’ reaction to strong buy reiterations, which is insignifi-
cantly negative. Small traders, instead, display a significantly positive trade reaction to these re-
iterations. The coefficients for unaffiliated buy recommendations, for which we estimated a
small (insignificantly positive) reaction among large traders and a large (significantly positive)
reaction among small traders in the full sample, are more divergent across subsamples. For small
traders, the coefficient estimate is positive in every subsample, though insignificant for down-
grades. For large traders, we estimate a negative coefficient in the case of reiterations (insignifi-

cant and small) and downgrades (significant and large). The initiations estimate is again similar

sells are now coded as reacting to the “strong sells,” triggering the higher abnormal sell reaction.
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to the full sample (small, positive, and insignificant), and the upgrades estimate is significantly
positive. Overall, as shown in columns “Difference S-L,” large traders react significantly less
positively to buy and strong buy recommendations than small traders in every subsample.

For unaffiliated holds, we find that the negative reaction of large traders, which we estimated
on the full sample, reflects a large negative response to downgrades (-0.162) and initiations (-
0.033). The response is insignificant for reiterations and upgrades. Small traders’ reaction to
holds is instead small and insignificant in every subsample.

Unaffiliated sell and strong sell recommendations, for which we estimated negative trading re-
sponses for both types of investors, trigger the strongest negative response in the downgrades
sample. Most other coefficient estimates are also negative though typically insignificant.

Turning to the differential reaction to affiliation, we find that the discounting of large traders
after positive recommendations replicates in the initiations sample. In the other subsamples (and
for other recommendation levels), the interaction coefficient is insignificant, with two excep-
tions: the coefficient on affiliated sell initiations is large and significantly negative, though iden-
tified out of one observation; the coefficient on affiliated upgrades to hold is also significantly
negative. For small traders we estimate mostly insignificant differential trading responses, with
four exceptions: the differential reaction to sell initiations is significantly negative, that to affili-
ated strong buy reiterations significantly negative, and that to buy and strong buy upgrades sig-
nificantly positive. The first result is estimated out of a single observation. The others remain
puzzling. They reveal, however, that upgrades are driving the “affiliation neglect” of small trad-
ers, while initiations are driving the “affiliation adjustment” of large traders.

In summary, we can link the full-sample estimates to three main subsample results. First, the
key results replicate in the initiations subsample. Large traders react less positively than small

traders to unaffiliated hold, buy, and strong buy recommendations, and they discount positive
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recommendations even more if the analyst is affiliated. Sell and strong sell initiations, however,
trigger insignificant responses by both large and small traders. The less negative and less signifi-
cant reaction relates to the results in Bradley, Jordan, and Ritter (2003): initiations right after the
quiet period trigger less response; later initiations trigger a particularly positive response.

Second, reiterations cause no statistically significant trading response among large traders. For
large traders, the negative coefficient of the hold-affiliation interaction, -0.288, is closest to sig-
nificant with a t-statistic of 1.43. All others are even farther from significant, with t-statistics be-
tween 0.15 and 0.88. By contrast, reiterations trigger a significantly positive reaction among
small traders in the case of unaffiliated buy and strong buy recommendations. Thus, small traders
appear to account less for the informational content of recommendation changes.

Third, for a given recommendation level, large traders react more positively to upgrades and
more negatively to downgrades. Small traders’ reaction is less closely aligned with the direction
of changes, e.g., when displaying an insignificantly positive (rather than significantly negative)
reaction to downgrades from strong buy to buy. Small traders do react significantly more posi-
tively to upgrades than to downgrades in the case of buys (t-statistic 4.64) but not in the case of
hold recommendations (t-statistic 1.43).° As mentioned above, the results for strong sell recom-
mendations are more mixed, possibly due to the small sample sizes. (Only 2.6% of the 1,172

strong sells are reiterations; 23.6% are initiations; the remainder are downgrades.)

3.3. Robustness
We perform several robustness checks of the documented trading behavior.

3.3.1. Econometric model

9 Note that the negative sell-coefficients in the upgrades, reiterations, and initiations sample are larger than in the
downgrades sample but insignificant for upgrades and reiterations. The estimation is affected by the extremely small
sample size of the identifying subsample. There are only 64 upgrades to sell and 49 reiterations of sell recommenda-
tions, while there are 1,283 downgrades to sell and 398 initiations at the sell level.
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Panel A of Table V reestimates the standard errors, allowing for heteroskedasticity and arbi-
trary within-year correlation (columns marked “Cluster by Year”) and arbitrary within-brokerage
firm correlation (columns marked “Cluster by Brokerage Firm”). Clustering by year allows for a
wider range of cross-correlations than our primary method (clustering by date), although the low
number of clusters is problematic (Wooldridge, 2002; Froot, 1989). Our results are robust to
these alternative assumptions. Large investors adjust downwards and display a sell reaction to
hold and no reaction to buy recommendations. They also react more negatively to affiliated than
to unaffiliated strong buy recommendations, although the downward adjustment is not significant
for buy recommendations. The abnormal trade reaction of small investors follows again a literal
(unadjusted) interpretation of recommendations and does not differentiate between affiliated and
unaffiliated recommendations (as before with the exception of strong sells).

We also repeat the regressions of Table IV including year- and brokerage-fixed effects. Alter-
natively, we include year-firm interactions, adding more than 20,000 fixed-effects groups, in or-
der to capture firm characteristics that change over time. As expected, given that the measure of
trade imbalance is normalized on a firm-year basis, the results do not change.

3.3.2. Investor type classification

We check the robustness to several variations in the cutoff values for trade size (Table V.B):
$1-$5,000, $5,000-$10,000, $10,000-$20,000, and $20,000-$50,000. Our baseline small-investor
cutoff aggregates the first three groups. Both sets of results for small traders — the literal reac-
tion to recommendations and the lack of adjustment for affiliation — replicate in almost all cells.
The largest group ($20,000-$50,000) behaves more like large investors. Traders discount posi-
tive recommendations if the analysts are affiliated. The interaction coefficients for buy and
strong buy are significantly negative. Moreover, the puzzling differential trade reaction to affili-

ated strong sells, which we found in Table IV, loses significance in the largest group. On the
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other hand, the reaction to negative unaffiliated recommendations becomes insignificant in two
subgroups (below $5,000 and $20,000-$50,000). Overall, both results show remarkable robust-
ness within each of these small subgroups.

3.3.3. Measure of trade reaction

The results are similar if we employ the net number of buyer- minus seller-initiated trades or
the raw trade imbalance. Also, using normalized imbalances of shares traded or of dollar
amounts traded (rather than trades) produces similar results: 19 of the 20 coefficients and all ten
differences between small and large traders display the exact same pattern of significantly posi-
tive, significantly negative, or insignificant. Only the large-trader interaction of affiliation and
buy recommendations changes, to insignificantly negative.

Longer horizons (up to 20 trading days after the recommendation) also lead to similar results.
Finally, we limit the sample to firms that have at least some institutional ownership at the quar-
ter-end before the recommendation, using several different cutoffs, as large trading is most likely
to be from institutions for these firms, and find similar results.

3.3.4. Affiliation

We also perform several robustness tests of our affiliation classification. First, we split “af-
filiation” into its component parts, and we use the additional forms of affiliation, future under-
writing and bond underwriting. Second, we specify whether a firm has recently issued a security
and whether the underwriter is independent. Third, we repeat the baseline regression separately
for each year in the sample. With all of these variations, the primary results remain.

3.3.5. Relationship between investor yype and dffiliation

Another concern is that investors systematically lower their trading size in response to affilia-

tion. The resulting (re-)classification of large investors as small could generate their weaker reac-

tion to affiliated buy recommendations.
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An immediate weakness of this alternative explanation is that it cannot explain our first result,
i.e., that small investors do not discount analyst recommendations on average. Two additional re-
sults address the concern directly. First, systematic shifts in trade size that are large enough to
move investors normally trading above $50,000 into the class of trades below $20,000 should be
reflected in the remaining class of large trades. For example, a uniform shift would reduce the
average size of the large trades by at least $30,000. However, the average size of large trades is
$217,244 in response to unaffiliated recommendations and $209,836 in response to affiliated rec-
ommendations, a reduction of less than 3.5%.

Second, in order to explain the more negative reaction of large traders in response to affiliated
recommendations, a general reduction of trade size does not suffice. Rather, the proportion of
buy-initiators among large traders has to go down. Instead, both changes are small and similar.
Buyer-initiated large trades change on average by 3.9% and seller-initiated large trades by 2.5%.
3.3.6. Analyst heterogeneity

The differences in trading responses could arise if small investors follow different (more af-
filiated) analysts than large investors. To address this concern, we reduce the heterogeneity of
recommendations and consider only those issued by brokerages that are both affiliated and unaf-
filiated at different points during the sample period (“Ever-Affiliated Brokerages,” Columns 1 to
3 in Table VI). All results replicate, for both large and small traders.

As a second way to address heterogeneity, we restrict the analysis to analysts who were listed
in Institutional Investor’s most recent October list of top analysts (“All Star Team,” Columns 4
to 6).'° The resulting sample is significantly smaller (11,882 observations), but most results rep-
licate. Exceptions are the differential response of large investors to affiliated buys (now insig-

nificant) and of small investors to affiliated strong buys (now marginally significant with t =

24



1.821 in the All-Star sample). The reaction to negative recommendations also loses significance
in several instances. Overall, the core results replicate in both subsets and analyst heterogeneity
and adverse sorting of small investors appear unlikely to generate our results.

3.3.7. Brokerage firm heterogeneity

Even if small investors do not follow worse analysts, they may only be aware of more widely
known brokerage firms. To address this concern, we obtain sales and employee data for broker-
ages from the Dun & Bradstreet Million Dollar Database, which is available for about 5% of our
sample. We control for brokerage size by interacting every level of recommendation with sales
or with the number of employees as proxies for size. In unreported regressions, we find that the
inclusion of size controls does not diminish the results beyond the effect of the reduced sample.
3.3.8. Front running of large investors

Another important concern is that large investors might trade prior to recommendations. If
they learn the information that sparks new recommendations earlier, their trade reaction could
take place earlier. At the time of the recommendation, they then display either no reaction or a
contrarian reaction, explaining their lower event-time trade reaction.

In order to test for front running, we calculate the average daily trading volume of large inves-
tors during the month prior to the recommendation. All averages—number of trades, shares
traded, and dollar volume traded—peak on the day of the recommendation and not before. We
also observe a slow increase over time. This trend could reflect anticipatory trading before the re-
lease of the recommendation or a response to general news about the stock. To distinguish these
explanations, we re-analyze the relation between recommendation and trade imbalance, as in Ta-
ble IV, for the week preceding recommendations (days -5 to -1). None of the coefficients implies

anticipatory trades among large traders. Instead, large traders exhibit a significant buy-imbalance

10 We thank Steven Drucker for providing us with the 1995-2001 lists of “All Star” analysts. We obtained the

25



for “downgrade buys,” i.e., stocks that are currently strong buys but will be downgraded to buy
within the next five trading days, while they exhibit a significant sell-imbalance once the down-
grade occurs. Similarly, they exhibit insignificant negative pressure before an upgrade to strong
buy, but significant buying pressure when the upgrade occurs. These results remain unchanged

when we include a larger event window.

4. Interpretation

What explains small investors’ lack of adjustment to 1) the general upward bias and 2) the
specific upward bias of affiliated analysts? One potential reason is different information costs. If
it is less costly for institutional investors than for individuals to find out about analyst distortions,
only institutions might choose to acquire the information. An alternative explanation, which we
dub investor naiveté, is that some small investors fail to adjust their trades even to freely avail-
able information about analyst distortion, or that they underinvest in information acquisition.

Evaluating the different explanations requires measures of the cost of information and the re-
turn implications of the trading responses. If costs are zero or low enough that it would increase
small trader’s utility if they acquired the information, there is room for investor naiveté. Other-
wise, we can explain their behavior in the standard rational framework.

Such an evaluation is difficult to perform. First, it is hard to measure the costs of obtaining in-
formation. Second, measuring the returns to information requires information about the portfo-
lios of small investors, which is not contained in our data. Third, even if we could measure the
returns, they do not easily translate into utility. Nevertheless, a few additional results shed some

light on the costs and benefits of information and thus the plausibility of the explanations.

4.1. Benefits of information about analyst distortion

names for the remainder of our sample period using the October issues of Institutional Investor Magazine.
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A plausible proxy for the benefits of adjusting to analyst distortion is the difference in returns
earned by small and large investors’ trade reactions, neglecting their (possibly heterogeneous)
translation into utility. However, our data do not reveal portfolio choices. For example, we do
not observe the typical holding period in response to different types of recommendations. As a
second best, we use trade imbalances to approximate the trading strategies in two ways.

4.1.1. Trade reaction and event returns

First, we test whether the direction and strength of buy or sell pressure among each investor
group predicts event returns. We use buy-and-hold returns net of the value-weighted CRSP mar-
ket returns. The market-adjusted return of stock j on day ¢ is

Aj=Rjs— R

We regress the abnormal return on a constant and on the dollar value of net buyer- minus seller-
initiated trades on event days 0 and 1. We perform this analysis over three, six, and twelve
months after each recommendation. As shown in Table VII, Panel A, abnormal trades by small
investors predict significantly negative returns over the six-month horizon and insignificantly
negative returns over three and twelve months (with p-values of 13% and 10%, respectively).
Large traders’ trade reaction predicts instead significantly positive abnormal returns over all ho-
rizons. The difference between the coefficients for large and small traders is significant for six
and twelve months and insignificant (at a p-value of 12%) for three months. Thus, if we assume
holding periods of six or twelve months, small traders incur losses relative to large traders from
their reactions to recommendations. The estimated loss is not significant for three months.

4.1.2. Analyst recommendations and portfolio returns

Our second approach is to examine the returns to investment strategies that follow analyst rec-
ommendations “literally”: if an analyst issues a buy or strong buy recommendation, the investor

purchases the stock in the long portfolio; if the analyst issues a sell or strong sell recommenda-
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tion, the investor sells (shorts) the stock in the short portfolio. We consider holding periods of
three, six, and twelve months. A stock is dropped from the portfolio when the analyst revises the
recommendation to any level other than hold, stops covering the stock, or when the holding pe-
riod expires. If an analyst issues a hold recommendation during the holding period of a stock, the
holding period restarts. If multiple analysts make the same type of recommendation for the same
stock, the stock appears in the portfolio multiple times. The portfolio is reevaluated daily.
Changes occur at the end of the trading day of the corresponding recommendation event. We
split the analysis into affiliated and unaffiliated recommendations.!! Whenever the short portfolio
is empty, we drop it from our calculations. We use the Fama-French four-factor portfolio method
to determine value-weighted buy-and-hold abnormal returns separately for the long and the short
portfolio, estimating
R,-R,=a,+pB(R, —R,)+s,SMB, + h HML, +u,UMD, + ¢, 4)

where R;; is the return of portfolio i, i€ {Buy,Sell}, on day #; Ry, is the return of the market
portfolio on day #; Ry, is the risk-free rate on day #; SML, HML, and UMD are the size, book-to-
market and momentum factors;'? and ¢4 estimates the (gross) abnormal return. For the short port-
folio, we multiply all coefficients by —1 to display the returns to selling rather than buying.

We calculate the net daily abnormal returns by subtracting the estimated brokerage commis-
sion and bid-ask spread. We apply the $30 (online) per-trade commission at Charles Schwab dur-
ing our sample period to the average trade size of small investors, $8,971.73. We add the 1%

cost of the bid-ask spread estimate of Barber and Odean (2000) for individual investors, and es-

" The unaffiliated long portfolio contains, on average, 1,571, 2,835, and 4,617 stocks for the holding periods of
three, six, and twelve months; the affiliated long portfolio contains only 107, 197, and 328 stocks on average for the
same horizons. The affiliated long portfolio is missing for the first day of our sample period, since no affiliated rec-
ommendation was issued. Similarly, the unaffiliated short portfolio consists of 103, 184, and 285 stocks, on average,
while the affiliated short portfolio is empty for 201 days and contains, on average, only two stocks during the re-
maining 1,690 days, for the three-month horizon; it is empty during 24 days, with an average of four stocks, for the
six-month horizon, and it is empty for twelve days, with an average of five stocks, for the twelve-month horizon.
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timate total transaction costs of 1.669%. (We neglect the market impact of trading, which would
further increase the transaction cost.) We apply the transaction cost estimate to the daily turnover
of each portfolio.13 Note that the volume of trading, while not excessive, likely exceeds real-
world trading of most small investors. However, since we neglect the market impact of trading
and since we use the size of actual trades in our sample to estimate trading commissions, our
transaction cost estimate is conservative relative to the, say, 2.99% roundtrip commission in Bar-
ber and Odean (2000), restricting the transaction cost estimate. We also recalculate returns for a
similar strategy with only monthly rebalancing, with even stronger results (see below).

Panel B of Table VII presents the daily returns (in %) of the resulting portfolios. In the long
portfolio, gross abnormal returns are insignificantly positive for unaffiliated recommendations
and mostly negative and insignificant for affiliated recommendations. Accounting for transaction
costs, the returns are always negative and, in three out of six cases, strongly significant, with t-
statistics between 1.94 and 3.25 (otherwise between 0 .18 and 1.49). In each case, the abnormal
returns are worse in the portfolio of affiliated analysts than the portfolio of unaffiliated analysts.
In the short portfolio, selling stocks with negative recommendations induces negative abnormal
returns both gross and net of transaction costs in each of the six portfolios, though significantly
so only in three cases after transaction costs. Here as well, the estimates are always more nega-
tive for affiliated than for unaffiliated analysts, but the differences are not significant.

All results are similar and more significant when using later transaction dates, e.g., the end of
the first day or the end of the second day after the recommendation. The abnormal returns devi-

ate at most by 0.008%, except for the affiliated short portfolio, which deviates by up to 0.014%.

12 SML, HML, R,,, and Ry, are from Ken French’s website; daily UMD factors are from Jeffrey Busse.

13 To calculate turnover, we construct a comparison portfolio with no rebalancing from the previous day; the only
changes in weight are due to returns. We obtain the difference for each stock between the actual weight and the hy-
pothetical weight without rebalancing and sum the positive differences. By summing only the positive differences,
we avoid double-counting and can apply the full round-trip transaction cost directly. The average daily turnover
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Gross abnormal returns are lower in most cases, and net abnormal returns are significantly nega-
tive at the 1% level in seven of the twelve portfolios.

The results are also stronger if we use monthly instead of daily rebalancing. We consider a
strategy of updating only once a month while still taking recommendations “literally.” At the end
of each month, the investor trades on recommendations made during that month. Despite the
lower turnover, the net returns are still significantly negative. Moreover, the gross return esti-
mates are more consistently negative: the returns from buying any of the three affiliated long
portfolios and the returns from selling any of the six (affiliated and unaffiliated) short portfolios
are negative, though insignificant. The affiliated portfolio performs always worse than the corre-
sponding unaffiliated portfolio. The difference is significant for the three-month long portfolio.

We also calculate the returns of the zero-investment portfolios constructed from the long and
short portfolios in Table VII, Panel B. The abnormal returns are negative over any horizon, in-
significantly so before transaction costs, and significantly in all but one case after transaction
costs. The differences between returns to the affiliated and the unaffiliated portfolios widen, rela-
tive to the separate long and short portfolios, though they remain insignificant. The losses from
following affiliated recommendations are sizable, with stable negative abnormal returns of —
0.04% to —0.07% before transaction costs and —0.10% to —0.12% after transaction costs. The re-
turns of the unaffiliated zero-investment portfolio amount to one-third to two-thirds of those
magnitudes.'*

Finally, we repeat the analysis separately for stocks with low institutional interest. If small in-

vestors affect stock prices, we would expect their impact to be larger on such stocks and, thus,

ranges from 0.0064 (for the unaffiliated long portfolio with a one-year holding period) to 0.0270 (for the affiliated
long portfolio with a three-month holding period).

' The returns of the zero-investment portfolio are to be taken with caution given the small number of stocks in
the short portfolio. The average number of “holdings per day” in the long portfolio over those in the short portfolio
range from 17:1 to 21:1 for unaffiliated analysts and 67:1 to 100:1 for affiliated analysts.
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the returns to their trading strategy to be more negative than for the full universe of stocks. We
use two proxies for low institutional interest: 1) stocks in the lowest decile of market capitaliza-
tion as of the first trading day in a year and 2) stocks covered by only one analyst as of the day of
recommendation issuance. The smallest stocks tend to get less institutional interest due to higher
transaction costs and regulatory implications of large ownership (e.g., Keim and Madhavan,
1998). Low coverage is a direct proxy for low institutional interest.

Reestimating the model of Eq. (4) separately for each level of recommendation in both subsets
of stocks, we find that buy and hold recommendations earn large negative abnormal returns over
most horizons. The results are significant even before transaction costs for half of the horizon-

affiliation combinations in the case of holds and for a few in the cases of buys.

To sum up, we find significantly negative abnormal portfolio returns to following analyst rec-
ommendations literally without accounting for transaction costs for stocks with low institutional
interest (small and low-coverage stocks). For the overall sample, transaction costs are crucial in
turning the mostly negative but insignificant abnormal portfolio returns into significantly nega-
tive abnormal returns. Thus, we do not find clear evidence of losses from failing to account for
analyst distortions prior to transaction costs.

Our findings confirm, however, the message of Barber and Odean (2000) that “trading is haz-
ardous to [retail investors’] wealth.” One way to interpret our results is that investors would earn
significantly higher returns if they forwent trading in response to analyst recommendations. An
alternative interpretation is that small investors trade anyhow — with or without recommenda-
tions. In other words, recommendations might not be the cause of excess transaction costs.

To evaluate the importance of recommendations for excessive trading, we compare the trade
reaction they trigger to the impact of other determinants of trading: same-day abnormal volume

and prior-day return, as analyzed in Barber and Odean (2006). Same-day abnormal volume is the
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current day’s trading volume, normalized by the the stock’s prior-year average daily trading vol-
ume; prior-day return is the prior trading-day raw return, both as reported in CRSP. For each
day, we independently sort stocks into deciles of abnormal volume and prior-day return, and we
count the number of recommendations of a given level made for the stock on the same day.

We regress abnormal trade imbalance of small traders, separately, on indicator variables for
the decile category of abnormal volume, for the decile category of prior-day return, and on our
recommendation count variables. The (unreported) results for abnormal volume and prior-day re-
turn are similar to the Barber and Odean results. Abnormal volume is a strong (monotonic) pre-
dictor of abnormal buying. Prior-day return is a significant though weaker (and U-shaped) pre-
dictor of returns. The highest and lowest trade imbalances due to same-day volume occur in the
highest and lowest volume decilse and amount to 0.0615 and -0.0780. The highest and lowest
trade imbalances due to prior-day returns are 0.0679 (for the lowest returns decile) and -0.0271
(in the fifth decile). In comparison, a single buy recommendation raises the abnormal trade im-
balance by 0.0323 and a strong buy recommendation by 0.0613. Limiting the sample to stock-
days with recommendations, we find that a single buy recommendation raises the abnormal trade
imbalance by 0.0753, and a strong buy recommendation by 0.1052. Even thought these magni-
tudes are not straightforward to compare, recommendations appear to be nearly as strong a pre-
dictor of trading as same-day volume and possibly stronger than prior-day returns. Thus, while
the possibility remains that small investors would have traded anyway, the comparison to other
triggers of abnormal trade suggests that recommendations are likely an important determinant of
“trading too much.”

4.1.3. Results in prior literature
Our results might at first appear be in contrast with a literature documenting that highly rec-

ommended stocks outperform the market (e.g., Womack, 1996; Barber et al., 2001). The differ-
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ence, however, is readily explained with the different strategies. The prior papers form buy port-
folios using recommendation consensus, which implies strong recommendations with substantial
agreement among analysts. In Barber et al. (2001), for example, the most-recommended portfolio
contains stocks on which at least half of the covering analysts have a strong buy and the rest a
buy recommendation. This portfolio excludes many of the firms in our long portfolio. In addi-
tion, “literal” trading uses recommendation levels rather than changes. Boni and Womack (2006)

show that portfolios formed from recommendation changes are more profitable.

In sum, the event returns point to negative return implications of small investors’ trade reac-
tions, relative to that of large investors, if we assume six- or twelve-month holding periods. The
difference is insignificantly negative over three months. The portfolio returns are insignificant.
Thus, a rational model with costly information could suffice to explain small investor behavior.

Unfortunately, our return analysis is only suggestive, given the lack of data on trading strategies.

4.2. Cost of information about analyst distortion

We evaluate the cost of information in three steps. First, we ask whether small investors are
able to access the full set of recommendations. Second, we ask whether the cost of information
can explain the general failure to adjust to distortions of all analysts. Third, we ask whether the
cost of information can explain the difference in small and large traders’ responses to affiliation.
4.2.1. Information about recommendations

Recommendations are published in various forms, such as analyst reports, online sources
(such as briefing.com, FirstCall of Thomson Financial, and finance.yahoo.com), radio and TV
interviews, and news articles. Online resources provide information on averages, industry com-
parisons, upgrades, and downgrades. In addition, companies post their press releases (including
information about issuances and underwriters) online. Investors can get to the releases with a few

clicks from the Yahoo! site.
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The increasing convenience of online information suggests that recommendations have be-
come more accessible over time. Over our sample period, however, trade reactions to recom-
mendations do not display any time pattern. The results of Table IV are replicable year-by-year,
confirming the view of Michaely and Womack (2005) that recommendations became broadly ac-
cessible after the 1980s.

The recommendations available to the general public, however, could differ from those avail-
able to large investors. To quantify the accessibility to small investors, we collect information
from brokerage publications and websites about their target customer: institutions or individuals.
We obtain the information for about 85% of the brokerage firms. (A significant number of firms
have been acquired or dissolved.) Of those, only 16.2% target institutions (e.g., DSP/Merrill
Lynch or SG Cowen)."® Even those recommendations are often available to retail clients for two
reasons. First, numerous institution-oriented firms have acquired or made minority investments
in retail brokerage firms (to have a retail distribution outlet for IPO shares), such as Morgan
Stanley acquiring Dean Witter and Salomon Brothers acquiring Smith Barney. Second, retail
brokerages allow clients to download reports from firms with which they have partnerships (such
as Charles Schwab with Goldman Sachs). Individual investors, therefore, have access to most if

not all recommendations in our data.

Given that investors can access a large sample of recommendations, informational costs can-
not explain our first finding that small investors fail to adjust for general upward distortion

among all analysts. Since 95% of recommendations are positive or neutral, even small investors

15 we identified, for example, Adams, Harkness & Hill as serving just institutional clients from their mission
statement: “Adams, Harkness & Hill is one of the largest independent research, brokerage, and investment banking
firms serving the institutional market.” We identified Alliance as serving both markets from their statement: “At Al-
liance Capital, we’re proud to provide a wide range of investment management services to a diverse group of inves-
tors worldwide, including institutional clients, high-net-worth individuals and mutual fund investors.” We also used
information about the lines of business and services offered. Research firms with only 10-15 analysts that are very
specialized in a particular field, e.g., energy or healthcare, typically serve only selected institutional investors.
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should be aware of the general distortion. Instead, small investors do not discount recommenda-
tions while large investors do. Thus, our first finding is hard to explain in a rational framework,
while consistent with investor naiveté.

4.2.2. Information about affiliation

Small investors could face substantial costs to find out which analysts are affiliated. These
costs are a plausible explanation of our second finding that small investors do not differentiate
between affiliated and unaffiliated recommendations.

However, if high information costs are the explanation, small investors should look for low-
cost ways to obtain this information. Small investors could focus on analysts who are “independ-
ent” and never involved in any underwriting. These firms often advertise their independence. In
our data, 105 (27%) of the 382 brokerage firms never underwrite during the entire sample period
(starting in 1987). They issue 5% of the recommendations. The recommendations of these ana-
lysts are less upward-biased than in any other affiliated or unaffiliated subsample (Table I). They
also induce less (if any) underperformance, though the differences are not significant. Applying
the same portfolio strategy as in Panel B of Table IV, we find that the gross alphas from buying
the three long portfolios (over three, six, and twelve months) are up to 0.02% higher per day.
Those from selling the short portfolio are up to 0.07% higher.'®

In Table VIII, we test whether small investors attempt to overcome informational constraints
by focusing on independent analysts.!” We find that they react less to positive recommendations

from independent brokerages, with t-statistics of 1.7 and 1.8 for the buy and the strong buy inter-

1 The differences in alpha are 0.0099, 0.0212, and 0.0149 relative to the three-, six-, and twelve-month affiliated
long portfolio; 0.0336, 0.0731, and 0.0698 for the three-, six-, and twelve-month unaffiliated short portfolio; 0.0009,
0.0013, and -0.0006 for the three-, six-, and twelve-month unaffiliated long portfolio; and 0.0139, 0.0271, and
0.0223 for the three-, six-, and twelve-month unaffiliated short portfolio.

17 Large investors do not need to focus on independent recommendations since they adjust their trade reaction to
the distortions. Nevertheless, we find that large investors do not display any significant downward adjustment to
positive recommendations of independent analysts and that they display zero trade reaction (rather than a negative
reaction) to independent hold recommendations.
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actions, respectively (Column 1). This finding does not appear to be due to the small size of the
brokerages. The results also hold for the largest 50% of firms for which we have sales or em-
ployee count data (Columns 2 and 3).'®

Overall, informational costs are unlikely to explain why small investors do not account for the
general distortion of analysts, but are a likely explanation for the undifferentiated reaction to af-
filiated and unaffiliated recommendations. However, small investors do not appear to choose

analyst recommendations in a manner that helps to remedy informational constraints.

S. Conclusion

Analysts tend to positively bias the information they provide to investors, as evident in the
very low number of sell and strong sell recommendations, in particular by affiliated analysts.
While large investors adjust their reaction to hold and buy recommendations downwards, small
investors take recommendations literally. Small investors also fail to account for the additional
distortion due to underwriter affiliation. Potential explanations are higher costs of information
and naiveté about distortions in analyst recommendations. We shed some light on the plausibility
of these explanations by evaluating the costs and benefits of information about analyst distortion.
Lacking information about portfolio strategies, we are limited to measuring the event returns to
net trade imbalances and the portfolio returns to a strategy that takes analyst recommendations
literally. The event returns to small traders’ net trade reaction are significantly lower than those
of large traders if we assume six- or twelve-month holding periods; the difference is insignificant
over three months. The portfolio returns are mostly negative but insignificant, at least before

transaction costs. The portfolio returns are significantly negative prior to transaction costs for

' The reduced sample size in Columns 2 and 3 induces a few surprising results, such as the insignificantly posi-
tive coefficient on strong sell and the significantly positive interaction coefficient of sell and “never affiliated.”
These results are driven by minimal sample sizes; e.g., there is only one independent sell recommendation. The
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stocks with low institutional interest (small and low-coverage stocks). Thus, many of the return
results are consistent with a rational model of small investors’ trade reaction, though at best a
very noisy proxy for the return implications of the response to recommendations.

It is harder to explain in a standard framework why only large traders but not small investors
adjust their trade reaction to the general upward bias of analyst recommendations, given that
there seem to be some conditions under which it would be more profitable to make that adjust-
ment and given that the general upward bias is visible to any trader reacting to recommendations.
It is also striking that small traders do not focus on analysts from independent brokerages. The
latter findings suggest that small investors are naive about the distortions and trust analysts too

much.

small-sample anomalies disappear if we keep the full sample and use a triple interaction of “never affiliated” and
“top 50% sales or employees” with the respective recommendation level.
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TABLE II Correlations of Institutional Ownership and Trades
Correlations of the change in the percentage of shares outstanding owned by
institutions (as of 13f SEC filings) and measures of trade reaction. Correlations
are calculated using all sample firm-quarters from 12/1993 to 12/2002 with both
recommendations data and trading data. P-values in parentheses.

Small Investors Large Investors
Sum of daily abnormal -0.073 0.070
trade imbalances over last (0.000) (0.000)
Quarterly trade -0.082 0.088
imbalance, (0.000) (0.000)
number of trades
Quarterly trade -0.089 0.122
imbalance, (0.000) (0.000)
number of shares
Quarterly trade -0.085 0.119
imbalance, (0.000) (0.000)
dollar value
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TABLE IIL. Measures of Trade Reaction: Summary Statistics

Panel A. Summary Statistics Daily Trading for Sample Firms (2/1994 - 7/2001)

Mean Median Std. Dev. Min Max
Total number of small trades 66.10 32 102.17 0 3,953
Total number of large trades 45.55 7 128.46 0 3,627
Number of small buy-initiated trades 29.97 13 50.98 0 1,702
Number of large buy-initiated trades 21.49 3 62.14 0 1,911
Number of small sell-initiated trades 26.79 13 42.76 0 2,453
Number of large sell-initiated trades 18.06 3 51.09 0 1,563
Total number of small buy/sell-initiated trades 56.76 26 91.06 0 3,506
Total number of large buy/sell-initiated trades 39.55 6 112.42 0 3,339
A(buy-sell) initiated small trades 3.18 0 23.71 -1,440 965
A(buy-sell) initiated large trades 343 0 17.44 -660 791
Dollar value total small trades 562,641 244,263 932,865 0 27,500,000
Dollar value total large trades 12,200,000 1,082,491 47,200,000 0 6,640,000,000
Dollar value small buy-initiated trades 255,760 99,175 461,493 0 12,300,000
Dollar value large buy-initiated trades 5,579,860 417,750 22,700,000 0 4,860,000,000
Dollar value small sell-initiated trades 228,392 98,550 387,906 0 16,000,000
Dollar value large sell-initiated trades 4,666,593 382,524 18,300,000 0 3,120,000,000
Dollar value total small buy/sell-initiated trades 484,153 204,600 828,517 0 22,700,000
Dollar value total large buy/sell-initiated trades 10,200,000 918,875 40,000,000 0 5,510,000,000
Dollar value of (buy-sell) small trades 27,368 2,338 201,131 -10,600,000 8,854,894
Dollar value of (buy-sell) large trades 913,267 0 9,824,109  -1,430,000,000 4,860,000,000
N 2,996,265
Panel B. Summary Statistics Trade Imbalance - Sum over Event Days 0 and 1
Mean Median Std. Dev. Min Max
A(buy-sell) initiated small trades 19.26 5 78.52 -2,545 1,560
A(buy-sell) initiated large trades 18.92 3 55.78 -543 1,059
Dollar value of (buy-sell) small trades 161,318 40,428 670,243 -17,100,000 11,800,000
Dollar value of (buy-sell) large trades 4,775,637 369,841 33,900,000 -1,400,000,000 1,520,000,000
Normalized imbalance of small trades 0.1087 0.1265 1.6348 -15.8431 7.1467
Normalized imbalance of large trades -0.0063 0.0141 1.4083 -9.4254 7.1931

N

86,962
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FIGURE 1. Investor trade reactions to analyst recommendations.

The Figure displays the abnormal trade reaction to analyst recommendations if investors adjust
downwards (Column 1) and if they do not adjust (Column 2).

1 2
Recommendations Downwarcg /Zxdjustment No Ad(ju)stment
strong sell sell* (strong) sell*
Unaffiliated sell sell* sell
Analysts ZEro | sell ZEro
buy | weak buy or zero buy
strong buy 1 (less strong) buy strong buy
strong sell sell* (strong) sell*
Affilliated sell sell* sell
Amsilssts Zero | sell zero
buy | weak buy or zero buy
strong buy | (less strong) buy or zero strong buy

* Altematively, investors may display no abnormal trade reaction since previous negative (sell or hold) recommendations
induced them to sell earlier. Short-sell constraints may strengthen this effect.
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TABLE VI. Analyst Quality

OLS regressions of normalized trade imbalance. Trade reaction is summed over event days 0 and 1. The
recommendation levels (Strong Sell, Sell, Hold, Buy, Strong Buy) and Affiliation are dummy variables. The
Ever-Affiliated Brokerage sample includes only recommendations made by brokerages who issue at least one
affiliated and one unaffiliated recommendation. The All-Star Analysts sample is limited to recommendations
made by analysts who were listed in Institutional Investor Magazine's most recent October list of top analysts.
Sample period is 2/1994 through 7/2001. Standard errors (in parentheses) are robust to heteroskedasticity and
arbitrary within recommendation-date correlation across firms.

Ever-Affiliated Brokerages All-Star Analysts

Large Small  Difference Large Small  Difference
Trade Trade S-L Trade Trade S-L
Strong Sell -0.129 -0.144 -0.015 -0.153 -0.152 0.001
(0.049) (0.068) (0.084) (0.090) (0.116) (0.147)
Sell -0.153 -0.200 -0.047 -0.260 -0.153 0.107
(0.041) (0.056) (0.070) (0.106)  (0.168) (0.199)
Hold -0.098 -0.001 0.097 -0.120 -0.010 0.110
(0.012) (0.015) (0.019) (0.024)  (0.029) (0.038)
Buy 0.013 0.147 0.134 0.001 0.145 0.144
(0.012) (0.014) (0.019) (0.027)  (0.029) (0.040)
Strong Buy 0.121 0.270 0.149 0.157 0.353 0.197
(0.014) (0.015) (0.020) (0.031) (0.035) (0.047)
(Strong Sell)*Affiliation -0.170 -0.800 -0.630 -0.517 -1.592 -1.074
(0.257) (0.336) (0.423) (0.640) (0.679) (0.933)
(Sell)*Affiliation 0.128 -0.026 -0.155 0.713 0.510 -0.203
(0.254) (0.274) (0.374) (0.505)  (0.545) (0.743)
(Hold)*Affiliation 0.005 0.013 0.008 0.041 0.116 0.075
(0.045) (0.057) (0.072) (0.077)  (0.105) (0.130)
(Buy)*Affiliation -0.070 0.001 0.071 -0.056 -0.051 0.005
(0.034) (0.039) (0.052) (0.059)  (0.070) (0.092)
(Strong Buy)*Affiliation -0.138 -0.050 0.088 -0.150 -0.156 -0.006
(0.036) (0.042) (0.055) (0.067)  (0.086) (0.109)
Sample size 68,948 68,948 11,882 11,882
1§ 0.004 0.0104 0.006  0.0135
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TABLE VIIL Independent Analysts

Regressions of normalized small trades imbalance, sum over event days 0 and 1.
Standard errors (in parentheses) are robust to heteroskedasticity and arbitrary
within recommendation-date correlation across firms.

) @ (€]
Strong Sell  -0.122 1.066 1.018
(0.054) (0.737) (0.840)
Sell -0.157 -0.204 -0.204
(0.049) (0.152) (0.153)
Hold  0.005 0.084 0.122
(0.014) (0.053) (0.054)
Buy 0.139 0.196 0.243
(0.013) (0.049) (0.053)
Strong Buy  0.246 0.253 0.286
(0.014) (0.047) (0.050)
(Strong Sell)*NeverAffiliated -0.002 -1.035 -0.987
(0.139) (0.762) (0.862)
(Sell)*NeverAffiliated  0.125 1.780 1.780
(0.118) (0.152) (0.153)
(Hold)*NeverAffiliated  0.032 0.102 0.058
(0.044) (0.108) (0.111)
(Buy)*NeverAffiliated -0.075 -0.394 -0.383
(0.045) (0.200) (0.232)
(Strong Buy)*NeverAffiliated -0.087 -0.168 -0.198
(0.049) (0.105) (0.108)
Brokers limited to top 50% in sales' X
Brokers limited to top 50% in employees” X
Sample Size 86,962 4,426 3,959
R’ 0.0085 00134  0.0175

Standard errors in parentheses. Standard errors are robust to arbitrary correlation within

recommendation-date groups.

! Sales represents the dollar value of annual sales for the brokerage firm issuing the recommendation,

and is used as a broker size control.

2 Employees represents the total number of employees for the brokerage firm issuing the

recommendation and is used as a broker size control.

50



Mia
¥
X [
B
r

50014
T
h 2
bR TR
y

<lam Iisd
- 1 "
v
i !
-R‘ ' By
TN Jorg B
| -
. .“.- i L]
AN i
3 ~atq
" SEL
ORNL
I T
. .P
LT
'
| i [PLE
v %y



/2






J Fam Econ Iss (2011) 32:625-643
DOI 10.1007/510834-011-9258-z

ORIGINAL PAPER

The Value of Seeking Financial Advice

Mitchell Marsden + Cathleen D. Zick -
Robert N. Mayer

Published online: 1 May 2011
© Springer Science+Business Media, LLC 2011

Abstract Retirement planning data gathered from an
online survey at a large university in October 2009 are used
to examine differences in a variety of retirement planning
measures between people who have and have not met with
a financial advisor. Problems of self-selection and endo-
geneity are addressed through the use of propensity scores.
The study’s major finding is that working with an advisor is
related to several important financial planning activities,
including goal sefting, calculation of retirement needs,
retirement account diversification, use of supplemental
retirement accounts, accumulation of emergency funds,
positive behavioral responses to the recent economic crisis,
and retirement confidence. Use of a financial advisor was
not related to self-reported retirement savings or short-term
growth in retirement account asset values.

Keywords Financial advisor - Retirement planning -
Retirement preparedness

Introduction

Over the past 25 years, retirement planning in the United
States has become less of an institutional and more of an
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individual responsibility. The reasons for this change are
well known and include a shift from defined benefit to
defined contribution retirement programs, longer life spans,
and growing uncertainty about the financial solvency of
Social Security, Medicare, and even company pensions
(Iams et al. 2009; Moloney and Mistretta 2009; Sun Life
Financial 2009; Walker 2008).

At the same time that individuals are shouldering
increased financial responsibility, the task of retirement
planning has become more difficult. Not only do financial
products continue to become more complex, but financial
market conditions have become more volatile and daunt-
ing. This growing market complexity has led some indi-
viduals to select investments based primarily on recent
historical returns (Clark-Murphy et al. 2009) which may be
very shortsighted. At the same time, the ravaging effects of
the recent financial crisis and a “lost decade” for equity
investors (Weidner 2009) have caused many people to lose
confidence altogether in the stock market and in conven-
tional methods of investment planning.

In light of the increase in individual responsibility for
retirement planning, some scholars have argued that
automatic savings strategies should be expanded to reduce
individuals’ growing investment burden (O’Neill 2007).
Other scholars have argued that it is simply unrealistic to
expect individuals to be able to plan effectively for their
retirement (Gross 2003; Rotfeld 2008; Willis 2008—2009).
Rather, it takes a paid financial professional to navigate
the rough waters of retirement planning. Economist
Robert Shiller has proposed that the federal government
“subsidize personal financial advice for everyone [by]
reimbursing qualified private financial advisors for most
or, sometimes, all their fees” (Shiller 2009). Before
rushing headlong toward providing every consumer with a
financial advisor, however, one should ask whether, and
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in what respects, advisors improve the welfare of their
clients.

While the entire financial planning profession is built on
the premise that professional advice will, over the long run,
improve a client’s financial well-being, some researchers
have suggested that financial professionals often act in their
own interest and do little to improve the financial situation
of their clients (Bergstresser et al. 2007; Bullard et al.
2007; Bullard and O’Neal 2006; Christian et al. 2008).
Others note more generously that while there is evidence of
a correlation between greater wealth and the use of pro-
fessional financial advice, it is difficult to establish any
direction of influence or causality (Kramer 2009). It is just
as plausible that superior financial well-being leads to
working with financial professionals as the reverse. Amid
these conflicting opinions and conclusions, the current
research addresses the question that still stands: Do finan-
cial professionals add to the well-being of their clients and,
if so, in what ways? In assessing the empirical evidence
that addresses this question, the current study explicitly
allows for the endogeneity of seeking advice from a pro-
fessional and retirement planning outcomes.

Literature Review

Previous research on the link between professional finan-
cial advisors and financial planning activities and outcomes
can be roughly divided into two areas. One focuses on the
factors—including wealth—that determine the use of pro-
fessional financial advice. The second examines the impact
of professional advice on financial planning “outcomes,”
including wealth accumulation. Within each type of
research, there is wide variation in how financial advice
and its correlates are conceived and measured, but virtually
all of these studies stop short of dealing with the potential
problem of endogeneity, namely, that certain financial
characteristics could be the cause and/or consequence of
consulting an advisor.

Predicting Use of Financial Advice

The most sustained line of research on the factors that
influence use of financial advice has been produced by
John Grable and So-Hyn Joo (Grable and Joo 1999, 2001,
2003; Joo and Grable 2001). They conceptualized the
choice to seek professional financial help as a form of
“help-seeking” behavior. In their model, the decision to
seek and use financial assistance was separable from the
decision of from whom to seek advice (e.g., professionals
vs. nonprofessionals such as family members, friends, and
co-workers). The results of both decisions have outcomes
that, via feedback, can influence these decisions at a later
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time, but the outcomes per se are not the central focus of
their research. Examining their work as a whole, Grable
and Joo found that the correlates of the decision of whether
to seek help differed markedly from the correlates of
whether one sought professional versus nonprofessional
advice. Regarding the latter decision, they found psycho-
logical (e.g., risk tolerance, financial stress, attitudes
toward retirement planning) and behavioral variables (e.g.,
financial management practices) were at least as important
as demographic and economic ones in predicting the type
of advisor used. They observed, in addition, that
homeownership and financial satisfaction predicted the
type of advice sought, factors that could be viewed as
antecedents or consequences of help-seeking. Similarly,
they presented confidence in one’s financial abilities and
confidence in one’s financial future as “outcomes” of help-
seeking, although these variables could be factors that
influence the type of advice chosen. Grable and Joo
acknowledged the challenge of separating predictors from
outcomes of retirement planning based on professional
help and establishing the direction of causality, and they
concluded that “research is warranted to explore these
potential relationships” (Joo and Grable 2001).

Several subsequent studies, all relying on data from the
Survey of Consumer Finances, used measures of wealth to
predict use of professional financial advice (Chang 2005;
DeVaney et al. 2007; Elmerick et al. 2002; Investment
Company Institute 2007). Elmerick et al. (2002), for
instance, distinguished between the use of professional
financial advice for credit and borrowing only, saving and
investing only, and for both types of financial activities.
They found that the use of a financial planner for saving
and investing only was associated with greater household
financial assets, and comprehensive advice was associated
with both greater assets and higher net worth. While their
study examined financial assets and net worth as two of
many potential predictors of financial planner use, they
acknowledged the inability to determine the direction of
causation between, for example, the use of comprehensive
financial advice and higher net worth. They, too, suggested
that this is “an interesting question for future research”
(p. 230).

Finally, one recent study makes use of a sample of 353
distressed consumers to examine what information sources
they used when planning for retirement (Kim and Kim
2010). Professional services (defined to include financial
planners, lawyers, lecturers, accountants, and counselors)
were used by over half of the individuals in this study. The
multivariate analyses did not include any measures of
financial attitudes or financial knowledge, and the results
revealed only limited support for the role of socioeconomic
and demographic factors as they relate to seeking profes-
sional financial advice on retirement planning issues.
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Determining Possible Impacts of Advisors

Professional financial advice could potentially influence
one or more of the many steps in the process of financial
planning. These steps include setting goals and specific
objectives, creating and implementing a financial plan, and
monitoring results (Certified Financial Planner Board of
Standards 2009). Research that attempts to measure the
possible influence of financial advisors can be organized
according to the aspect of the financial process that it
examines most closely.

Goal-Related Planning Activities

Setting goals and objectives is the foundation of any
financial plan, yet few studies document the extent to
which financial advisors contribute to this crucial activity.
An exception is a survey by Hartford Financial Services
(Thomas 2005). In it, 81% of respondents said, “providing
a road map of their financial future” and maintaining client
“motivation to do what’s needed to meet retirement goals”
were major benefits of working with a financial advisor. In
a small-scale survey (Investment Company Institute 2007),
over 80% of those who had an ongoing relationship with a
financial advisor reported having periodic discussions
regarding financial goals. Neither study, however, com-
pared the percentages of people who set financial goals
with and without the help of an advisor.

Planning Implementation and Planning Outcomes

A few studies—mostly conducted outside the U.S. and not
published in traditional, peer-reviewed outlets—have
examined the influence of financial advisors on investment
plan implementation and/or investment outcomes. Pre-
sumably, plan implementation activities, such as diversifi-
cation, rebalancing, and portfolio turnover, influence
investment outcomes. Nevertheless, the distinction
between activities and outcomes is important for the
examination of advisor effects inasmuch as plan imple-
mentation decisions are far more under the control of
advisors (and clients) than wealth accumulation and hence
may be more appropriate as yardsticks of advisors perfor-
mance (Campbell 2006; Fischer and Gerhardt 2007).
With respect to the impact of advisors on the financial
planning implementation activities of their clients, previ-
ous research has yielded mixed results. Hackethal et al.
(2010) examined German clients of an internet brokerage
firm and compared customers who traded without an
advisor to those who relied on either an independent
financial advisor or an advisor affiliated with a branch-
based bank. To address the potential problem of self-
selection (i.e., the possibility that certain client

characteristics increase both the likelihood of working with
an advisor and doing a better job of financial planning),
Hackethal et al. used an instrumental variable approach.
Rather than measuring use of financial advisors directly,
they generated predicted values that were presumed to be
unrelated to the outcome measures of interest (e.g., trading,
turnover, account diversification, risk-adjusted rate of
return). When the instrumental variable was included in a
multivariate analysis of these outcomes, the authors found
that advisors increased trading, turnover, and diversifica-
tion (by increasing the share of mutual funds relative to
directly owned stocks) but did not improve risk-adjusted
returns (Hackethal et al. 2010).

Kramer (2009), studying Dutch investors, found several
differences between the plan implementation choices of
advised and non-advised investors. Specifically, the port-
folios of advised investors had more fixed income securi-
ties, a higher number of common equity positions, more
international securities, more equity mutual funds relative
to total equity allocation, and lower volatilities of returns
compared to self-directed investors operating without
advisors. Also, advised investors typically executed more
trades but had a lower percentage of account turnover.
Despite these numerous differences in plan implementation
activities, Kramer did not find any difference in the account
performance of the two types of investors (Kramer 2009).

The most methodologically compelling study of the
impact of advisors was conducted by Gerhardt and
Hackethal (2009). Using data on the accounts of 65,000
German bank customers, the authors matched advised and
unadvised “nearest neighbors™ using a propensity score
approach. Each of the roughly 7,000 advised clients was
matched with a “non-advised twin” who, based on
demographic and account information, was just as likely to
have met with a financial advisor but in fact had not. This
method approximated an experiment in which subjects are
randomly assigned to the treatment group of being advised
or the control group of not being advised, thereby
addressing the potential problems of self-selection and
endogeneity and allowing the authors to conduct a strong
test of whether financial advisors influence investment
activities and outcomes rather than vice versa.

Using the propensity score approach, Gerhardt and
Hackethal observed that advisors improved multiple
aspects of plan implementation. Advisors increased
enrollment in automatic savings plans, lowered the pro-
portion of equity holdings, increased the use of mutual
funds rather than direct equity holdings, increased the
number of securities held, raised international equity
holdings, promoted equal weighting among investment
classes, and lowered trading frequency. In terms of
investment results, however, advisors only slightly
improved risk-adjusted returns, as measured by Sharpe
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ratios (0.90 for advised portfolios vs. 0.88 for non-advised
portfolios) (Gerhardt and Hackethal 2009).!

Several U.S.-based studies of advisor impact have
addressed the question of whether advisors help or hurt
their clients. A study of life insurance purchases compared
people operating without an advisor to those advised by
either financial planners or broker/dealers (Finke et al.
2009). The researchers found that the amount of life
insurance purchased from a financial planner (but not a
broker/dealer) was more likely to be appropriate for a client
when compared to insurance bought without the help of a
financial advisor.

With respect to investments rather than insurance, the
evidence of advisor effects suggests a less sanguine con-
clusion. Several studies suggest that advisors increase
investor costs and thereby lower investor returns. Bullard
and O’Neal (2006) examined the operating expense ratios
of the S&P 500 index mutual funds purchased by advised
and non-advised efforts. They argued that, to the extent that
advisors help clients shop for the best value among com-
peting investments, the costs should be lower for funds sold
through brokers or financial advisors than those sold
directly to investors. They found the opposite: although
virtually identical to directly sold index funds, the brokered
index funds had significantly higher operating expense
ratios without any compensating increase in returns. These
findings were consistent with those of Bergstresser et al.
(2007). Bullard et al. (2007) found that brokered mutual
fund share classes had larger gaps between investor per-
formance and reported fund performance than directly
purchased shares, a difference the authors attributed to
greater timing errors. Together with finding that share
classes with the highest loads (commissions) had the worst
investor underperformance, the authors concluded that
brokers and advisors sell the products that produce the
highest commissions and therefore do not promote the
interests of their clients.

Other researchers have questioned the ability (if not the
motive) of advisors when it comes to properly assessing the

! These authors also employed a within-subjects time comparison by
examining people who changed from being self-directed investors to
being advised. Among the investors who received investment advice
as of July 2007, 596 had only begun to work with an advisor during
the previous 15 months. For those investors who switched to advised
accounts during the period of the study, the authors noted a one-time
increase in trading activity as part of an initial portfolio restructuring.
These investors also demonstrated a number of presumably salutary
changes. Their participation in automated savings accounts increased,
their use of speculative investment vehicles decreased, and their
portfolios became more diversified through increased use of index
funds. Even though the pre-post period was fairly short, the time
comparison essentially eliminated the problem of endogeneity, and
the findings of the pre-post comparison largely paralleled those in the
matched group analysis.
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risk tolerance of their clients (Christian et al. 2008; Rosz-
kowski and Grable 2005). To the extent that riskier
investments involve higher advisor compensation, advisors
would have an incentive to overestimate client risk toler-
ance and thereby interfere with the achievement of risk-
appropriate investment outcomes.

The tumultuous investment markets during 2008 and
2009 could eventually provide a laboratory for testing the
value of professional financial advice. Research on the
impact of the stock market’s precipitous decline and partial
recovery is just beginning to appear. One study (Roszkowski
and Davey 2010) found that investor risk perception, but not
risk tolerance, increased between January 2007 and June
2009. Another large-scale study, conducted for Wells Fargo,
revealed that clients, especially women, contacted their
advisor more often after the 2008 stock market downturn
than before it. To date, no published study has compared the
response of advised and self-directed investors in the post-
2008 period. A forthcoming paper, however, shows that
people working with a financial planner were “92% more
likely to maintain an optimal portfolio composition” during
the recent economic downturn (Silverblatt 2010).

In sum, the use of an advisor seems to influence plan
implementation activities in ways that potentially benefit
the client (e.g., risk diversification through mutual funds),
but the evidence is much weaker for any impact of advisors
on portfolio returns or investor wealth. Research conducted
for Charles Schwab Corporation (2007) concluded that
401(k) participants who received some type of assistance
with choosing their investments outperformed participants
who did not use some form of guidance, but it also noted
that similar superior returns could be achieved by choosing
target-date retirement funds or following asset allocation
models offered by employer-sponsored investment pro-
grams (Charles Schwab Corporation 2007).

Other Impacts

As important as account performance and asset accumu-
lation are to financial planning, perceived financial well-
being may be the ultimate measure of the effectiveness of
financial advisors. After all, what good is a large retirement
nest egg if a person feels financially insecure and worries
continually about their retirement security? A series of
qualitative studies have suggested that advisees value their
financial advisors beyond their impact on portfolio accu-
mulations. In one survey, the greatest reported benefit of
working with an advisor was contributing to client peace of
mind (Thomas 2005). Ninety-four percent of these clients
rated themselves as being very- or somewhat-well prepared
for retirement, compared to only sixty-five percent of a
2005 nationally representative sample of U.S. adults who
described themselves as being very or somewhat confident
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they would have enough money to live comfortably
through their retirement years (Helman et al. 2005).

In addition to feeling on track to reaching financial
goals, peace of mind may include reduction of the mental
burden of financial planning. Accordingly, respondents in a
national survey (Investment Company Institute 2007,
2008) cited not having enough time to make their own
investment decisions and wanting someone to “make sense
of the total financial picture” as reasons for seeking the
help of professional financial advisors. Thus, any com-
prehensive assessment of the impact of financial advisors
on clients should also include measures of subjective well-
being, such as retirement confidence (Helman et al. 2010).

Anticipated Research Contributions

The study presented here aims to contribute to the existing
literature on financial help-seeking behavior in three ways.
First, it uses Grable and Joo’s (1999) comprehensive, five-
stage framework of personal finance help-seeking behavior
but expands on its treatment of “outcomes.” Whereas
Grable and Joo (2003) studied several measures of financial
confidence, worry, and knowledge as possible outcomes of
working with a professional financial advisor, we add to the
list of possible outcomes. In particular, this study focuses
on multiple stages in the retirement planning process and
makes use of self-reported data as well as administrative
retirement account data.

Second, the current study accounts for self-selection bias
and endogeneity issues by employing a propensity score
methodology similar to that employed by Gerhardt and
Hackethal (2009). The potential problem of self-selection
is severe inasmuch as advised individuals are clearly dif-
ferent from those who are non-advised in ways that could
influence their financial planning activities and outcomes
independent of any advisor influence. Research has found
that individuals who seek professional advisors are, typi-
cally, older, married, wealthier, more likely to be female,
more likely to be homeowners, and more risk tolerant
(Chang 2005; DeVaney et al. 2007; Elmerick et al. 2002;
Grable and Joo 1999, 2001; Investment Company Institute
2007; Joo and Grable 2001; Wells Fargo 2009). Endoge-
neity is an important threat to internal validity as well. The
repeated finding that people who consult advisors tended to
have higher account balances highlights the possibility that
people seek out advisors after managing their investments
well, receiving an inheritance, or otherwise accumulating
financial resources.

Finally, the current study adds to the existing literature
by examining the value of a financial advisor in the context
of the financial market turmoil of 2008 and 2009. Perhaps
the lack of strong evidence in previous research that the
accounts of advised individuals outperformed self-directed

accounts is a function of past research being conducted in
an era of rising financial markets; it is difficult for advised
clients to beat non-advised investors when the value of
practically everything is rising. Similarly, it is not difficult
for both advised and non-advised investors “to stay the
course” during economic good times, but it takes a strong
constitution to do so during a market freefall. Thus, it is
instructive to examine the potential impact of professional
financial advisors during a financial crisis and deep
recession,

Methods
Framework

In the context of retirement planning, we used the com-
prehensive, five-stage model provided by Grable and Joo
(1999) to conceptualize the decisions of whether and from
whom to seek financial help. Implicit in their model is the
argument that individuals assess the benefits and costs of
engaging in a range of retirement planning activities,
including help-secking. These benefit-cost calculations are
influenced by characteristics of a person’s retirement plan,
financial attitudes (e.g., risk tolerance), financial knowl-
edge, and socio-demographic and economic characteristics.
Grable and Joo’s model also recognized that financial
planning activities have “outcomes,” both objective and
subjective. The current analytic approach differed from
their model in that (a) it merged the decisions of whether to
seek financial advice and from whom into one measure,
and (b) it allowed for the possibilities of self-selection and
endogeneity associated with estimating the relationship
between seeking financial advice and financial planning
outcomes.

For individuals covered by an employer-sponsored or
employer-administered retirement plan, the characteristics
of this plan were hypothesized to affect the likelihood of
seeking advice from a professional as well as the engaging
in a variety of other retirement planning activities and
achieving a variety of retirement-related outcomes. For
instance, individuals who are in a defined-benefit retire-
ment plan have less control over and responsibility for their
eventual retirement income than people in a defined-con-
tribution retirement plan. As a result, people in defined
benefit plans were hypothesized to be less likely to consult
with a financial advisor and less likely to engage in
retirement planning activities, such as calculating the
amount of money that one needs to have saved by the time
of retirement.

According to Joo and Grable (2001), an individual’s
financial attitudes and psychographic characteristics influ-
ence decisions about seeking professional financial advice.
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In their model, financial attitudes were measured in terms
of risk tolerance, self-esteem, and perceptions of the
retirement planning process (e.g., perceptions of the time
and effort involved). In our analyses, the focus was on risk
tolerance, financial self-efficacy, perceptions of the retire-
ment planning process, and perceptions of the economy
and the investment environment. Many of these variables
likely reflect the individual’s discounting of future benefits
relative to planning costs incurred today. As an example,
an individual who agrees with the statement, “anyone can
have a comfortable retirement if they just plan and save,”
is likely applying a low rate of discount to the anticipated
benefits of planning efforts. Consequently, someone who
agrees with the statement may be more likely to meet with
a financial advisor and become involved in financial goal-
setting and plan implementation than someone who dis-
agrees with the statement.

Financial knowledge also plays an important role,
according to Grable and Joo (1999, 2001). On the one hand,
those individuals with more knowledge of personal finance,
whether it is measured by the answers to objective (correct-
incorrect) or subjective (self-assessed) questions, may be
less likely to seek professional advice as their knowledge
may substitute for such advice. But, at the same time, more
knowledgeable individuals may have a relatively greater
understanding of benefits conferred by meeting with a
retirement advisor. While the relationship between financial
knowledge and help-seeking behavior may be complex, it
was posited that more financial knowledge is associated
with better retirement planning outcomes.

Finally, socio-demographic characteristics such as
household income, marital status, age, and education were
hypothesized to affect an individual’s retirement planning
benefit-cost calculation. For example, holding constant
plan characteristics, attitudes, and knowledge, younger
individuals should be less inclined to meet with a financial
advisor and to engage in goal-related and plan implemen-
fation activities than older individuals because younger
individuals will more heavily discount the benefits of
devoting time to such an activity given their relatively
longer time frame.

Figure 1 summarizes the framework that was used to
guide the research questions. The main focus of the
empirical work was to ascertain if those individuals who
meet with a financial advisor generally engage in more
positive retirement planning activities and achieve more
positive financial outcomes than do otherwise similar
individuals who do not meet with a professional financial
advisor. That is, were the parameter estimates associated
with the arrows going from advice seeking behavior to
various retirement outcomes positive and statistically sig-
nificant when accounting for the possible roles of self-
selection and endogeneity?
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Data Analytic Approach

Concerns about self-selection and possible simultaneity
would disappear if individuals in a study could be ran-
domly assigned to either meet with an advisor (i.e., be a
member of the “treatment group”) or not (ie., be a
member of the “control group”). In practice, individuals
self-select into either meeting or not meeting with a
financial advisor and that self-selection may be related to
their other retirement planning activities such as estab-
lishing long-term retirement goals, diversifying retirement
investments, and/or placing a relatively high percentage of
their investments in the stock market. One way to deal with
the possible endogeneity would be to estimate the choice to
meet with a financial advisor along with the other retire-
ment planning outcomes as a recursive or simultaneous
system. Yet, this approach is limited by the functional form
that is chosen and by the reality that such methods may
hide the fact that some individuals in the “treated” sample
have no counterfactual in the “control” sample (i.c., there
is a lack of common support) (Black and Smith 2004;
Gibson-Davis and Foster 2006).

Rosenbaum and Rubin (1983, 1984) proposed the use of
the propensity score method to address simultaneity prob-
lems by balancing members of the treatment group (i.e.,
individuals who have met with a financial advisor) with
specific members of the control group (i.e., individuals who
have NOT met with a financial advisor) with regard to their
covariates. Essentially, the propensity score adjusts for the
bias that is caused by the self-selection of meeting with
a financial advisor by creating matches between members
of the treatment and control groups rather than through the
random assignment that is used in true experiments
(Rosenbaum and Rubin 1983, 1984).2

2 Three conditions must hold when using the propensity score
approach. First, once one controls for observable covariates, potential
outcomes must be independent of the treatment selection. This is
known as the conditional independence assumption (CIA). In the
current application, this means that meeting with a financial advisor
should be random once covariates are held constant. In an attempt to
meet the CIA, our analyses included variables that captured elements
of the four conceptual categories identified in the framework: (1)
retirement plan characteristics, (2) attitudes and perceptions regarding
retirement planning and the larger financial marketplace, (3) objective
and subjective assessments of financial knowledge, and (4) socio-
demographic and economic characteristics of the respondent. The
second condition that must be met is the common support assumption.
That is, the estimated probabilities of meeting with a financial advisor
for the treatment group must overlap with the estimated probabilities
of meeting with a financial advisor for the control group and the
probabilities have to be positive, irrespective of the covariate values
(Caliendo and Kopeinig 2008; Imbens 2004; Smith and Todd 2005).
In the current study, the trimming method was used to define the
common support region (Smith and Todd 2005) which insured that
individuals who reported meeting with a financial advisor had a
counterpart who did not meet with a financial advisor but who
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Fig. 1 The relationship
between seeking advice from a
financial planner and retirement
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The propensity score approach relies on first estimating
a logit equation where the dependent variable is whether
the respondent has met with a financial advisor at least
once in the past two years (1 = yes, 0 = no). The inde-
pendent variables in this logit model include all factors that
might affect the decision to meet with a financial advisor as
well as those factors that might affect the substantive
outcomes of interest (e.g., setting long-term retirement
savings goals, establishing a supplemental retirement
account, total retirement savings to date). From the logit
estimates, the predicted probabilities of meeting with a
financial advisor were generated for all respondents. These
predicted probabilities became the features on which
treatment respondents were matched to controls.

Once the common support area was identified from the
estimated probabilities, members of the treatment group
were matched to members of the control group. A number
of matching methods have been used in the literature
(Gibson-Davis and Foster 2006). Given that there is no
consensus on the best matching method, a radius caliper
matching technique which makes use of all members of the
control group within a 0.05 radius of the treatment obser-
vation was used for matching. Afier the matching was
done, t tests were conducted to ascertain if statistically

Footnote 2 continued

nonetheless had the same estimated probability of having met with an
advisor. The final condition that must be met is the stable unit
treatment value assumption (SUTVA). SUTVA requires that the
outcome for any individual depends on her/his participation only and
not on the choice to see or not see an advisor made by any other
individual in our sample. Given that our sample was unlikely to have
more than one individual from the same household, SUTVA was
likely satisfied in the current analyses.

Activities
3. Long-Term Financial
Outcomes

significant differences existed between the treatments and
the controls. All propensity score analyses were conducted
using PSMATCH?2 in Stata 9.0 (Leuven and Sianesi 2003).

Sample

Data for this study were collected in October 2009 through
an online survey of all benefits-eligible employees (faculty,
staff, and administrators) of a large Mountain West uni-
versity. Conducted with the cooperation of the university’s
benefits department and approved by the university’s
institutional review board, the survey had multiple research
objectives of which examining the role of financial advis-
ors in retirement planning was one.

As of September 2009, the university had 15,174 ben-
efits-eligible employees, but only about two-thirds of
employees had university-based email addresses. An email
invitation to participate in the survey was sent to these
10,152 employees, with 405 being returned as undeliver-
able. Hence, a maximum of 9,747 employees had the
opportunity to read the invitation and decide whether or not
to participate. As an incentive to participate, respondents
were able to enter a drawing with five iPod Nanos and
twenty $50 restaurant gift certificates as the prizes.

The publicity efforts and participation incentives resul-
ted in a healthy cooperation rate considering the length of
the questionnaire and the potentially anxiety-provoking
nature of the survey’s topics. Recall that this was a year
after the stock market’s downward plunge in October 2008
and it was a period during which people joked about their
401(k)s having become 201(k)s. By the end of the month
(October 2009), 3,131 people submitted completed ques-
tionnaires, which yielded a cooperation rate of 32.1%.
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Employer-sponsored retirement plans varied among
survey respondents as did supplemental retirement plans.
Most faculty members and administrators are enrolled in a
defined contribution plan where the university contributes
14.2% of the employee’s salary each pay period, but makes
no university contribution toward any supplemental plans.
This is called the “Standard Benefit Plan” by the univer-
sity. Participants have a choice between TIAA-CREF and
Fidelity Investments as their independent retirement
investment providers.

Most staff members are enrolled in a state-run, defined
benefit retirement plan (State Retirement System or
“SRS”). While this plan provides a benefit based on
earnings and years of service, it also contains an additional
small defined contribution portion under which the uni-
versity contributes 1.5% of the individual’s salary to a
separate, self-directed account. The investment options
available to the participant are managed by the State
Retirement System; there is no choice among independent
retirement providers. Also under this retirement plan, there
is no university matching of any supplemental retirement
accounts.

A third plan, Hospital Plan Plus (HPP), covers all
employees of the university’s hospitals and clinics hired
after January 1, 2001 and many of the hospital and clinic
employees hired before that date. HPP is a defined con-
tribution plan based solely on a university contribution of
6% of salary. There is no employee matching in this
defined contribution plan. Beginning approximately a year
before the survey, the university began a matching program
for supplemental retirement accounts for employees in this
third program only.

In terms of the characteristics of the survey respondents,
roughly 60% were faculty and administrators (ie.,
“exempt” employees) and 40% were “non-exempt” staff
(e.g., secretaries, groundskeepers, custodians, nurses).
Sixty-five percent of the respondents were women and the
median respondent age was 44 years. Approximately 72%
of the respondents were enrolled in one of the two defined
contribution retirement plans with the remaining 28%
participating in the SRS defined benefit plan. As a point of
comparison, as of October 2009, 58% of all university
employees were women, the median employee age was
approximately 42, and 66% of all benefits-eligible
employees were enrolled in one of the two defined con-
tribution plans. Thus, the survey respondents generally
reflected the larger population of university benefits-eligi-
ble employees in terms of gender, age, and retirement plan
type.

The primary data source for the current analyses was the
online questionnaire. It contains questions covering retire-
ment-related perceptions, attitudes, knowledge, intentions,
and behavior, plus socio-demographic characteristics. The
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survey included 77 questions, some of which had multiple
parts. The mean time spent completing the survey was
22 min.

Retirement account data for most participants in the
defined contribution plans managed by TIAA-CREF or
Fidelity Investments were linked to the survey respondents
who had either employer sponsored retirement accounts
and/or supplemental retirement accounts with these ven-
dors. Respondents were informed that their survey data
would be linked to information held by the university’s
benefits office. The data linking was conducted by the
university’s benefits office to insure data security, confi-
dentiality, and respondent anonymity. In accord with the
protocol approved by the university’s institutional review
board, all identifying information was removed from the
data file used by the researchers.

For the analyses presented here, there were two samples.
The first sample included those respondents who had no
missing data on any of the dependent or independent
variables (N = 2,191). In moving from the full sample to
the sample with no missing data, respondents were most
commonly lost for one of two reasons: 315 respondents
declined to report the changes they had made in response to
the recession and another 494 respondents declined to
report their retirement savings.? This sample is labeled the
“Retirement Savings Sample.” The second sample is
restricted to those respondents who participate in one of the
two defined contribution plans offered through the uni-
versity and who provided information that allowed for
linkage to administrative retirement records (N = 1,319).
This sample was termed the “administrative records sam-
ple.” In addition, for three of the outcomes that rely on
administrative records, this latter sample was further
restricted to those 835 respondents who had positive
retirement account balances at the end of 2006. This
restriction allowed for the calculation of their annual
account growth rates over time.

Measures

The variables used in this study fell into three general
categories: (1) use of a professional financial advisor, (2)
possible impacts of having worked with an advisor (“out-
come measures”), and (3) factors that could influence the
probability of consulting a financial advisor and/or the
possible impacts of consulting an advisor (“independent
variables”). Measures of some of these variables were
relatively well developed (e.g., retirement confidence),

3 Analyses done with the sample that included the 494 respondents
who did not report their retirement savings generated the same results
as those done with the sample that excluded them. The results for the
former sample are available from the authors upon request.
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while others vary substantially from study to study (e.g.,
use of a professional financial advisor). For the sake of
parsimony, the measures used in the current study are
discussed as part of the descriptive results.

Results
Descriptive Results

According to Grable and Joo’s framework (Grable and Joo
1999; Joo and Grable 2001), help-seeking behavior is
influenced by demographic, socioeconomic, psycho-
graphic, attitudinal, knowledge, and stressor factors. A
correspondingly wide variety of independent variables
were used here, and Table 1 shows the descriptive infor-
mation for these variables for the retirement savings sam-
ple and the administrative samples mentioned above. On
balance, the descriptive information was quite similar
across the two samples.* The modal respondent was
female, married, included a spouse and/or another depen-
dent when planning for retirement, participated in the
university’s standard benefit plan, and owned (or is in the
process of buying) a home. S/he was 43 years old, had
worked at the university for 10 years, had slightly more
than a college education, and lived in a houschold with an
annual income of $90,290. In only about one-third of the
cases did the respondent have a retirement plan from a
previous employer and in only a little more than one-third
of the cases did the respondent have a spouse who had a
retirement plan. Consequently, the majority of respondents
anticipated that their employer-administered retirement
savings plan would be a, if not the, major source of income
during retirement.

Table 1 includes four measures of financial knowledge.
One is self-rated knowledge used in several studies con-
ducted by the National Foundation for Credit Counseling
(NFCC), including its 2009 Financial Literacy Survey. The
exact question is: “On a scale from A to F, what grade
would you give yourself in terms of your knowledge about
personal finance?” The typical respondent rated her/his

*In moving from the retirement savings sample to the more
restrictive administrative records sample, very few of the descriptive
statistics change. Most notably, respondents were slightly less likely
to be female, educational attainment increased by about 0.7 of a year,
and average household income rose to $101,310. Respondents in the
more restrictive sample were moderately more likely to know about
the opportunity to meet with a financial advisor free of charge through
the university and they were slightly more likely to be future oriented
than respondents in the retirement savings sample. They were also
more likely to have a retirement plan from a previous employer and to
have viewed their employer-administered retirement plan to be a
major source of income during retirement. On all other dimensions,
the two samples were virtually identical.

financial knowledge as either very good or excellent. These
results are quite similar to NFCCs most recent survey
(Harris Interactive 2009).

A second question sums the number of different types of
information sources that a person consulted in making
investments and planning for retirement (AARP 2007). A
third question measured whether a respondent knew that
his/her employer offered the opportunity to meet free of
charge with a financial advisor or counselor about their
retirement plans. Respondents were divided into those who
answered correctly that advising sessions were available
and those who either said sessions were not available or did
not know.

A final knowledge measure concerned the fiduciary
duties of some but not all types of financial advisors. Four
types of advisors were named, and respondents were asked
whether each type “pledges to put your financial interests
before his or hers.” Again, respondents were scored as
either answering the question correctly or not. While absent
in previous studies of advisor choice and effective, a
measure of this type of knowledge would seem to be
important in decisions about using advisors, the nature of
interactions with them, and the results of using them.

Several types of financial attitudes are potentially rele-
vant to help-seeking behavior and retirement planning
outcomes. Joo and Grable (2001) demonstrated that risk
tolerance and attitudes toward retirement planning activi-
ties predicted the use of professional financial advice. In
addition to these two variables, a measure of self-efficacy
and perceptions of the future course of the economy were
included. The perceptions held by members of our sample
as reported in Table 1 were similar to those reported in
national surveys. For example, opinions about the ability of
planning to ensure a comfortable retirement and percep-
tions that retirement planning takes too much time and
effort were both similar to those expressed in the 2009
EBRI survey from which these items were adapted
(Employee Benefit Research Institute 2009). Feelings
about the future state of the national economy also matched
well with those in a national study (MetLifc Mature Market
Institute 2009). Respondents in our survey were somewhat
less confident, however, in their ability to select invest-
ments that best fit their retirement needs than were
respondents in a 2007 national poll from which the ques-
tion was taken (AARP 2007). This difference may have
been a function of the fact that this question was asked of
our respondents after the economic downturn in 2009 while
the AARP survey question was asked before the economic
downturn began in late 2007.

Measuring use of professional financial advice was a
complex task. Grable and Joo (1999) conceptualized this as
a two-step decision, one involving whether to seek help at
all and a contingent one to seek advice from a professional
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Table 1 Descriptive statistics for the variables used in the logistic regression

Variable

Definition

Retirement
savings
sample

Administrative

records
sample

(N =12,233) (N=1342)

Socio-demographic and economic characteristics

Gender

Education

Age

Household income

Marital status

Home ownership
Financial knowledge

Advising knowledge

Number of sources

Grade

Fiduciary knowledge

Attitudes and perceptions
Future orientation

Risk

Ability

Economy

Comfort

Prepare

= female, 0 = male
Years of formal schooling
Respondent’s age in years
Annual household income (in $1,000s)
1 = married, 0 = otherwise
1 = owns or is buying a home, 0 = otherwise

To the best of your knowledge, does the university offer you the ability
to talk free of charge to a financial advisor or counselor about your
retirement plans? 1 = yes, 2 = no or don’t know

Number of different types of resources respondent consults for information
regarding investments and retirement planning (range 0-9)

Respondent’s assessment of her/his own knowledge of personal finance,
1 = poor, 5 = excellent

Number of correct answers to questions regarding planner titles (e.g., licensed
or registered investment advisor) and fiduciary responsibility (range 0-4)

1 = would wait to take a $1,100 one year from now, 0 = would rather t
ake $1,000 today

Survey of Consumer Finance 5-point risk tolerance scale, 1 = not willing
to take any financial risks, 4 = take substantial financial risks expecting
to earn substantial returns

Attitudinal 5-point scale. Statement: I feel confident in my ability to select
investments for my retirement plan that are best for my needs
(1 = strongly disagree, 5 = strongly agree)
Attitudinal 5-point scale. Statement: I expect the national economic situation
to be worse a year from now than it is today (1 = strongly disagree,
5 = strongly agree)
Attitudinal 5-point scale. Statement: anyone can have a comfortable retirement
if they just plan and save (1 = strongly disagree, 5 = strongly agree)
Attitudinal 5-point scale. Statement: preparing for retirement takes too much time
and effort (1 = strongly disagree, 5 = strongly agree)

Respondent’s retirement planning context

Years worked
SRS?
HPP?

Expected retirement
years

Others
Other plan
Spouse plan

Employer retirement
major source

Supplemental
retirement major
source

Number of years employed at the university
1 = enrolled in the state defined benefit retirement system, 0 = otherwise
1 = enrolled in the HPP defined contribution retirement system, 0 = otherwise

Gender-specific life expectancy minus expected age of retirement (measured
in years)

1 = planning for a spouse or other dependents, O = planning for self alone
1 = respondent has a retirement plan from a previous employer, 0 = otherwise
1 = spouse has a retirement plan, 0 = otherwise

1 = employer-administered retirement savings play will be a major source
of income during retirement, 0 = otherwise

1 = employer-administered supplemental retirement savings plan will be
a major source of income during retirement, 0 = otherwise

0.63
16.7
43
90.29

0.73

0.82

0.78

2.5

3.5

1.0

043

24

2.2

4.1

231

3.82

10.5
025
0.23

13.1

0.79
0.32
0.37
0.66

0.35

0.58
17.4
4

101.31

0.76

0.86

0.83

2.7

3.6

1.0

0.48

24

22

4.1

2.30

3.82

10.7
0.03
0.18

12.9

0.81
0.37
0.39
0.72

0.37

2 The omitted group in this series of dummy variables is composed of individuals who are enrolled in the university’s standard defined
contribution plan. Individuals can be in the SRS plan and still have TIAA-CREF or Fidelity Investment retirement records if they have a
supplemental retirement account with either organization
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versus non-professional (e.g., friends, co-workers, rela-
tives) source. In practice, most researchers have collapsed
these two steps, as was done here. First, respondents were
asked to select their primary source of “information or
advice about your retirement investments.” From this list, a
professional financial advisor was selected by 25% of
respondents.’ This percentage was second only to the 34%
who selected their spouse or partner as their most fre-
quently consulted source of advice. Then, the 75% of
respondents who indicated someone other than a profes-
sional advisor as their most frequently consulted source of
retirement planning information and advice were asked if
they had ever met with a professional financial advisor.
This added another 36% for a total of 61% who had ever
met with a financial advisor. Then, anyone who had indi-
cated via either question that they had consulted a profes-
sional financial advisor was asked to estimate the last time
s/he had met with the advisor. Only those who had met
with an advisor within the last 2 years were coded as
having used a financial advisor. As seen in Table 2, this
equated to 42% of the retirement savings sample and 48%
of the administrative records sample. This coding decision
was based on the assumption that anyone with an active
relationship with a financial advisor would have worked
with that advisor within the last 2 years.®

Regarding goal-related planning activities, the typical
respondent in both samples had not established long-term
retirement goals nor had s/he estimated her/his retirement
financial needs. These findings corresponded to national
results (Helman et al. 2009). The likelihood that a
respondent had calculated her/his retirement needs
increased modestly moving from the retirement savings
sample to the administrative records sample (i.e., only
those without a defined-benefit plan). The low percentages
are noteworthy considering that the dramatic downturn in

® Of these, 43% indicated that they consulted with a professional
advisor made available through their employer, while 57% consulted
with a professional financial advisor who was not made available by
their employer. Thus, although all benefits-eligible employees may
see a financial advisor free of charge through their employer, many
chose to use the services of an advisor who is not affiliated with their
employer-provided retirement plan.

¢ Regarding the job titles of the professional advisors consulted by
members of the sample, more than 77% were described as “financial
planner or consultant” or “investment advisor.” Other professionals,
such as attorneys, accountants, and bankers, represented less than
10% of those named. This refers to anyone who indicated ever having
met with a financial advisor. In our analyses, the question that asked
about meeting with a financial advisor in the past 2 years was used
rather than the “ever met” question because the question about
meeting with an advisor in the past 2 years is more likely to identify
respondents who had an ongoing relationship with a financial advisor.
Unfortunately, this meant that the analyses could not distinguish
between financial planners, insurance agents, etc., as there was no
follow-up question asking about the occupation of the advisor the
respondent had seen in the past 2 years.

the economy that occurred in 2007-2008 should have
encouraged individuals to take these first, basic retirement
planning steps.

There were nine outcomes that refer to plan imple-
mentation activities that were measured for both samples.
Six of the questions were self-reported behavioral changes
“in response to recent economic events.” The vast majority
of respondents could not offer an estimate of their basic
retirement asset allocation (i.e., stocks vs. bonds vs. cash
vs. other). However, roughly a third of the retirement
savings sample said they were spending more time learning
about financial topics, saving more, and pushed back their
expected retirement age in the aftermath of the economic
downturn. Seventy-three percent reported using a supple-
mental retirement account (SRA).” Moving from the
retirement savings sample to the administrative records
sample, it appears that respondents were more likely to
provide an estimate of their asset allocation but were
otherwise quite similar to the members of the larger
retirement savings sample.

Again, insights about the potential generalizability of
the current survey findings were obtained by assessing how
the responses in Table 2 compare to the responses from
national surveys. Focusing on plan implementation activi-
ties, respondents in the current survey generally mirrored
respondents in national surveys. For example, 33% of
respondents in the survey indicated that they had increased
the amount of money that they are saving regularly. In a
December 2008 Sun Life Financial survey, 35% of the
respondents said they were saving more on a regular basis
(Sun Life Financial 2009). Similarly, 16% of respondents
in the current survey said that they have increased the
amount of money that they owe since the economic
downturn while 14% of the respondents in the EBRI survey
reported that they had done the same (Employee Benefit
Research Institute 2009). Finally, 32% of the respondents
in a 2009 national survey (MetLife Mature Market Institute
2009) reported that they had increased the amount of time
they spent learning about financial topics while in the
current survey the percentage was 30%.

Additional plan implementation information was avail-
able for the members of the administrative records sample.
While retirement account data such as number of portfolio
asset classes or percentage of assets invested internation-
ally were not ideal measures of diversification, they were

7 The large percentage with an SRA was likely a reflection of two
things. First, recall that individuals in the HPP plan have the option of
setting up a 403b plan where the employer will match the employee’s
contributions, which likely increased the employee’s incentive to
establish and contribute to a SRA. Second, employees at this
university may be more financially savvy about retirement matters
than the general public given their relatively higher average
educational attainment and income.
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Table 2 Descriptive statistics for the outcome measures

Variable Unit of measurement Retirement savings  Administrative
sample records sample
(N = 2,233) (N = 1,342)
Advisor last two years 1 = has met with a financial planner  0.42 0.48
within the last two years,
0 = otherwise
Goal-related planning outcomes
Have established long-term goals and working to 1 = strongly disagree 2.6 2.6
fulfill them 2 = somewhat disagree
3 = no opinion
4 = somewhat agree
5 = strongly agree
Ever calculated retirement needs 1 =yes 048 0.53
0=no
Plan implementation outcomes
Could not offer an estimate of asset allocation 1 = yes 0.22 0.16
0=no
Self-reported use of an SRA 1 = have SRA 0.73 0.74
0 = no SRA
Frequency of reviewing retirement account 1 = never or don’t know 2.2 23
statements 2 = sometimes
3 = most of the time
4 = every time I receive them
Increased the amount of money saved regularly 1 = yes, 0.33 0.33
0 = otherwise
Increased the amount of money owed 1 = yes 0.16 0.13
0 = otherwise
Increased the age of expected retirement 1 = yes 0.33 0.32
0 = otherwise
Increased the investment risk involving existing 1 = yes 0.05 0.05
money in retirement account(s) 0 = otherwise
Increased the investment risk involving new 1=yes 0.07 0.07
contributions to retirement account(s) 0 = otherwise
Increased the amount of time spent learning about 1 =yes 0.30 0.30
financial topics 0 = otherwise
Percentage invested internationally in 2009 Percentage na 19
Number of asset classes in 2009 Number na 2.3
Percentage allocation to stocks in 2009 Percentage na 64
Percentage of total holdings in small or mid-cap funds Percentage na 10
in 2009
Percentage in target retirement date funds in 2009 Percentage na 37
Percentage in actively managed funds in 2009 Percentage na 79
Long-term financial outcomes
Self-reported retirement savings $ 200,793 252,100
Retirement confidence (confidence in having enough Scale, 1 = not at all confident, 23 22
money to live comfortably throughout retirement years) 4 = very confident
Emergency fund adequacy 0 = no funds 1.6 1.7

1 = <2 months income
2 = >2 months <1 year’s income
3 = >1 year’s income
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Table 2 continued
Variable Unit of measurement Retirement savings ~ Administrative
sample records sample
(N = 2,233) N = 1,342)
Total DC account values $ na 91,900
Self-reported total supplemental account values $ 98,206 163,408
Annual rate of account growth over past 3 years Proportion na 0.18
including new contributions®
Annual rate of account growth over past 2 years Proportion na 0.13
including new contributions®
Annual rate of account growth over past 1 year Proportion na 0.47

including new contributions®

* Based on the 835 respondents who had positive account balances in 2006

suggestive proxies and had the advantage of containing no
measurement error because the information was taken from
the administrative records provided by TIAA-CREF and
Fidelity Investments. As such, they provided tentative
insights about diversification. Table 2 reveals that as of the
end of the third quarter 2009, the typical respondent had
slightly more than two asset classes (out of a maximum of
four), 19% of the his/her retirement assets were invested in
international stocks, 64% were invested in stocks, 79%
held actively managed funds, 10% were in small or mid-
cap funds, and 37% were in target retirement date funds.

Finally, turning to the long-term financial outcomes,
retirement confidence was gauged using the question asked
annually by the Employer Benefits Retirement Institute
(Helman et al. 2009). The typical respondent in both
samples was somewhat confident that she/he will have
enough money to live comfortably throughout his/her
retirement years. Respondents in the administrative records
sample, on average, had moderately higher levels of self-
reported retirement savings and substantially more sup-
plemental savings than those in the retirement savings
sample. For the 835 respondents who had administrative
records dating back to 2006, the average annual rate of
growth in their account over the past 3 years, including
new contributions, was 18%. When the time horizon was
shortened to the past 2 years, the annual growth including
new contributions was 13 percent but over the past year it
was 47%. While emergency funds are not a form of
retirement saving, the presence of adequate emergency
funds was an indication of careful financial planning. The
typical respondent in both samples reported having a few
months of income in emergency fund accounts.

For long-term financial outcomes, respondents in the
current survey typically reported more retirement savings
than respondents in national surveys conducted in the past
couple of years. In both the 2007 AARP survey and the
2009 EBRI survey, the typical retirement savings for non-

retired individuals were between $25,000 and $50,000
(AARP 2007; Employee Benefit Research Institute 2009)
whereas the mean retirement savings in our sample was
slightly more than $200,000. This difference likely reflects
the relatively generous employer contribution of 14.2%
made to employees in the standard defined contribution
plan. Although our survey respondents had greater retire-
ment savings on average, they reported levels of retirement
confidence similar to respondents in a national survey
conducted around the same time (Helman et al. 2009).
Overall, a few differences existed between our samples and
national samples, but the attitudinal and behavioral data
were similar enough to suggest the results of the multi-
variate analyses that follow are of more general interest.

Multivariate Results

Table 3 contains the parameter estimates of the logistic
regressions that were used to generate the propensity
scores. Note that separate logits had to be estimated for
each sample to insure that the matching was properly
executed. Despite differences in the sample restrictions,
there were a number of parameter estimates that were
remarkably consistent across the equations. Specifically,
the likelihood of having met with a financial advisor within
the past two years was positively related to age, expected
length of retirement, risk tolerance, knowledge of the
university’s advising opportunities, and the respondent’s
self-assessed financial knowledge. In addition, respondents
in the sample who reported their retirement savings were
more likely to have met with an advisor if they were more
highly educated, if they thought that the economy will
worsen in the coming year, if they believed that anyone can
have a comfortable retirement if they plan and save, and if
they consulted numerous financial information sources.
The parameter estimates of these logits were used to
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Table 3 Parameter estimates for the logistic regressions: meeting with a financial advisor within the past 2 years

Variable Retirement savings sample Administrative records sample Administrative records sample
with data from 2006 (N = 835)
Estimated Standard Estimated Standard Estimated Standard
coefficient error coefficient error coefficient error
Constant —6.76%** 0.70 —6.47* 0.92 —6.52* 1.19
Gender 0.17 0.11 0.13 0.15 0.347 0.19
Education 0.05" 0.03 0.04 0.03 0.03 0.04
Age 0.04** 0.01 0.05%* 0.008 0.06* 0.01
Household income 0.0004 0.001 0.0004 0.002 —0.0001 0.002
Marital status 0.02 0.17 —0.16 0.23 -0.14 0.31
Home ownership 0.29" 0.15 0.11 0.21 —0.24 0.35
Future orientation 0.11 0.10 0.09 0.12 0.005 0.16
Years worked 0.004 0.007 —0.002 0.009 0.002 0.01
SRS —-0.21 0.14 —-0.54 0.39 —1.2t 0.63
HPP 0.15 0.13 0.26 0.19 043 0.61
Expected retirement years 0.04%* 0.009 0.05%* 0.01 0.05* 0.15
Risk 0.26%* 0.07 0.22% 0.10 0.32%* 0.13
Ability —0.05 0.05 —-0.09 0.06 —0.21%* 0.08
Economy 0.08%%* 0.04 0.07 0.05 0.03 0.06
Prepare -0.07 0.05 —0.107 0.06 —0.09 0.07
Comfort 0.11%* 0.05 0.117 0.06 0.11 0.07
Advising knowledge 0.71%* 0.13 0.92%* 0.19 0.93** 0.28
Number of sources 0.06** 0.03 0.04 0.03 0.03 0.04
Grade 0.28%* 0.06 0.27%* 0.02 0.33** 0.11
Fiduciary knowledge 0.03 0.04 —0.005 0.05 —0.04 0.07
Others 0.13 0.18 0.18 0.23 0.11 0.31
Other plan 0.11 0.11 0.06 0.14 -0.04 0.17
Spouse plan 0.10 0.12 0.18 0.15 0.12 0.18
Employer retirement major source —0.09 0.05 -0.10 0.14 —0.08 0.20
Supplemental retirement major 0.14 0.10 0.15 0.13 0.17 0.17
source
Pseudo R? 0.13 0.12 0.11
i 373.77%* 215.30%* 124.39**

t p<0.10; * p < 0.05L; ** p < 0.01

generate the propensity scores for individuals in both the
treatment and the control groups.®®

8 As a check of the CIA assumption, we conducted covariate
imbalance testing of the matched means for individuals in treatment
and control groups. These ¢ tests, available from the authors upon
request, revealed that although we have statistically significant
bivariate differences in many of the covariates based on group
membership (i.e., having and not having seen a financial advisor), in
all cases these differences disappeared once the matching was done.
This suggests that the CIA assumption was met in our propensity
score analysis.

9 Alternative specifications of the logit model were estimated that
replaced the income measure with the log of income and the self-
assessed financial knowledge measure with a series of dummy
variables. This alternative specification allowed for nonlinear effects
of income and subjective financial knowledge. There were no
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Table 4 shows the means and associated ¢ tests for the
outcomes variables for the unmatched and matched sam-
ples. Without matching on the probability of having met
with an advisor, statistically significant differences were
observed between those who had met with an advisor and
those who had not with respect to all the goal-related
planning activities, about half of the plan implementation
and activities, and half of the long-term financial outcomes.
Once the probability of meeting with a financial advisor
was held constant, some of these relationships disappeared.
Specifically, there was no statistically significant difference
in self-reported retirement savings, self-reported

Footnote 9 continued
substantive differences in the results when these model modifications
were made. The results are available from the authors upon request.
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Table 4 Unmatched and average treatment effect on the treated (ATT) using radius caliper matching

Varijable Retirement savings sample Administrative records sample
Treatment Control ¢ test Treatment Control ¢ test
Goal-related planning outcomes
Have established long-term goals and working Unmatched 2.76 242 6.89** 284 241 6.90**
to fulfill them ATT 276 2.60 2.66%* 2.82 2.60 3.08%*
Ever calculated retirement needs Unmatched 0.68 0.34 16.97** 0.71 0.37 13.12%*
ATT 0.68 0.52 6.67** 0.71 0.54 5.50%*
Plan implementation outcomes
Could not offer an estimate of asset allocation Unmatched 0.12 0.28 —8.83** (.10 0.22 —5.72%*
ATT 0.13 0.14 —-0.74 0.10 0.11 —0.58
Self-reported use of an SRA Unmatched 0.87 0.63 13.11**  0.85 0.65 8.65%*
ATT 0.87 0.77 5.23%% (.85 0.74 3.86%*
Frequency of reviewing retirement account statements Unmatched 2.34 2.11 5.43** 236 2.18 3.51%*
ATT 2.33 2.40 —1.28 235 242 -1.20
Increased the amount of money saved regularly Unmatched 0.36 0.31 2.60%* 0.37 0.31 2.28*
ATT 0.36 0.31 2.01*  0.36 0.32 1.33
Increased the amount of money owed Unmatched 0.13 0.18 =3.00%* 0.11 0.15 —2.36%*
ATT 0.13 0.13 0.04 0.11 0.12 —0.18
Increased the age of expected retirement Unmatched 0.34 0.31 1.44 0.35 0.29 2.34%*
ATT 0.34 0.31 1.23 035 0.32 1.18
Increased the investment risk involving existing money Unmatched 0.07 0.03 4.12%* 0,07 0.03 2.73%*
in retirement account(s) ATT 0.07 0.04 2.76%*  0.07 0.03 2.49%*
Increased the investment risk involving new contributions Unmatched 0.11 0.04.04 6.07%% 0.11 0.04 4.70%*
to retirement account(s) ATT 0.10 0.05 4.14%*  0.10 0.04 3.96%*
Increased the amount of time spent learning about Unmatched 0.36 0.26 5.36%*% 0.37 0.24 4.96**
financial topics ATT 036 0.27 3.87% 036 0.25 3.61%x
Percentage invested internationally in 2009 Unmatched - - - 19.03 18.94 0.16
ATT - - - 19.10 18.30 1.28
Number of asset classes in 2009 Unmatched - - - 2.40 2.26 3.12%*
ATT - - - 2.40 228 2.37%*
Percentage allocation to stocks in 2009 Unmatched - - - 62.27 65.66 —2.30%*
ATT - - - 62.45 62.23 0.13
Percentage of total holdings in small or mid-cap funds Unmatched - - - 10 11 —-0.73
in 2009 ATT — = - 10 09 0.53
Percentage in target retirement date funds in 2009 Unmatched - - - 31 43 —4.79%*
ATT - - - 31 30 041
Percentage in actively managed funds in 2009 Unmatched - - - 77 80 —1.741
ATT - . = 77 75 1.77*
Long-term financial outcomes
Self-reported retirement savings Unmatched 299,098 127,526  10.85%* 340,228 170,945 7.53%*
ATT 297,696 288,084  0.51 335,117 316,472 0.71
Retirement confidence (confidence in having enough Unmatched 2.90 2.56 9.55%% 294 2.66 6.47%*
money to live comfortably throughout retirement years) ATT 2.90 2.82 2.07%*% 293 2.85 1.59
Emergency fund adequacy Unmatched 1.78 141 9.47%*% 1.86 1.49 7.46%*
ATT 1.78 1.65 277+ 185 1.70 2.68%*
Total DC account values Unmatched - - -
ATT - - -
Self-reported total supplemental account values Unmatched 154,365 55,599 8.73** 229,164 100,932 7.24%*
ATT 153,050 135,983 1.27 225,458 200,007 1.24
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Table 4 continued

Variable Retirement savings sample Administrative records sample
Treatment Control ¢ test Treatment Control ¢ test
Annual rate of account growth over past 3 years® Unmatched - - - 0.17 0.20 -141
ATT - - - 0.17 0.14 0.95
Annual rate of account growth over past 2 years® Unmatched - - - 0.15 0.11 0.80
ATT - - - 0.15 0.06 1.79%
Annual rate of account growth over past 1 year® Unmatched - - - 0.57 0.38 1.02
ATT - - - 0.57 0.30 1.32

¥ p <0.10; * p < 0.05; ** p < 0.01

2 Based on the 835 respondents who had positive account balances in 2006

supplemental account value, the actual percentage of
retirement savings held in stocks, the proportion of retire-
ment savings in target retirement date funds, the frequency
of reviewing retirement account statements, increasing the
amount of money owed, or the respondent’s expected age
of retirement in response to the economic downturn.

Even after controlling for the possible self-selection of
meeting with a financial advisor, a number of statistically
significant relationships remained, however. These rela-
tionships, although typically somewhat attenuated, sug-
gested that meeting with a financial advisor may encourage
individuals to engage in more prudent retirement planning
activities. In the case of goal-related planning activities,
those who had met with a financial advisor in the past 2
years were more likely to have established long-term goals
and to report that they were working to fulfill them. They
were also more likely to report that they had calculated
their financial needs in retirement. In the category of plan
implementation outcomes, those who had met with an
advisor were more likely to have a supplemental savings
account and to have more asset classes across all of their
accounts dedicated to retirement. In terms of responses to
the recent economic recession, they were more likely to
report that they had increased the amount of money they
save regularly, increased the level of risk they take with
both new and existing investment funds, and increased the
time they spend learning about financial topics compared to
otherwise similar survey respondents who had not met with
a financial advisor. Finally, turning to the long-term
financial outcomes, respondents who had met with a
financial advisor reported greater retirement confidence
and significantly higher levels of emergency funds.

Discussion and Conclusions

Our multivariate analyses of factors that relate to the
likelihood of meeting with a financial advisor are generally

@ Springer

consistent with the predictions derived from Grable and
Joo’s model (1999). That is, the decision to seek profes-
sional advice appears to be a function of financial attitudes
and knowledge, and socio-demographic characteristics.
Once we control for the potential endogeneity between
seeking financial advice and retirement planning outcomes,
our research suggests that working with a financial advisor
is related to several important financial planning activities,
including goal setting, calculation of retirement needs,
retirement account diversification, use of supplemental
retirement accounts, accumulation of emergency funds,
positive behavioral responses to the recent economic
recession, and retirement confidence. Use of a financial
advisor is not related, however, to self-reported retirement
savings or short-term growth in retirement account asset
values.

The conclusions drawn from this study should be
viewed in the context of the strengths and limitations of the
empirical analyses. Perhaps the most important contribu-
tion of this study is the allowance that was made for the
endogeneity between seeking professional financial advice
and retirement planning outcomes. A second strength of the
current study is the inclusion of a range of retitement
planning activities and outcomes including goal-related
activities, plan implementation activities, and long-term
financial outcomes. A third strength is the fact that the data
were gathered in the aftermath of a deep recession when
the counsel of a financial advisor might have greater value.
Finally, the use of retirement account data to measure some
outcomes enhances the validity of these measures as they
are not subject to survey recall error.

Generalizations based on the findings of this study must
be made with caution as all survey respondents worked for
the same employer. Comparisons of attitudinal responses in
this survey to the responses given in national surveys when
the same questions were asked suggest that concerns about
generalizability should be modest. Yet, differences in the
socio-demographic  characteristics (e.g., educational
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attainment) and retirement plans (i.e., all employees have
an employer provided retirement plan and many have an
SRA) suggest that one should use caution in extrapolating
from this study. In addition, the survey question used to
identify whether or not a respondent had met with a
financial advisor in the past 2 years did not distinguish
among advisor types. Although other information in the
survey suggests that the vast majority of respondents who
sought professional advice likely met with a professional
financial advisor, it was not possible to distinguish in the
analyses among the many types of advisors (e.g., stock
broker, accountant, financial planner, insurance agent).

In light of the strengths and limitations described above,
what has been learned from this study? The empirical work
reveals that relatively few of the outcome variables that
might have been attributed to working with a financial
advisor turned out to be so in practice. Some outcome
variables were not even related to the use of an advisor in
the unmatched sample. Then other differences that existed
before correcting for self-selection and endogeneity were
screened out in the propensity score analysis. Nevertheless,
some outcome variables made it through the various bar-
riers, and these outcomes could be considered among the
most fundamental in the retirement planning process.

The foundation of the financial planning process,
including retirement planning, is goal setting and the esti-
ration of the amount of money needed to achieve various
goals. The use of a financial advisor is positively related to
these two outcome variables. The use of an advisor is also
related to other actions that are typically regarded as among
the first things a person should do in putting their finances
on firm ground. One of these is establishing an emergency
fund of cash and liquid assets for dealing with unexpected
financial events such as a job loss, an illness, or a major
automobile repair. Indeed, financial commentator Dave
Ramsey calls starting an emergency fund “baby step #1,”
even ahead of paying off debt (Ramsey 2010). Similarly,
opening an SRA is typically considered the single most
savvy action a person can take in terms of retirement
planning given the substantial tax advantages of this type of
account. Working with an advisor appears to increase the
likelihood of taking these two critical steps in this study.

Consulting a financial advisor is related to several other
positive financial outcomes. Advisors appear to promote a
basic form of diversification, namely, allocating retirement
assets to multiple asset classes. Use of an advisor is not
related, though, to more subtle forms of diversification,
such as buying international stocks or small- and mid-cap
stocks. Financial advisors may also help their clients nav-
igate during difficult economic times. In the current study,
people who worked with an advisor were more likely to
report that they had increased their savings in response to
the recession and had stepped up their efforts to learn about

financial topics. Perhaps more important, they also reported
having increased the risk level of the money in their
existing retirement account as well as new contributions to
it. In other words, at a time when many investors were
fleeing equities and other high risk investments, advised
clients were more likely to take advantage of price
reductions in these assets. A final benefit of working with a
financial advisor may be increased retirement confidence.
This relationship held in the retirement savings sample but
not the administrative records sample.

In contrast to the variety of positive financial outcomes
that were related to the use of a financial advisor in the
current study, several notable outcomes were not. People
who consulted a financial advisor reported higher retire-
ment savings in the unmatched comparisons but not after
the controls for self-selection and endogeneity represented
by the matched samples. Also, among people who provided
access to their retirement accounts, there is no difference in
the annual rate of account growth between advised and
non-advised people when looking at one, two, and three
year growth rates. In short, and in line with some previous
reseatch (Gerhardt and Hackethal 2009; Hackethal et al.
2010; Kramer 2009), use of an advisor does not measurably
increase the amount of money that a person accumulates.

Hackethal et al. (2010) concluded that financial advisors
are like babysitters. They provide services to well-to-do
people who might be able to do a better job themselves but
choose to hire help. Like parents who hire babysitters for
their model children, advisors’ clients may mistakenly
attribute improved outcomes to their advisor rather than the
self selection involved in hiring the financial professional.
The results presented here suggest a different analogy.
Financial advisors are like clinical psychologists whose
services are of value per se. They encourage people to
examine their most basic desires and priorities, establish
concrete goals, withstand (and even taken advantage of)
adverse events, and feel confident about their future.
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Abstract

This paper compares the out-of-sample performance of no-load and load mutual funds. Un-
like previous studies, this paper provides a more comprehensive analysis as it uses methodo-
logies to incorporate loads directly into the returns. We find two important results. First, after
adjusting for loads in the returns data, no-load funds are found to perform much better than
load funds, with the differences found to be significant at the 1% level across many different
performance metrics. Second, we find that within load funds themselves there is little signifi-
cant difference in out-of-sample performance between high-load funds and low-load funds
even after adjusting for loads.
© 2002 Elsevier Science B.V. All rights reserved.
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1. Introduction

In spite of empirical evidence that would seem to suggest that no-load mutual
funds outperform or perform at least as well as do load mutual funds, there has
recently been a relative increase in the number of load funds that are available to
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Fig. 1.Percentage of domestic equity funds that are classified as load funds (1992-2001) where a load fund
is defined as a fund that had a deferred or front load.

investors. As shown in Fig. 1, the percentage of domestic equity funds that have a
load (front and/or deferred) has trended upward from its low in 1997. ! This trend
towards more load funds is also supported by other developments in the fund indus-
try. For example, the Boston-based Financial Research Corporation stated that in
1995, 45% of the money flowing into mutual funds was invested into no-load, di-
rectly sold mutual funds. However, by 2000, this number had dropped to 35% and
by 2005 it is predicted to fall to 20%. * Finally, the clearest sign that no-load funds
are declining in their importance appeared in 2000 when the 100% no-load Mutual
Fund Council (NMFC), the major trade group that represented no-load funds,
folded. The NMFC’s decline was largely a result of the declining number of dichard
no-load funds. Indeed, a new organization has splintered off into a separate group
called the Mutual Fund Education Alliance, whose focus is on “investing smartly

! Fig.1 is based on Morningstar’s definition of Domestic Equity funds. The graph plots the percentage
of Domestic Equity funds that are load funds, i.e., funds that had a front and/or deferred load, for each
year starting in 1992 and ending in 2001. The January Morningstar data disks (from 1992-2001) were used
to calculate these percentages. Note that the Domestic Equity is the broadest category as it includes
diversified US equity funds as well as Hybrid and Specialty funds. Also note that before November 1996,
Mommingstar did not separate Foreign Equity funds into their own category and instead simply grouped
them into the Domestic Equity category. Also, before November 1996, Hybrid funds were given their own
category and/or rated differently than other funds.

2 The Wall Street Journal, Scudder considers switch away from no-loads, October 16, 2000, page Cl1.
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and with an eye toward costs” rather than the NMFC’s pledge of investing directly
without sales charges. >

Why is this increase in load funds occurring? Indeed, many fund experts predicted
that with the increase in the popularity of mutual funds exactly the opposite would
have taken place. Investors would realize that they could avoid costly load charges
by buying no-load funds. Moreover, the Internet would provide many cheap sources
of information that would allow investors to monitor funds on their own, without
the help of an advisor or broker.

The answer to this question is not simple as there are many issues affecting the in-
dustry. However, there are some basic explanations that have been discussed in the
press. One of these explanations is that many firms have found it difficult and
costly to sell no-load mutual funds directly to the public as the no-load business
has become extremely competitive with large firms, like Fidelity and Vanguard, hav-
ing economies of scale advantages. Indeed, the process of advertising directly to the
public is very expensive, ranging from $300 to $500 just to lure a new customer to
call. * Another explanation for the trend is that there is some anecdotal evidence that
customers, now more than ever, want the advice and extra services that come with
load funds. Industry experts point out that because the number of funds available
to investors has jumped 10-fold in the last decade, and because there is so much more
information on funds in general, many investors are asking (and hence willing to pay)
for advice and services. * Indeed, Kihn (1996) argues that the majority of mutual fund
investors are more concerned with customer services than with financial performance.

While there may be other explanations for this trend towards more load funds, the
object of this paper is not to examine why this change is occurring but rather to as-
sess the costs for investors buying load funds as compared to no-load funds. In other
words, we ask, what are the costs to investors in terms of fund performance for the
advice that usually comes with buying a load fund?

This question already has received some treatment in the literature. Various pa-
pers by Carlson (1970), Ippolito and Richard (1989), Elton et al. (1993), Grinblatt
and Titman (1994), Droms and Walker (1994), Gruber (1996), and Fortin and Mi-
chelson (1995) have examined the performance of load and no-load funds and, in
general, they find that before the effect of loads is incorporated there is no significant
difference in returns between load and no-load funds. ® However, our paper differs

3 Jaffe, Charles, “Load, No-Load a Dead Issue: Consider Costs”, The Boston Globe, May 24, 2000,
page D4.

4 New York Times, November 5, 2000, page C8.

> Various recent newspaper articles make this point. See for example, “Death of the Fund Salesman
Has Been Greatly Exaggerated”, The New York Times, October 8, 2000, “Investments-No Load? No
Way! Ten years ago, no-load funds were poised to take over the industry. Today, fund companies proudly
add load products”, Financial Planning, May 1, 2000, “Scudder Considers Switch Away From No-
Loads”, The Wall Street Journal, October 16, 2000, and “Load versus No-Load: It’s a question of paying
for advice”, USA Today, September 1, 2000.

® One paper that comes up with a different result is Ippolito and Richard (1989) who suggests that
“Load funds earn rates of returns that plausibly off-set the load charge” (see Ippolito and Richard, 1989,
pp. 14-15).



1248 M.R. Morey | Journal of Banking & Finance 27 (2003) 1245-1271

from these others in that it provides the most comprehensive study of this issue to
date, incorporating many features that the other papers do not utilize, or if they
do, they do not do so in as comprehensive a manner as this paper. Specifically, these
features include:

1. A direct incorporation of loads into the out-of-sample returns. As a result we
are able to examine the load-adjusted performances of load funds and no-
load funds. This approach allows us to compare the two types of funds on a
level playing field. This method differs from all of the previous papers that have
simply examined non-load-adjusted returns and hence could not directly quantify
the difference in realized performance between investors in load and no-load
funds.

2. Mutual fund data generated at the time the funds were actually available to inves-
tors. We then follow the out-of-sample performance of all of these funds. This
methodology allows us to circumvent the well-known survivorship bias problem
that is described by Brown et al. (1992), Elton et al. (1996b) and others. Other
than Ippolito and Richard (1989), Elton et al. (1993) and Gruber (1996) our paper
is the only load/no-load paper of those listed above that does not have a surviv-
orship bias problem.

3. A large sample of funds that allows for a more precise characterization of per-
formance. Indeed, we examine all of the domestic equity funds that were rated
by Morningstar on December 31, 1992. This amounts to 635 funds of which
304 were no-load funds and 331 were load funds. As a result, with the exception
of the sample used by Fortin and Michelson (1995), our sample is more than
twice the size of any sample used in the other studies. Furthermore, while the
Fortin and Michelson sample is larger than ours, it suffers from a severe surviv-
orship bias problem as they sample funds from the January 1994 Morningstar
data disk and simply look backwards to 1976 to examine the returns. Any funds
that dropped out of the sample from 1976 to 1994 were excluded from their
sample.

4. A sample of funds that allows us to examine the load versus no-load performance
of funds across different styles and ages of funds. The only other papers to exam-
ine style effects are within the load and no-load context is (Fortin and Michelson,
1995). To our knowledge, none of the existing papers has examined age effects in
the context of the load/no-load funds.

5. A sample of funds that also allows us to assess whether the size of the load con-
tributes to differences in performance by investors in no-load and load funds. Fur-
thermore, within the load fund group we are able to assess whether performance
varies from low-load and high-load funds. None of the other papers have exam-
ined these types of effects.

6. Four different measures of performance: Mean monthly returns adjusted for the
style of the fund, a Sharpe ratio, a Jensen-type alpha and a 4-index alpha. These
measures are similar to those used by Gruber (1996) and are slightly different than
the two measures (single index and a 3-index model) used in Elton et al. (1993)
and the two measures (the 10-factor portfolios and eight characteristic-based
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portfolios) used in Grinblatt and Titman (1994). The other related papers gener-
ally only use one or two performance measures with usually those being the Jen-
sen’s alpha, Treynor index or mean returns.

7. A data set with out-of-sample returns covering the period of 1993-1997. Al-
though not absolutely current, these data are much closer to the present than
the data used in the other existing studies.

The rest of the paper is organized as follows. Section 2 extensively describes the data
that we use in the paper. Section 3 describes the methodology of the paper, Section 4
presents the results and Section 5 provides the conclusions.

2. Data

To better organize the description of the data, this section is divided into five sub-
sections: Fund selection criteria, the out-of-sample evaluation period, the types of
data used, merger and problem funds, and the load-adjusted returns.

2.1. Fund selection criteria

To select funds we use the January 1993 Morningstar On-Disk. This provides data
for all funds that were available to US investors as of December 31, 1992. Our ratio-
nale in using the 1993 disk rather than a later disk is that it enables us to examine the
out-of-sample performance of a smaller number of funds (635) as opposed to well
over 2000 funds if we were to use the 1996 or 1997 On-Disk/Principia Data Disks.
This lower number of funds is important because the process of tracking each fund’s
out-of-sample returns through all mergers, name changes and liquidations is quite
onerous.

From this disk we then select all open 7 funds with at least three years of return
hlstory that are within each of the following five Morningstar “Investment objec-
tives” (styles): aggressive growth, equity-income, growth, growth and income, and
small company. This produced the sample of 635 funds. Our rationale for selecting
only open funds is that we wanted all the funds selected to be actually available to
investors as of December 31, 1992. We use the three-year history criterion since it
ensures that each fund will contain enough in-sample data to calculate some of
our performance metrics (see Section 3.3 for more on this issue). Finally, the use
of different styles allows us to examine whether or not there is a “style effect” in
the out-of-sample performance. In regards to this style effect, it should also be noted
here that the five styles used in our analysis are assigned by Morningstar, meaning

7 There were 24 funds that meet our other criteria and yet were listed as closed funds in January 1993.
These funds were excluded from the sample.
® That is, the inception dates of the funds must begin before December 31, 1989.
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that the style designations are much more accurate and up-to-date than the style in-
formation provided by the funds themselves. 2 Moreover, these five styles make up
the vast majority of domestic equity funds and the use of these five styles is in the
tradition of Blume (1998).

2.2. The out-of-sample evaluation period

For each of the 635 funds we then examine the out-of-sample performance for five
years, from 1993 to 1997. We use five years since this a common middle-term interval
of time for evaluating performance.

2.3. Types of data used

With this sample of 635 funds we then acquire the following data for each
fund:

1. The in-sample monthly return history from 1990 to 1992. This again is available
from the January 1993 Morningstar disk. These return data account for manage-
ment, administrative, and 12b-1 fees and other expenses automatically taken out
of fund assets, however they do not account for loads. *°

2. The out-of-sample monthly return history from 1993 to 1997. This information is
taken from later Morningstar data disks (quarterly data disks ranging from
1993 to 1998). As with the monthly returns from 1990 to 1992, these returns ac-
count for management, administrative and 12b-1 fees and other costs, but they do
not account for loads.

3. The front-load of the fund as of December 31, 1992. This information is taken from
the January 1993 Morningstar data disk.

4. The deferred load of the fund (as of December 31, 1992) assuming that the fund was
held for a period of five years. This information is taken from the January 1993
Morningstar disk. We only include these deferred loads as we assume that each
fund will be held for this length of time. Any deferred load that is applied to hold-
ing periods less than five years is not considered (we explain these data more in
Section 2.5).

5. The age and style of the fund as of December 31, 1992. This information is taken
from the January 1993 Morningstar disk.

% We also examined if the funds retained their style classifications by Morningstar in the out-of-sample
period. We found that, in our sample, more than 87% of the funds retain their style classification at the end
of the sample period. Hence, according to Morningstar, the vast majority of funds did not change their
style of management. We did, however, conduct an analysis in which we use the styles of the funds at the
end of the out-of-sample period (December 1997). These results were very similar to those using the styles
at the beginning of the out-of-sample period. These results are available in Table 5.

10 See the Morningstar Principia Manual (1998, p. 107). Note also that are a number of papers (e.g.
Detzler, 1999) that have found that fund expenses are negatively related to performance.
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2.4. Problem funds

As described in the previous section, we select funds at the time the funds were
listed by Morningstar. To examine the out-of-sample performance, we then obtain
the out-of-sample monthly returns of these funds. For a majority of the funds, ob-
taining the out-of-sample returns is simply a matter of following the fund’s future
performance. However, because a minority of funds have either gone through a
name change, a merger, a combination of both, or because they have liquidated,
identifying out-of-sample returns for those funds is more complicated. In this sec-
tion, we describe how we handle these problematic funds.

For name changes, we use the Morningstar data ' and The Wall Street Journal to
identify the name changes. We then simply use the renamed fund’s returns as the out-
of-sample returns.

For the merger funds we used the Morningstar data and The Wall Street Journal
to ascertain the month of the fund merger. If these two sources did not provide the
necessary information, we called the individual mutual fund companies. Once the
merger month was identified, we then collected the out-of-sample returns by the fol-
lowing procedure. First, until the fund merged, we simply use the out-of-sample re-
turns of the fund in question. After a fund has merged into its partner fund, we
assume the investor randomly re-invests into one of the other surviving funds
of the same style and the same load preference, i.e., load or no-load. > Hence the
out-of-sample returns from the merger month and onwards are equally weighted
averages of the returns of all the other surviving funds in our sample with the same
style and load preference, with the load and style status determined as of December
31, 1992. For example, the returns from the merger month onward of no-load
growth fund would be the equally weighted average returns of all the other surviving
no-load growth funds. If instead the merger fund was a growth fund with a load, its
returns from the merger month onward would be the equally weighted average re-
turns of the surviving load growth funds.

For the liquidated funds we first identify when the fund was liquidated. Again, this
information was obtained from Morningstar or The Wall Street Journal. As with the
merger funds, from the month of liquidation and onwards, we assume the investor
randomly re-invests into those funds in our sample with the same investment objec-
tive and load preference as the liquidated fund.

! The Morningstar On-Disk and Prinicipia disks (after 1993) both provide a list of funds that have
recently undergone name changes, mergers and liquidiations.

2 we classify any fund that has a front load and/or a deferred load (for the five-year holding period) as
a load fund. Any other fund is classified as a no-load fund.

3 Of course, an alternative approach would be to use the “follow-the-money” approach introduced in
(Elton et al., 1996b), where a merged fund’s returns are spliced to its “merge partner” fund’s returns to
form a complete time series. However, we did not use this method since we require a complete in-sample
time series of returns, i.e., 1990-1992, for the merge partner fund, and in some cases the partner fund did
not exist long enough to obtain such a series.
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It should be noted here that as a robustness check, we calculated our results using
two additional methods for the merger/liquidation funds. First, we assumed that
after a fund merged or liquidated, its returns were a equally weighted average of
the returns of the surviving funds of just the same style. For example, the returns
from the merger month onward of a growth fund would be the equally weighted av-
erage returns of all the other surviving growth funds, regardless of whether they were
load or no-load funds. For the second method, we assumed that once a fund merged
or liquidated, its returns were an equally weighted average of the returns of the sur-
viving funds that were of the same style and possessed a 3-star or better overall Mor-
ningstar rating at the time the fund merged. This rule required that we check the
Morningstar ratings of the surviving funds at the time of the merger. The reason
we incorporated this second additional method was to incorporate a rule that al-
lowed the investor to re-invest their money into a high performing fund of the same
style. This being said, both additional merger/liquidation methods were found to
produce similar results to those presented in the Section 4. Hence, we do not report
these results, however, they are available upon request.

2.5. Returns data and load adjustments

For the out-of-sample returns and the in-sample returns, the data consist of
monthly returns from the Morningstar On-Disk and Prinicipia programs. As stated
earlier, these returns data are adjusted to account for management, administrative,
and 12b-1 fees and other costs automatically taken out of fund assets, however, these
monthly return data do not adjust for sales charges such as front and deferred
loads. * Consequently, if we use the monthly return data for the out-of-sample re-
turns, investor returns on load funds are overstated. The question is, thus, how to
incorporate loads into the monthly return data?

Very little attention in the mutual fund performance literature is given to the treat-
ment of loads in return data. Although some authors (e.g., Elton et al., 1993; Grin-
blatt and Titman, 1994; Gruber, 1996) have presented results separately for load and
no-load funds, all the no-load/load context studies provide no direct adjustment for
loads in their returns data. As a result, previous studies have only been able to hint at
the true difference in returns between load and no-load funds.

Rather than follow previous approaches, we wanted to directly adjust our results
for loads by using load-adjusted returns. To do this we use an approach similar to
that in Rea and Reid (1998). For front loads, we consider an investor who buys and
holds the load shares for our holding period of 60 months (five years). As with
most front loads we assume that the investor buying the fund pays a load in a lump
sum at the time the fund is purchased. To spread the front load across the period
that the shares are held, we use Rea and Reid’s assumption that the investor bor-
rows the amount necessary to pay the load up front and then repays the loan as
an annuity in equal, monthly installments during the holding period. Hence, the

14 Momningstar Principia Manual (1998, p. 107).
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monthly load adjustment reflects the amount that was borrowed and the interest on
the loan.
Mathematically, our front-load adjustment process is the following:

s
A

where 7 is the monthly interest rate (the monthly periodic interest rate of five-year

Treasury yield in January 1993), f the front-load (expressed as a percent), 4 the

number of months the fund is held and /™ the monthly front-load adjustment.
Hence, the front load-adjusted (for front loads) returns are

FLA m
Rit e Rit e f ’

(1)

where R; is the non-load-adjusted monthly return of fund i in month ¢, where ¢ goes
from 1 to 60. RE™ is the monthly front load-adjusted return of fund i in month z.

As an example of the above adjustment, consider a five-year investment in Fidel-
ity’s Magellan fund starting in January 1993. As of January 1993, that fund had a
front-load of 3%, and the five-year Treasury yield was 5.83%, giving a monthly pe-
riodic rate of 0.4853%. 1> Therefore, for the five-year holding (out-of-sample) period,
S = 3%, r =0.004853, and 4 = 60, giving ™ = 0.0577%. We then subtract 0.0577%
from each of the Magellan fund’s 60 monthly returns from 1993 to 1997 to obtain the
front load-adjusted returns.

For the deferred load adjustment, the process is different in a number of ways.
First, we only define a fund has having a deferred load if the fund has “five-year
holding period deferred load” as of December 31, 1992. That is, as of December
31, 1992, the fund must show evidence that even if the investor holds the fund for
a period of five years (1993-1997), a deferred load is still charged. Any deferred load
that is applied to holding periods less than five years is not considered.

Second, we assume in our analysis that the five-year holding period deferred load
that is stated in December 31, 1992 is in fact applied five years later. Any changes in
the deferred loads from December 31, 1992 to December 31, 1997 are not accounted
for. While at first blush this may seem to be problematic, this assumption is consis-
tent with the general industry practice of “locking-in”’ the deferred loads at the time
the fund is purchased. Of course, funds could have changed their deferred loads dur-
ing the out-of-sample period, but we found no evidence of such after calling all of the
existing deferred load funds in our sample. !¢

Third, deferred loads are often calculated differently than front loads. Specifi-
cally, deferred loads are sometimes calculated on the value of the fund at the time

!> These data are from the Federal Reserve Database at WWW.econmagic.com.

16 We called 20 mutual funds (31 deferred load funds minus 11 that had merged or liquidated since
August 2001). All 20 funds reported that they lock in the deferred load structure at the time the fund was
purchased. Moreover, this policy was followed by all 20 funds since December 31, 1992. It should also be
noted here that while all 20 funds followed the lock-in policy on deferred loads, the funds could have
legally not followed this policy. See National Association of Security Dealers (NASD) rule 2830 and the
Investment Company Act of 1940 (Rule 6¢-10) for more information.
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the investor sells rather than the up-front costs. If the investor has invested very suc-
cessfully this can mean that the amount paid for a small deferred load can actually be
greater than that of a large front load. 17 In our paper we assume that all deferred
loads are calculated using the up-front costs because a strong majority of the fund
companies that we called also followed this method. .

Fourth, the last difference between deferred and front loads of course lies in the
fact that the payment of the deferred load does not occur until the end of the holding
period. To convert the deferred load into a monthly payment, the investor is as-
sumed to prepay the deferred load in equal monthly installments. The amount of
the monthly prepayment reflects the deferred load less the interest earned on the pre-

payments.
Thus the equation for the monthly deferred load adjustment is

ande 1 &
gl 7Y

where d is the deferred load (expressed as a percent), d™ the monthly deferred load
(assuming a five year holding period) adjustment.
Hence, the deferred load-adjusted returns are

DLA m
R,'t =Ry—d 3

(2)

where R is the monthly return of fund i in month ¢, RP*4 the monthly deferred load-
adjusted return of fund i in month ¢.

Note finally that if a fund has no deferred load for the five-year holding period and
no front load, then it is considered a no-load fund.

3. Methodology

To measure out-of-sample performance we use four performance metrics: The
mean monthly excess returns, the Sharpe (1966) ratio, a modified version of Jensen’s
(1968) alpha, and a 4-index alpha. For each performance metric we examine both
non-load-adjusted and load-adjusted versions. We now explain, in detail, the four
out-of-sample performance metrics.

3.1. Excess mean monthly returns

The non-load-adjusted excess monthly returns for the ith mutual fund during the
out-of-sample period are signified by R, — R;, where Ry, is the 30-day T-bill rate.

17 We thank an anonymous referee for this point.

1% Nineteen of the twenty funds that we called reported that they charged the deferred load on the up-
front costs. The only fund in our sample that did not use up-front costs was the Quantitative Growth and
Income Fund which charged the deferred load on the ending value. It should be noted that this
information, about how the deferred load is specifically calculated, is not available in the Morningstar
data.
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The non-load-adjusted mean monthly excess return for the ith mutual fund during
the out-of-sample period is R; — R;.

The load-adjusted excess monthly returns for the ith mutual fund during the out-
of-sample period are signified by R* — R;, where RIA = R, — f™ — d™. The load-
adjusted mean monthly excess returns are simply equal to

RIA_R,.
3.2. The Sharpe ratio
The non-load-adjusted Sharpe ratio is

R —R
Sharpe; = > f (3)

where is o; is the standard deviation of R;, — Ry.
The load-adjusted Sharpe ratio for fund i is
RIS R
Sharpe, = ’TAf (3a)

where ¢;* is the standard deviation of RLA — R,
3.3. Modified Jensen and 4-index alphas

For two additional alternative predictors, we use Jensen single-index and 4-index
alphas. The following time-series regression model is used:

K
Ry — Rp = o; + Z Bl + € (4)
=1
where R;, — Ry, is the excess total return (net of the 30-day T-bill return) for fund i in
in-sample month ¢, a; is the alpha for fund i, used as a performance predictor, §,, is
the sensitivity of fund /’s excess return to index k, I, is the return for index k in in-
sample month ¢ and ¢; is the random error for fund i in in-sample month .
For Jensen alphas, K = 1 and I, is the excess total return of the S&P 500 in month
t. For the 4-index alphas, K = 4, I, is the excess total return of the S&P 500 in month
t, I is the excess total return of Lehman Aggregate Bond Index in month ¢, L, is the
difference in return between a small-cap and large-cap stock portfolio based on Pru-
dential Bache indexes in month ¢, and I, is the difference in return between a growth
and value stock portfolio based on Prudential Bache indexes in month ¢. '° We uti-
lize the 4-index model because, as shown in Elton et al. (1996a), this model provides
for better risk adjustment for mutual funds than does the single-index model.
The non-load-adjusted modified Jensen and 4-index alphas are calculated using
a methodology similar to that of Elton et al. (1996a). Specifically, we utilize a time

1 See Elton et al. (1996a) for a detailed description of the Prudential Bache portfolios used in the
4-index model.
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series period of monthly non-load-adjusted returns going back three years from the
selection date and forward to the end of the out-of-sample evaluation period to ob-
tain an estimate of the intercept from either the single-index or 4-index model regres-
sion (Eq. (4)). As mentioned in Section 2, to be included in the sample each fund had
to have three years of in-sample returns.

To obtain the alphas, we add the average monthly residual during the evaluation
period to the intercept. For example, to obtain the modified Jensen alpha, we run the
1-index model on monthly returns starting in January 1990 and ending in December
1997 (8 years) to obtain an estimate of the intercept. We then add the average of the
fund’s residuals during the five years after the selection date (1993-1997) to the esti-
mated intercept to obtain the fund’s modified Jensen alpha.

To obtain alphas for funds that merged or liquidated during the evaluation period,
we proceed as follows. First, we run two regressions: (1) A regression using the fund’s
returns starting in January 1990 and ending in the month prior to the fund’s disap-
pearance and (2) a regression run over the entire sample period (1990-1997) using
the returns of an equally weighted portfolio formed each month from the existing
funds of the same style and load preference. ** We then form a weighted average
of (1) the fund’s estimated intercept plus the fund’s average residual during the time
it survived in the evaluation period and (2) the estimated intercept plus the average
residual during the remaining time in the evaluation period of the equally weighted
portfolio, where the fund’s weight is the fraction of the evaluation period it survived
and the equally weighted portfolio’s weight is the remaining fraction. This provides a
performance measure for an investor who buys a remaining fund in the sample at
random if the original fund merges or liquidates.

For the load-adjusted modified Jensen and 4-index alphas we use the same meth-
odology described above however, we use the excess load-adjusted returns,
RLA — Ry, for the out-of-sample returns. That is, we use the excess non-load-adjusted
returns for the in-sample data (1990-1992) and the excess load-adjusted returns for
the out-of-sample period (1993-1997). Our rationale for not using load-adjusted re-
turns during the in-sample period is that we assume the investor has not yet bought
the fund and hence a load should not be subtracted from the returns. Moreover, the
loads may be quite different during the in-sample period than during the out-of-sam-
ple period and hence it would be difficult to know what load to apply and for how
long to apply it. '

4. Results

The results are organized into six subsections: Summary statistics on the sample;
overall results; style effects; age effects; size of the load effects and size of the load
effects in load funds.

20 Hence for the second regression there are 10 different equally weighted portfolios (five styles and two
load preferences). We use the equally weighted portfolio that matches the style of the merger/liquidated
fund.
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4.1. Summary statistics on the sample

The summary statistics of the sample are presented in Tables 1 and 2. Table 1
shows the number of load and no-load funds, the average front load, the average de-
ferred load, the number of liquidated funds, and the number of merger funds. Table
1 also shows the same information organized across styles and ages of the funds.
Table 2 shows the same information organized across the size of the loads. Again,
the load numbers, styles and ages are all as of December 31, 1992.

The two tables show several interesting findings. First, 97 of the 635 funds in our
sample (about 15%) merged or liquidated during the out-of-sample period, hence
survivorship bias is obviously an important issue to consider in this paper. ?! Second,
the average front load was 5.15% with equity-income funds having the highest aver-
age front load. The highest front load of any fund was 8.5% while the lowest was
1.5% with majority of front-load funds having loads between 4.50% and 6.49%.
Third, there were 31 funds with deferred loads (for the five-year holding period). 22
Interestingly enough, all of these 31 funds had a 1% deferred load given this five-year
holding period and only one of these funds also had a front load. Fourth, there are
many more growth and growth-income funds in the sample than there are aggressive
growth, equity-income and small company funds. Fifth, young funds (funds with
more than three but fewer than five years of return history) make up the smallest
share of the sample. Middle-aged funds (funds with more than five but fewer than
10 years of return history) and seasoned funds (funds with 10 or more years of return
history) together make up about 86% of the sample.

It should also be noted here that of the 304 no-load funds shown in Table 1, ten of
these funds were index funds. This is important to note since the presence of index
funds could affect our final results as they performed quite well over the out-of-
sample period of 1993-1997. In most of the upcoming results, in addition to exam-
ining the full sample of funds, we also examine the results in which we exclude these
10 no-load index funds from the sample. %3

4.2. Overall results

Table 3 shows the overall out-of-sample results for all eight performance metrics.
The results indicate that when using non-load-adjusted returns, there is no significant
difference in average performance between no-load and load funds when using the

%! The timing of the mergers and liquidations was somewhat biased towards the first half of the out-of-
sample period. Indeed, 60 of the merger/liquidations took place before July 1995 (the middle point of the
out-of-sample period) and 37 occurred after this time.

22 58 of the 635 funds had deferred loads but only 31 of the 58 had deferred loads that were still applied
given the five-year holding period.

2 There was also one load fund that was an index fund, however we do not exclude this fund from our
sample as it does not affect the results at all.
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Table 2
Summary statistics organized by the size of the load
Load of the fund No. of No. of funds No. of funds
funds that were that merged

liquidated between
between 1993 and 1997
1993 and 1997

Front-load funds

Funds with front loads from 1.50% to 2.49% 5 0 0

Funds with front loads from 2.50% to 3.49% 15 0 3

Funds with front loads from 3.50% to 4.49% 29 4 4

Funds with front loads from 4.50% to 5.49% 120 4 18

Funds with front loads from 5.50% to 6.49% 99 2 16

Funds with front loads from 6.50% to 7.49% 12 0 2

Funds with front loads from 7.50% to 8.50% 20 0 2

Total front-load funds 300

Deferred-load funds

Funds with deferred loads (assuming the 30 2 7

investor held the fund for five years) of 1%
Total deferred-load funds 30
Funds with front and deferred loads (2.5% 1 0 1

front-load and a 1% deferred load)

Note that a deferred-load fund is a fund that still applied a deferred load after the investor had held the
fund for five years. Also note that the loads are defined as of December 31, 1992.

mean monthly returns and the Sharpe ratio. On the other hand, the results for the
modified Jensen’s alpha and the 4-index alpha indicate that the performance of
no-load funds is significantly kigher than that of load funds even before adjusting
for loads in the returns (although in the case of the 4-index alpha significance is only
at the 10% level). When using load-adjusted returns, all four of the performance met-
rics show significantly higher performance for the no-load funds (at the 1% level).
Hence, these results show that the average performance of load funds is somewhat
similar to that of no-load funds before adjusting for loads, however, after adjusting
for loads, the average performance of load funds is far lower than that of no-load
funds.

Table 3 also shows the average performance metrics when excluding the 10 no-
load index funds. The results of this analysis are very similar to those where the index
funds are included. Indeed, using the non-load-adjusted returns, the results for mean
monthly returns and the Sharpe ratio show no significant difference between the load
and no-load funds. However, the Jensen and 4-index alpha results indicate that the
performance of no-load funds is significantly higher than the load funds. Using the
load-adjusted returns, we again see that the results of all four performance metrics
indicate that the no-load funds perform significantly better than the load funds
at the 1% level of significance.
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4.3. Style effects

Table 4 presents the average performance results organized by style of fund using the
styles as defined at the beginning of the out-of-sample period, December 31, 1992.
There are two basic findings. First, unless you have a large enough sample of funds,
it is difficult to see any strong pattern of significant differences in performance between
no-load and load funds. This is evident in the findings for the aggressive growth and
equity-income funds and to a lesser extent, for small company funds. Indeed for the
aggressive growth and equity-income funds no significant differences are found and
for the small company funds we find that two of the performance metrics (the load-
adjusted Sharpe ratio and load-adjusted Jensen index) show that no-load funds signif-
icantly outperform load funds while one metric (the non-load-adjusted 4-index alpha)
shows the opposite finding. Second, the patterns seen in Table 3 (the overall analysis)
are again evident with respect to the growth and growth-income funds. That is, with
non-load-adjusted returns performance measures we do not generally see much of a
difference in performance between load and no-load funds. However, when using the
load-adjusted returns all four of the performance metrics show that the no-load funds
have significantly higher performance (at the 1% level) than do the load funds.

The bottom of Table 4 also shows the results from excluding the 10 no-load index
funds (seven index funds were growth-income funds and three were small company).
As with overall results in Table 3, the results are very similar to results on the full
sample of funds.

In addition to examining the style effects using the styles as defined on December
31, 1992, we also examined the results using the styles of the funds at the end of the
sample period, December 31, 1997. ** The results of this analysis are presented in
Table 5 and are similar to those presented in Table 4. The only major difference be-
tween Tables 4 and 5 is with the equity-income results. Table 4 shows that the dif-
ference in performance between the equity-income no-load and equity-income load
funds is rarely significant, while Table 5 shows that there are three cases where that
equity-income no-load funds significantly outperform equity-income load funds.

4.4. Age effects

Table 6 examines the effect that the age of the fund has on out-of-sample perfor-
mance. As with the previous tables we examine the full sample of funds and a sample
in which we exclude the no-load index funds. 2° We find two results. First, in general,

24 The only exception is for merger and liquidated funds. For these funds we use the style of the fund
defined during the quarter before they merged or liquidated. Note that none of the merger or liquidated funds
changed their style from the beginning of the sample to the quarter before they merged or liquidated. Also
note that 22 of the surviving funds changed styles outside of the five styles (aggressive growth, equity-income,
growth, growth-income, small company) from the beginning of the sample to the quarter before they merged.
We excluded these funds from the sample used in Table 5. Hence the sample consists of 613 funds.

25 The index funds that were excluded included two young funds, six middle-aged funds and two
seasoned funds.
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we find the same results as those in Table 3. Across different ages of funds, there is
little difference in the performance of load and no-load funds when using non-load-
adjusted performance metrics. Indeed, across the three performance metrics 26 there
are only two cases (Sharpe ratio and Jensen alpha for middle-aged funds) where there
is a significant difference between load and no-load funds when using non-load-
adjusted returns. However, when the load-adjusted performance metrics are used,
we find strong evidence that no-load funds significantly outperform the load funds.

Second, we find that the young funds dominate in terms of performance. In every
single performance metric, whether load adjusted or not, the young funds have the
highest average performance metrics. These results are consistent with others (e.g.
Chevalier and Ellison, 1997) who find that young funds significantly outperform
older funds.

4.5. Size of the load effect

Another issue we investigate is whether the size of the load helps explain the dif-
ference in performance between no-load and load funds. To investigate this issue we
examine differences in average performance between no-load funds and load funds
organized by the size of the load. To do this we classify the load funds into four
groups: deferred load funds (which all have deferred loads of 1%), low front load
funds %’ (funds with front loads of 4% or less), middle front load funds (funds with
front-loads between 4.01% and 5.99%) and high front load funds (funds with front-
loads of 6% or more). 2® These results are presented in Table 7. *°

We find that in most cases (all but two cases) the raw differences indicate that no-
load funds outperform the load funds, however the difference is only significant in
about half the cases. More specifically, the results show that only four of the 12 dif-
ferences between no-load funds and low-load funds (deferred and low-front load
funds) are in fact significant. On the other hand, when examining the difference be-
tween no-load and higher-load funds (middle-front load and high-front load funds),
the results show much stronger evidence that no-load funds significantly outperform
load funds. Indeed, we find that the difference between no-load funds and middle-
load funds and the difference between no-load and high-load funds are significant
across all three performance metrics when using load-adjusted performance. Hence,
although the results show more significant differences between no-load and high-load
funds, the fact that the differences generally indicate that no-load fund perform

26 We did not use mean monthly returns since the use of different styles would yield inconsistent results.

27 Note that the one fund which had both a deferred load and a front-load was classified as a low-front
load fund. ’

28 Note that other breakdowns were used, however in no instance was there a substantial change in the
results.

2 Note that the results reported are those in which we excluded the ten no-load index funds. The results
were very similar when we included the index funds. Also note that we did not use mean monthly returns
since the use of different styles would yield inconsistent results.
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Table 8

Load size and out-of-sample performance: A regression analysis®
Out-of-sample performance metric Yo 71
Non-load adjusted Sharpe ratio 0.2801* 0.0027
Load-adjusted Sharpe ratio 0.2768** —0.0027
Non-load adjusted jensen alpha —0.2428* 0.0041
Load-adjusted jensen alpha —0.2562* —0.0121
Non-load adjusted 4-index alpha —0.0229 —0.0019
Load-adjusted 4-index alpha —0.0356 —0.0176*

Note also that for the one fund that had a deferred and front load we converted the deferred load to a
front load and added this to the existing front load.
** Significant from zero at the 5% level.
** Significant from zero at the 1% level.

2The following are the results of the equation: S; = y, + y, (load); + u;, where S; is the out-of-sample
performance metric value for the period 1993-1997, and load; is the front load of the fund or the deferred
load (for the five year holding period) converted into a front load. Hence load; only measures the front
load. All loads are found from the December 31, 1992 data disk. Note also that only load funds (both
deferred and front-load funds) are examined. Hence, the sample of each regression is 331 funds.

better than load funds indicates that even across the size of the load, no-load funds
generally outperform load funds.

4.6. Size of load effect in load funds

One last issue we examine is whether the size of the load influences the perfor-
mance of load funds. This issue is particularly relevant for the investor who has de-
cided to buy a load fund but is using the size of the load to determine the selection.
To investigate this issue we examined the following equation:

Si =% -+ ylload,- + u; (5)

where S; is the risk-adjusted out-of-sample performance metric value for the period
1993-1997 for the ith fund. load, is the front load of the fund or the deferred load of
the fund (for the five-year holding period) converted into a front load. % In the
regression, only load funds are examined. Hence, the sample size of each regression
was 331 funds (300 front-load funds, 30 deferred load funds, and one fund with a
front and deferred load). ! The results are presented in Table 8.

We find, surprisingly, that there is little evidence of a statistically significant
relationship between the out-of-sample performance metric and the level of the
front-load. Indeed, the y, terms for all the performance metrics except for the load-
adjusted 4-index alpha are all close to zero and clearly not significant. Although

30 1 order to include deferred-load funds into the regression we had to normalize the deferred loads
into front loads. To do this we converted each deferred load (for the five-year holding period) into its
equivalent front load. More specifically, we assumed that instead of pre-paying the deferred load as
indicated in Eq. (2), we assume that the investor borrows the amount necessary. A 1% deferred load was
thus a 0.7427% front load.

31 For the one fund that had a deferred and a front load we combined the front load with the converted
deferred load to get the load for the fund.
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insignificant, the signs on the 7y, coefficients illustrate that when using non-load-
adjusted returns, there is a tendency for higher-load funds to have higher out-
of-sample performance. Conversely, when using load-adjusted returns, the signs are
reversed indicating that the higher the load the lower the out-of-sample performance.

To further illustrate our results we present Table 9 which shows the average per-
formance metrics for deferred-load funds, low-front load funds, middle-front load
funds and high-front load funds. The results here show similar overall findings to
those of Table 8: high-load funds perform slightly better than low-load funds before
adjusting for loads, however, this performance difference reverses itself when loads
are factored into the returns.

The only exception to this conclusion from Table 9 concern the results for the 4-
index alpha which shows that the deferred load funds (hence very low load funds)
actually have higher performance for both the non-load and load-adjusted returns.
Furthermore the results for the load-adjusted 4-index alpha metric also show that
deferred load funds significantly outperform high-load funds and that middle-front
funds load significantly outperform high-load funds.

Nevertheless, the general picture of these results suggest that if an investor wants
to hold a load fund, the size of the load is not a strong sign of future non-load or
load-adjusted performance. Before loads are assessed, high-load funds may perform
just slightly better than low-load funds, yet that difference is not enough to compen-
sate for the higher loads.

5. Conclusions

In light of a recent industry trend towards load funds and away from no-load
funds, this paper has examined and compared the out-of-sample performance of
no-load and load mutual funds. Unlike the previous literature on this topic, this
paper provides a more comprehensive analysis as it uses methodologies to incorpo-
rate loads directly into the returns, utilizes a large sample of funds free of survivor-
ship bias, and evaluates performance across many different performance metrics and
different ages and styles of funds. We find two important results.

1. Before adjusting for loads in the returns, no-load funds perform somewhat better
than load funds although the differences are often not significant. However, after ad-
justing for loads in the return data, no-load funds are found to perform much better
than do load funds, with the differences found to be significant at the 1% level across
many different performance metrics. This difference is also found when funds are di-
saggregated by age, style and to some degree, by size of the load. Since this paper is
first to incorporate loads directly into the performance numbers, it provides the first
quantifiable indication of the difference between investor-realized return performance
of load and no-load funds. Our findings indicate that investors are sacrificing a signif-
icant degree of performance to hold load funds. Indeed, the load adjustment that is
used here is calculated during a time of low interest rates (1993). If in fact interest rates
had been higher at the time the investor bought a load fund, the loss in performance
arising from the load adjustment would have even been more severe.
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2. Although we document a substantial difference in performance between no-load
and load funds, we also find that among load funds there is little significant difference
in out-of-sample performance between high-load funds and low-load funds even after
adjusting for loads. Indeed, high-load funds only perform slightly better than low-
load funds before loads are assessed and only slightly worse after loads are assessed.
Hence, this study documents that for the investor who prefers the services provided by
load funds, the size of the load has little predictive ability in determining future fund
performance. Of course, this paper has also shown that if performance is what inves-
tors are mainly concerned with, they should not consider load funds.
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1. Introduction

A large and still growing body of research demonstrates that individual investors often
make poor financial decisions if left to their own devices. Drawing on evidence from
psychology and behavioral economics, these studies suggest that investor beliefs and
decision processes are prone to biases that often result in financial decisions at odds with
basic portfolio theory. For example, retail investors are overconfident, engage in trend-
chasing, use naive heuristics, and are generally susceptible to a number of different biases.
Benartzi and Thaler (2007) document some of the most common biases.! Using trade data
from retail customers, Barber and Odean (2000) document that excess trading in brokerage
accounts and returns-chasing behavior leads to significantly lower returns compared to a
buy-and-hold strategy. In short, the past decade of research has produced a large body of
evidence suggesting that households may be bad at choosing portfolios on their own.2

Yet households do not make decisions in a vacuum. A variety of forces, from social
interactions with friends and family to advertising and media, can influence their choices.
One particularly important source of inputs comes from financial advisers.3 In a survey of
retail investors, Hung et. al. (2008) found that 73% of all individuals surveyed consult a
financial adviser before purchasing shares or mutual funds. Given this central role of
advisers in the investment process, we ask whether or not the market for financial advice
serves to de-bias individual investors and thus correct potential mistakes they might make
without these inputs.* We define ‘good advice’ as advice that moves the investor toward a low-
cost, diversified, index-fund approach, which many textbook analyses on mutual fund
investments suggest, see for example Carhart (1997). Alternatively, since many (though not
all) advisers are paid with incentives that encourage them to direct money to specific funds
and generate high fees, might advisers exploit these biases of retail investors in order to
further their own interests? Additionally, if investors are unable to make portfolio
decisions that are in line with text book recommendations, they might be equally unable to
differentiate between advisors that are either self-interested or help investors to build a
well diversified, low fee portfolio. In such a world, good advice, i.e. , to hold a well-
diversified portfolio composed of low-fee funds, might not be rewarded sufficiently.> As a

Benartzi and Thaler (2001) for example argue that employees follow a naive diversification strategy of
mechanically spreading their money equally across the funds they are offered (what they call 1/n rule),
generating quite perverse outcomes since the equity mix depends on the investment menu.

2 It is not in the scope of this article to review this body of literature. See Barberis and Thaler (2003) and
Campbell (2006) for additional in depth overviews.

3 Most financial advisers provide personalized advice of what stocks or funds to invest in. The Investment
Advisers Act of 1940 defines (see section 202(11)): “Investment adviser’ means any person who, for
compensation, engages in the business of advising others, either directly or through publications or
writings, as to the value of securities or as to the advisability of investing in, purchasing, or selling
securities, or who, for compensation and as part of a regular business, issues or promulgates analyses or
reports concerning securities; (...}.” Bolton, Freixas, and Shapiro (2007) study competition between banks
and its influence on incentives for truthful information revelation.

* Chen, De, Hu, and Hwang (2011) focus on the impact of peer-based financial advice via social media on
aggregate stock market outcomes.

* Of course, understanding this effect requires a deeper understanding of a different source of cognitive

bias-people’s perceptions of what constitutes good advice and what constitutes independent advice. See

Moore, Cain, Loewenstein and Bazerman (2005) for work on this topic. In this context, it is also an open

question why retail investors are mostly unaware of a conflict of interest between the provider of

information and its recipient. Malmendier and Shanthikumar (2007) show that retail investors are mostly naive

with respect to analysts’ recommendation incentives. In addition, Chater, Inderst, and Huck (2010) document in a



consequence, these advisers might be driven out of the market in equilibrium, since they
cannot attract a sufficient market share to account for their lower-fee structure. The
experience of Vanguard, which offered the first index funds, is a case in point: the firm had
to modify their sole reliance on low-cost index funds since consumers seemed to be
susceptible to high-cost advertising (see Bogle, 2000). Thus, the market for financial advice
may not mitigate behavioral biases and may even exacerbate them. Despite the (growing)
importance of advisers in the investment process, especially due to an increasing number of
defined contribution plans, very little is known about the market for financial advice.t
Campbell (2006) highlights our relative ignorance about this important sector.

Understanding this market is also important from an aggregate level. The market for
financial advice might influence how individual biases translate into aggregate market
outcomes, e.g., capital flows into different investment strategies or even pricing. How well it
de-biases individuals is important for knowing how to model “representative” agents in
macro-consumption models and how to model equity prices and for numerous policy
applications.

In this paper we set up an audit study to test the quality of advice provided to retail
investors in the market. The specific advisers we are looking at in this study are retail
advisers whom the average citizen can access via their bank, independent brokerages, or
investment advisory firms. These advisers are usually paid based on the fees they generate
but not based on the assets under management or the performance of the portfolio. Once
clients have more than US$ 500k in investible capital, they have access to a broader set of
advisers with better compensation structures. We focus on pure investment advisers in
order to focus on a narrow set of measureable outcomes. Therefore, we do not include tax
advisers, advisers who also provide estate planning services, or providers of other wealth
management services,

In particular, we want to understand whether advisers actively de-bias their clients or
instead exaggerate existing biases, especially biases that help the adviser’s own interests by
increasing fees and turnover. For that purpose, auditors were randomly assigned to four
different treatments (portfolios) which represent different investment strategies and
biases. We make sure that the loss to the client from each of the biases is comparable. The
random assignment allows us to test the average response of a typical adviser without any
concern for self-selection of clients to different types of advisers. The auditors tracked the
information requested from them, the advice given, and other features of the interaction.
Our protocol records the advice given via auditor exit surveys, as well as written materials
with portfolio suggestions by the adviser.

The first two portfolios (“bias scenarios”) reflect two of the most commonly described
biases in the literature. In the first scenario (“chasing fund returns”), the auditor holds a
portfolio in which 30% is invested in one sector exchange traded fund that performed well
in the previous year, and he expresses an interest in identifying more industries that had
done well recently. In this case, the incentives of the adviser and of the client are not
aligned: the adviser benefits from the bias of the client since it allows him to churn the
portfolio more often and generate more fees, whereas the client would profit from a better

European Survey with several thousand participants that retail investors ignore advisers’ potential conflict of
interest. Inderst and Ottaviani (2011b) investigate theoretically the determinants of the compensation structure for
brokers. Also see Schneider (2009) about trust and incentives structures.

6 The market for financial advice generates between US$ 20bn and US$ 50bn fees per year depending on the
definition of advice and compensation models for advisers.



diversified portfolio.” In the second scenario (“employer stocks”), an auditor holds 30% of
his portfolio in the company stock of his assigned employer. Thus, incentives of the adviser
and of the client are aligned: it is in the best interest of the adviser to reduce or eliminate
the client’s bias since holding company stock also reduces the adviser’s ability to generate
fees.8 In the third scenario, the auditor holds a diversified, low-fee portfolio consisting of
index funds and bonds--in effect, an efficient US portfolio. We introduce this scenario to test
if advisers are willing to move clients out of this portfolio which would be closest to an
allocation recommended in most finance textbook. Finally we have a control group (“cash
scenario”) in which the advisee simply holds certificates of deposits and does not espouse a
particular view beyond a general willingness to increase risk for higher returns. This
variation in treatment groups will allow us to test how responsive advisers are to the needs
of their prospective clients.

Our audit produces three main sets of findings. First, advisers’ reactions to different
portfolios or investment scenarios varied significantly. Advisers were broadly supportive of
the trend-chasing portfolio but much less supportive of the company stock portfolio. Most
strikingly, they were unsupportive of the (efficient) index portfolio and suggested a change
to actively managed funds. Overall, advisers had a significant bias towards active
management. In nearly 50% of the visits, the adviser encouraged investing in an actively
managed fund; by contrast, in only 7.5% of the advice sessions (21 visits), advisers
encouraged investing in an index fund. When advisers mentioned fees, they did so in a way
that downplayed them without lying. For example, they often used arguments like, “This
fund has 2% fee but that is not much above industry average.” These results suggest that
the market for financial advice does not serve to de-bias clients but in fact exaggerates
biases that are in the adviser’s financial interest while leaning against those that do not
generate fees. In our index fund scenario, the advisers are even advocating a change in
strategy (away from low fee index funds and towards high fee actively managed funds) that
would make the client worse off than the allocation with which he or sh e started off.

Second, consistent with portfolio theory, most advisers did ask clients about their
demographic characteristics, which may have been used to determine risk preferences,
time-horizon and human capital risks, and covariance. Overall, we find that in more than
75% of the visits, advisers asked for this kind of information, specifically income, other
savings (e.g. 401(k) plan) besides what they were investing with the adviser, occupation,
and marital and parental status. The recommended investment in stocks and domestic
assets significantly increased with annual income, a fact that may be explained by an
assumed higher risk or loss tolerance for the well-off. Married clients were told to hold less
in liquid assets. This is consistent with a model of spousal labor supply providing insurance,
reducing the need for liquidity. However, in many cases, the information did not get used in
the way predicted by portfolio theory: the recommended exposure to equities decreased
with the amount invested. Female clients were asked to hold more liquidity, advised to hold
less international exposure, and pushed less frequently to invest in actively managed funds.
At the same time, advisers did not seem to tailor portfolio advice with the age of the client
at hand. We find no significant differences in the mix of stocks and bonds for older clients.
By and large, though, this is the arena where advisers were closest to traditional theory:

7 Inderst and Ottaviani (2009, 2011a) link advisers compensation and their advice quality theoretically
either by focusing on the agency relationship between the selling firm and its employed sales force or by
analyzing competition through commissions and kickbacks paid to advisers by the fund industry.

8 The advice to sell the employer stocks and to invest the money in a diversified portfolio enhances the
client’s portfolio and generates fees for the adviser.



attempting to match portfolios to characteristics. The levels of portfolio advice were also
broadly consistent with portfolio theory, with advisers suggesting a high equity mix
(roughly 2/3) and thereby potentially reducing any bias that may generate an equity
premium. Interestingly, they were also more likely to mention fees spontaneously when the
auditor was older, possibly believing that older auditors would have asked themselves.®
Their responses to the different portfolios reinforce these facts.

Third, we find some suggestive evidence of ‘catering’, i.e. advisers showed support early
on for the client’s existing strategies, most likely to establish credibility and not alienate a
potential client. The “initial reaction” to a client’s strategy varied significantly from the later
recommended course of action. In fact, the initial reaction to index fund investments was
very positive while auditors who went in with company stock or returns-chasing portfolios
faced more ambiguous support. These results highlight that advisers have to be aware of
the fact that they are facing a sales situation and they cannot bluntly criticize what clients
might have done in the past. However, it does not appear that advisers are severely limited
in the investment recommendations they eventually give to their clients, since advisers
have no problem discouraging clients from investing more in their current strategies
(especially if it goes against the adviser's interests). Instead, they suggest investments that
are orthogonal to the client’s current approach.

Overall our findings suggest that the market for advice works very imperfectly. The
advice by and large fails to de-bias clients and if anything may exaggerate existing biases or,
in some cases, even makes the clients worse off, Moreover, individual biases can have first-
order implications for aggregate capital flows and pricing of risk, if there is not enough
informed capital to exploit arbitrage opportunities against capital flows from “biased” retail
investors. It can also shed light on how we model information aggregation in equilibrium if
competitive forces in the market for financial advice do not lead to the provision of the best
possible advice. Competition might be limited by the fact that financial advisers exploit the
biases of naive (or uninformed) retail investors. At the same time, advisers who are
interested in providing better advice might be unable to gain a market share if biased retail
investors are unable to differentiate good from bad advice. While we cannot rule out the
latter force, our evidence suggests that advisers’ self-interest plays an important role in
providing advice that is not in the best interests of their clients.

It is important to note that our research design allows us to look at the quality of
investment advice provided to clients. However, advisers may provide many other benefits
for their clients, for example, by giving them the confidence and information to invest in
risky assets in the first place, by protecting them from losing money in fraudulent funds, or
by reducing transaction costs. These reasons might be as important as the actual content of
the advice. However, even if these additional benefits are very important for retail investors
(perhaps even the primary reason that clients seek advisers), there is no reason why
advisers should not be able to also provide high-quality advice to their customers.

While audit studies have been used to measure discrimination in the labor and housing
markets (Fix and Turner (1998), Altonji and Blank (1999) and Heckman (1998) for
reviews), they have not been used in the financial context, save a few exceptions (see recent
work by Iyer and Schoar, 2009 and 2011). Importantly, the audit study methodology allows
us to measure an adviser’s response when we exogenously vary the types of clients and
biases that the adviser is confronted with. This enables us to control for the selection of

9 Note that “mentioning fees” may include statements like “this is a no-load fund”, i.e. not all relevant fees
are mentioned.



clients to advisers, which is one of the central problems plaguing non-experimental data.
The reason is that non-experimental data (e.g., bank records) usually does not allow us to
differentiate how much of the observed outcomes are driven by the adviser influencing the
clients’ decisions versus different clients selecting to certain types of advisers who will
provide them with the recommendations they want to hear. In addition, the audit
methodology enables us to vary the characteristics of the auditor exogenously either by
selecting certain auditors or by assigning specific characteristics. In addition to
demographic characteristics like age, gender, and number of children, we also varied traits
such as investible wealth and housing status.

Our results are also related to a small but growing literature on financial advisers. One of
the most noted early studies on financial advice is Canner, Mankiw, and Weil (1997), who
examine the generic written advice given by investment advisers based on broad rules of
thumb (see also Bodie and Crane, 1997). More recent work by Bergstresser, Chalmers, and
Tufano (2009) or Del Guericio, Reuter, and Tkac (2011) show the role of incentives and
distribution channels in the provision of financial advice. Bluethgen et. al. (2008), Chalmers
and Reuter (2011), Hackethal et al. (2011, 2012), Kramer (2012), and Bhattarchaya et al.
(2012) use data on portfolio outcomes or trading volume to quantify the benefits of
financial advice. Georgarakos and Inderst (2011) show theoretically and provide some
empirical evidence that trust in professional financial advice has a statistically and
economically significant effect on the stock market participation for households with low
financial capability, ie., most retail investors. Similarly, Inderst, and Ottaviani (2009,
2011a) provide a theoretical framework that links adviser compensation with advice
quality, focusing on the agency relationship between the advisory firm and its sales force
and competition via commissions and kickbacks which are paid to advisers by the fund
industry.

The rest of the paper proceeds as follows: section 2 provides a summary of the study
design and setup of the audit. Section 3 shows the descriptive statistics and confirms the
randomization. We report the main set of results in section 4 and conclude in section 5.

2. Study Design
2.1. Overview of Audit

In order to investigate the quality of financial advice that is commonly given to clients in the
market, we set up an audit study in the greater Boston and Cambridge area. We sent
trained, professional auditors to impersonate regular customers who are seeking advice on
how to invest their retirement savings outside of their 401k plan.l0 Qur auditors were
randomly assigned to four different treatment portfolios that reflect different types of
investment strategies or biases. We will discuss these strategies in more detail below. We
also vary the wealth ranges of the clients, either between US$ 45,000 and US$ 55,000 or
between US$ 95,000 and US$ 105,000. These ranges were picked to mimic the savings for

10 If the shopper was asked for a 401(k) plan investment, the standardized answer was that a 401(k) plan
existed but that she wanted advice on how to invest the extra money. Almost all advisers accepted this
statement even though it might lead to an inferior household portfolio. However, if advisers asked for a
401(k) portfolio, they may have first wanted to enlist the client and would later include the 401(k) plan in
the portfolio optimization. With respect to owning or renting real estate, we told our auditors to always
say that they rented their apartment to avoid situations in which the best advice would be to reduce the
mortgage first.



average US households in different age ranges.!! Our study focuses on retail advisers at the
lower end of the wealth spectrum, e.g,, we do not include private wealth managers or hedge
funds. The modal adviser in our study is working either for a bank, retail investment firm,
or their own independent operation, focusing on the lower end of the retail segment. Most
of them are paid on commission based on the fees and volumes that they generate, and only
a small subset of the advisers are independent and would be paid based on capital under
management. The fraction of this latter type of adviser is very small in our sample since
they usually only deal with wealthier clients.12

2.2. Treatments

This setup allows us to test how advisers react to pre-existing investment strategies or
client biases. For that purpose, we set up four different treatments to differentiate biases
that go against the adviser’s self-interest versus those where the adviser’s and the client’s
interests are aligned. We designed the biases in such a way that the net expected loss to the
investor is similar in magnitude. As discussed in the introduction, if advisers act purely out
of self-interested motives, they should counteract client biases that lead to low-fee income
(e.g., excessive investment in company stock) but reinforce biases that increase the
adviser’s ability to generate fees, such as trend-chasing. However, if advisers are
constrained by having to cater to clients’ pre-existing beliefs, we should expect that
advisers are more restricted in the advice they can give, as in cases, for example, when the
client has strong prior beliefs or is emotionally attached to the current portfolio. In contrast,
an adviser is less restricted when the client has no predetermined opinion, and thus we
should not see a differential response to different types of biases.

To test the importance of these countervailing forces, we selected four different
treatments that are presented to the advisers (and impersonated by our auditors). As our
“bias scenarios,” we selected two of the most common biases documented in the literature:
chasing fund returns and investing in employer stocks. We complemented these with two
“unbiased scenarios” — a diversified low-fee stock/bond portfolio and an all-cash portfolio.

In scenario 1 (“chasing fund returns”) our auditors indicated that they had been trying to
outperform the market by identifying industries that had excess returns in the recent past.
In the advice session, the auditor would present the adviser with a portfolio that is
concentrated in a few industries with high returns in the last year and ask the adviser to
help identify more stocks and industries of this type. Note that de-biasing a client by
diversifying the current portfolio would lead to (one-time) returns for the adviser, but he
could profit even more by catering to the bias and turning over the portfolio at least once a
year. We set up the portfolio such that 30% of the portfolio was invested in one sector
exchange traded fund that had performed well in the previous year (i.e. 2007).13 These
sectors included telecommunication, oil & gas, metals & mining, and US aerospace &
defense. Depending on the age group (about 30 or 45 years old), 20% or 35% was invested
in intermediate US high-credit quality bond funds. The rest of the portfolio (50% or 35%)

11 In addition, these amounts are varied around the average annual household income in the Boston area
(about US$ 75,000).
12 Fjnancial advice by independent advisers, who are compensated by the hour or based on capital under
management, is often not available or it is too expensive at several hundred dollars for a first visit.
We fixed the proportion at 30% for two main reasons. First, we wanted to give the adviser the opportunity
to invest more in this strategy, although this would lead to less diversification. Second, we believe that the
more extreme a portfolio allocation (see also scenario 2 with employer stock), the higher the probability
that an adviser would remember a portfolio s/he saw some days ago from another potential client.
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was invested in a single S&P 500 index fund. We varied the selection of index funds and the
exact amount invested to reduce the probability that an adviser would recognize the
portfolio from a previous visit.14 The average under-performance of the four selected
sectors compared to the S&P 500 over 1.5 years after the end of our audit study has been
about -6.5% p.a., i.e., the 30% investment in this sector resulted in an underperformance
between US$ 1,000 and US$ 2,000 per year depending on the portfolio size. Even though
returns-chasing may be similar to a momentum strategy, we believe that this is not
appropriate in the context of this market since investment horizons of customers are rather
long and the frequency with which people rebalance their portfolios is too low to allow
them effectively to take advantage of momentum strategies.

In scenario 2 (“employer stock”), we assigned the auditor to one of the 50 largest
employers in the Boston area and assigned 30% of the person’s portfolio to company
stock.’> Depending on the age group, 20% or 35% was invested in bonds and the rest in the
S&P 500 (as in scenario 1). In this scenario, it was in the interest of both the financial
adviser and the client to restructure the existing portfolio. The adviser can earn money in
the portfolio rebalancing process, and the client will most likely end up with a better
diversified portfolio. To allocate 30% of the portfolio to one stock increases portfolio risk
even if we ignore human capital risk. Let’s assume a standard deviation in the market of
20% and a risk premium of 6% p.a., whereas the company stock has a 50% standard
deviation, unit beta, and 6% risk premium. Then, a 30% allocation to company stock lowers
the Sharpe ratio from 0.3 to 0.247, translating for a given risk to a return loss of 1.29% or
US$ 1,032 per year for an US$ 80,000 portfolio.16 Appendix A contains examples of scenario
1 and 2 portfolios and additional client background information. Again, we did not want to
assign more than 30% of the portfolio to company stock, since on average people usually do
not hold more than 50% of assets in company stock and so that we avoided raising advisers’
suspicion.

In addition to these two scenarios with inherent biases, auditors were assigned a well
diversified portfolio in scenario 3, consisting of low-fee US index stock funds and bonds,
using the same allocation to bonds depending on the age group, as in all other scenarios.
While the portfolio is the most efficient of all the treatments used in the study, this
treatment does have a (US) home bias, and thus a value-enhancing adjustment to the
portfolio might be to suggest more international diversification.” Moving the low-fee
portfolio to an actively managed portfolio with the same risk/return profile but average
management fees would result in additional costs of about one percentage point per year,
i.e., between US$ 500 and US$ 1,000 in our scenario.

Scenario 4 is our control treatment, since the available money is currently invested in a
short-term certificates of deposit and the auditor does not display any preconceived biases.
In this scenario, only the investment amount and the demographics are varied as before.
The adviser receives no hints how the client would like to invest the money except that the
client would like help with a better investment strategy.

* Even though we used only ETFs or low-cost index funds both for the diversified part of the portfolio
(treatments 1-3)) and for the sectors in treatment 1, only one adviser mentioned this fact.

Auditors were assigned to one of these employers in all treatments but had employer stock in their portfolios only
in treatment 2. We provided them with some background information about their employer, including travel
times to various points in Boston and Cambridge, such that auditors could answer basic questions about their
working life.

We thank John Campbell for this example.

Given the high volatility of currency exchange rates over the last ten years, it is not obvious whether international
diversification helps to improve the portfolio characteristics.



Auditors were randomly assigned to one of the four scenarios. They had to be college-
educated and had to match our gender and age requirements. One group was in their early 30s,
and we assigned them a financial wealth of about US$ 50,000. The other group is in their
mid- to late 40s and had a financial wealth of about US$ 100,000. All auditors were assigned
to one of the 50 largest employers in the Boston area. In scenario 2 (employer stocks), the
employer had to be listed on an exchange. All other characteristics (like marital status,
children, etc.) that auditors may have talked about with their advisers were their own
characteristics, such that they could talk naturally about them. The investment horizon of
all auditors was retirement age, i.e., about 30 years for the first group and about 15 years
for the second group.

2.3. Logistics of Audit

To implement the actual logistics of the visits, we hired a financial audit firm that
specializes in identifying and training auditors. We worked very closely with the firm to
select suitable people as auditors for the study, and we were also intimately involved in
training the auditors. We designed all the training scripts and set up the schedule of visits
with predefined advisers to which auditors were randomized. To ensure that auditors were
able to understand the advice that was given to them, they had to know at least some basics
of financial products and received some guidelines on how to ask for specific advice.
Auditors were trained first about basic financial literacy through our online manuscript.
Then, they participated in a training session via video conference with the supervisors and
our staff. Finally, audit candidates had to take a short online test to qualify for the study
(about 10% of the pre-selected auditors failed and were excluded from this study. See
Appendix B). Even after training, it is still possible that auditors do not retain all the
information that advisers provide in the meeting. However, such behavior should just lead
to more noise overall and not bias our results. Auditors were assigned only to one
treatment at a time to avoid confusion and retraining. After the first set of audits was
finished, we reassigned auditors to a second treatment to control for auditor fixed effects.

The audit firm provided the logistics of monitoring and implementing the scheduling of
visits, setting up online survey forms, and finding and compensating auditors. Auditors
were paid on a per visit basis and were told that they would not be invited for a repeat
assignment if we heard any complaints about their behavior. We also sent our research
associate to do random spot checks in order to observe whether the client was meeting
with the adviser. To minimize any demand effects, we made sure that the study was triple
blind: the financial advisers, the financial audit firm, and the auditors did not know why and
how we chose specific parameters. The company and the auditors were told that the aim of
our study was to conduct an assessment of the quality of the market for financial advice and
that any variation in the treatment arms was instituted to create variation in order to
minimize detection and suspicion.!8

Logistics of the Meeting: To set up the in-person meeting, auditors called their assigned
financial adviser and agreed on a time convenient for both.1? As a reason for the visit, the
auditors stated that they were seeking advice on how to invest privately held retirement
savings they had outside of employer-provided vehicles (401(k) and defined benefit plans).

18 Note that we never mentioned different treatments, neither in our conversations with the audit firm nor with the
auditors.

19 A new adviser was only assigned after the previous visit had been completed. Advisers were at most
visited once a week by different auditors.



At the agreed-upon time, the auditors would meet with the advisers for a consultation of
about one hour, usually in the adviser’s office. During the meeting, the auditor would follow
the general script provided by us. Depending on their treatment assignment, they would
explain their existing investment strategy and ask for advice with their portfolios and
investment strategies as described above. The auditors were asked to write down their
assigned portfolio on a piece of paper or print them out so that they could show the status
quo to the adviser. There was enough variation in the way the information was presented
that advisers would not be suspicious of any potential repetitions. Aside from the actual
treatment assignment, auditors were told to answer truthfully any information concerning
their name, social security number, or any other demographic information, such as number
of children or marital status.

Tracking Advice: We encouraged auditors to write down information that the adviser
provided in the course of the meeting to increase accuracy. Taking notes is natural in an
advice situation and thus does not create any suspicion. Again, we made sure that the
auditors had enough variation in how they would put down the notes to avoid any
potentially suspicious repetitions. One caveat about the scope of advice is that many
advisers are unwilling to provide detailed, personalized advice (e.g., advice on the allocation
of assets to specific funds) unless the client has moved his or her funds to the adviser’s
firm.20 Since our auditors were not able to provide the adviser with those funds, some
advisers were reluctant to provide very specific advice and rather commented in general
terms about the quality of the clients’ existing portfolios and the recommended allocation
going forward. Therefore, in most of the study we will focus on the type of advice given and
the associated reasoning.

After the visit, auditors were asked to fill out an online exit survey that had multiple
choice questions with free-text fields. They had 24 hours to fill out this information after the
conclusion of the visit to make sure that they had not forgotten the information they
obtained. In addition, each auditor had to send in the adviser’s business card such that the
audit company could make random calls to verify that the auditor actually had shown up to
the visit.2! If the questionnaire was not available within 24 hours, the auditor was contacted
by a supervisor and reminded to provide the information. This procedure helped extract
high-quality and complete information after the visit. Moreover, auditors were only paid
after filling in the form. For most questions, a “Don’t know/Don’t remember” option existed
to avoid random answers. If auditors had received additional written information at or after
the meeting with their adviser, they forwarded these materials to us and we coded the
written recommendations if any were made. There was only one auditor who did not fill out
his surveys in the necessary time and was subsequently dropped from the study. We also
conducted an exit interview with each auditor after their first visit to verify that auditors
were comfortable with the setup.

3. Summary Statistics and Randomization

The audit data of 284 client visits was collected between April and August 2008, i.e. after
the problems of Bear Stearns surfaced but before the bankruptcy of Lehman Brothers in
mid-September. We had initially planned for an audit of 480 observations but unfortunately
had to stop our audit study prematurely, since in the ensuing financial contraction the

20 This behavior is to some extent comparable to a car dealer who asks first for a down payment before
agreeing to a test drive of a car.
21 Information on the adviser’s identity was not passed on to us.



market for financial advice in the Boston area was significantly restructured.2?2 Moreover,
the changing economic conditions were especially important for the chasing returns
treatment since the outperforming industries of the previous year had changed.

As a result, our four scenarios are not evenly covered. Table 1 shows the distribution of
visits across the four different scenarios: there are 103 visits in scenario 1, 62 visits in
scenario 2, 49 visits in scenario 3, and 70 visits in the last scenario. However, Table 1
confirms that, despite the reduced sample size, the randomization of visits to advisers still
seems to be intact. The average age of auditors does not vary across the treatment groups
and is centered around 39-40 years. The average assigned annual income is US$ 80,000 and
again there is no significant difference between the four cells. The same is true for the
investment amounts; the average investment is between US$ 77,000 and US$ 80,000.
Finally, on average, the fraction of female auditors is about 77% and there are no significant
differences between the different treatment groups.

While the power of the tests is lowered, due to the smaller sample size, it is reassuring
that the randomization largely holds despite the smaller sample.

4. Results

4.1. Descriptive Statistics of a Typical Audit

Table 2 provides an overview over the information the adviser collected and her
recommendation during the auditor’s visit. It is a prerequisite to understand the client’s
financial situation, their ability to handle portfolio risk, and their current exposure to
market risk through their other investments. Some of the basic information that an adviser
should ask about are the income level of the client, whether they have savings in a 401(k)
plan apart from the money they want to invest with the adviser, their occupation, and
whether they have children. We form indicator variables equal to one if the adviser asked
for the specific information at some point in the consultation and zero otherwise. The
results in the first five rows of Table 2 show that in the vast majority of cases advisers start
off by asking the auditor for basic personal characteristics such as age, income, whether
they have children, and whether they have a 401(k) plan.2? On average these questions are
asked in more than 70% of the visits.2*

In Table 3, we regress a dummy indicating whether the adviser asked about the client’s
age on the gender and log age of the client. We focus on these two characteristics since they
are most easily observable from the outset of the visit. We find that women were asked for
their age less often while the coefficient on log age is not significant but positive. Similarly,
in columns (2) through (4), we see that women auditors were asked about their personal
and financial situation less often than men. Columns (3) and (4) of Table 3 show that older
people were asked about their financial situation concerning income and whether they have
a 401(k) plan more often than younger people. These results could indicate that advisers
adjust their approach towards a potential client to reflect their expectation about the future
return from this client including the probability of recruiting her: older auditors have higher
investment funds, and men are usually viewed as being more willing to move their account to

22 Financial advice firms started to consolidate their advisory business by reducing the number of advisers.
Thus, arranging visits within our design, given the previous visits, became almost impossible.

23 As mentioned above, auditors said that they are investing in a 401(k) plan but do not want to discuss the
details of these investments.

24 Advisers ask for this crucial information even though it is not a legal requirement as in other countries.
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another adviser. In both cases, the expected return for the adviser is higher than with younger or
female clients. As a consequence, advisers are less likely to ask younger or female auditors
some basic question about their financial situation, and it also leads to worse advice since
the adviser does not have full information.

When we look at the advisers’ recommendations in the same table, we see that advisers
had a much higher propensity to suggest actively managed mutual funds than index funds.
The advisers encouraged the client to invest in index funds in only 7.5% of the advice
sessions (21 visits). In contrast, in 50% (or 142) of the visits, the adviser suggested
investing in actively managed funds. This stark discrepancy is a first indication that
advisers might be trying to guide clients to high-fee investments.25 In that context, it is
interesting to see that a majority of advisers mention (some) fees of the recommended
funds spontaneously, without the client having to ask for it. But in many cases, the fee
discussion is used to downplay the impact of fees. Given that clients usually come to
advisers to receive help with their investments, it might not be too surprising that on
average advisers try to change the clients’ fund allocation. What is interesting, however, is
that they tended to move shoppers away from the existing strategy regardless of the initial
portfolio, i.e., even when they looked at a low-fee diversified portfolio. So they were willing
to make the client effectively worse off.

Another interesting finding, inferred from clients’ free-form answers, is that some
advisers (84 visits, or roughly 30%) refused to offer any specific advice until the auditor
transferred resources to the ad<ns1:XMLFault xmlns:ns1="http://cxf.apache.org/bindings/xformat"><ns1:faultstring xmlns:ns1="http://cxf.apache.org/bindings/xformat">java.lang.OutOfMemoryError: Java heap space</ns1:faultstring></ns1:XMLFault>